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 

Abstract— High voltage circuit breakers (HVCBs) play a 

critical role on providing the desired reliability, and resiliency in 

power systems. In order to extend their lifetime and predict the 

failures, various maintenance policies could be applied on these 

critical components. Amongst these strategies, condition-based 

maintenance (CBM) provides a satisfactory agreement with 

future smart environment. This paper aims to provide an insight 

into the relevant developments in this subject and to explore the 

viable visions compatible with future research stream. 

Accordingly, three directions, i.e. diagnostic signals, intelligent 

modelling and using monitoring data in asset management have 

been addressed in this paper. It presents challenges dealing with 

real-time assessment of the diagnostic signals relating to 

measurements, and analyses. Subsequently, the issues associated 

with using artificial intelligent (AI) and Machine learning for 

providing intelligent algorithms have been discussed. Finally, the 

connection between the monitoring data and the asset 

management approach is investigated. The latter is looking for 

the subjects including remaining lifetime estimation, 

prioritization, and health index definitions. This paper has 

attempted to make a bridge from past to future research trends in 

the failure diagnosis of HVCBs. 
 

Index Terms—Circuit breaker (CB), condition monitoring, 

fault diagnosis, maintenance, future trend, visionary paper. 

I. INTRODUCTION 

IGH voltage circuit breakers (HVCBs) have been 

recognized as the critical components owing to their role 

in protection and switching. Therefore, any failure in these 

components could highly influence the reliability and 

resiliency of power systems. Many failures, even explosion, 

have been reported dealing with the non-perfect operation of 

the CBs [1], and [2]. As the CBs are comprised of various 

mechanical and electrical components such as damper, latch, 

spring and coils, the failures could be of different origins [3]. 

In addition, various maintenance policies could be applied to 

avoid the failures and extend the lifetime of these assets.  

CBs consist of three main sections, i.e. control section, 

operating mechanism, and the interruption chamber [3]. In 

addition, they are conventionally categorized based on the arc 

quenching medium into the air, minimum oil, SF6 and vacuum 

CBs. While SF6 CBs are widely used in high voltage level, 
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vacuum CBs are employed in LV and MV power networks due 

to some restrictions. Some researchers have recently focused 

on SF6 alternatives giving rise to global environmental effects 

[4], [5]. Furthermore, regarding the fast growing renewable 

energy sources, and employing high voltage DC networks 

(HVDCs) for transmission, some efforts are devoted to 

develop the hybrid DC CBs to provide a forced current zero 

crossing for mechanical CB using power electronic layout 

within acceptable operation time [6], [7].  

Inspection and maintenance have been practically 

preformed through various policies to extend the lifetime of 

the CBs and avoid the failures. The main maintenance 

strategies are time-based maintenance (TbM), condition-based 

maintenance (CBM) and reliability centered maintenance 

(RCM). TbM or preventive maintenance refers to preforming 

some activities within a predefined time-interval to prevent the 

component failures. As the inspection interval is determined 

irrespective to the condition of the components, it is possible 

that a part experiences a serious problem prior to the next 

inspection. Therefore, this policy might result in the cost 

increase without any reliability improvement in some cases. 

The next inspection time, and the required activities could be 

determined based on the condition of the CBs through 

recording some signals such as the number of operations, coil 

current (CC), timing test and other diagnostic parameters in 

CBM, also called predictive maintenance. RCM stands for the 

implementation of the CBM regarding the importance of the 

CBs in the power systems and allocating the budget on critical 

part of the network [8]–[11].     

Amongst different maintenance strategies, CBM could be 

more compatible with future smart environment due to the use 

of diagnostic signatures. This paper aims to expose the 

challenges of the CBM, the developed solutions, relevant 

researches as well as the future achievable visions. The main 

step toward implementation maintenance strategies for HVCBs 

is to understand failure modes, the origin of the failures, and 

using suitable diagnostic signals. Accordingly, Section II has 

been devoted to provide an insight into the failure statistics 

dealing with main components of the CBs. Having identified 

the trend of origin of the failures, the rest of the paper is 

organized to precisely scrutinize the challenges and visions 

through three directions  
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Figure 1. Percentage of failures related to the subassembly and component responsible [12]. 

 

including diagnostic signals, intelligent modelling and using 

monitoring data in asset management. In the first direction, 

diagnostic signals and the relevant efforts have been discussed 

to point out the challenges and new visions. Section III 

addresses data gathering and intelligent modelling to evaluate 

the applicability of the recent and emerging concepts such as 

artificial intelligent (AI) and machine learning in the context of 

CBM. The last direction explained in IV presents some 

challenges and viable visions from power systems point of 

view such as using monitoring data for lifetime estimation, 

failure rate reduction, budget management of online 

monitoring (OLM) systems, and aging tracking algorithms.   

II.  TREND OF ORIGINS OF FAILURES IN HVCBS  

An imperative step toward the implementation of an 

effective condition assessment approach is to identify the 

failure modes and the origin of the failures over time. It 

provides a great insight into the main concerns for more 

attention, and further research to realize the effective 

diagnostic signals. Failure statistics have been published in 

literature based on various viewpoints and historical data [11]-

[17]. Reference [13] presents an extensive study of SF6 and 

minimum-oil CB failures in Swedish and Finnish transmission 

systems including 1546 breakers with a total operating history 

of 16384 years. It has been indicated that the CBs with higher 

operating frequency (more than 50 operations per year) have 

been more vulnerable to failures. In [14], the failures of 8600 

HVCBs (with rated voltages higher than 100 kV) including 

minimum oil, air blast and SF6 with about 6800 failures have 

been investigated to identify the failure rate trend and optimum 

time of maintenance. It has been reported that 40%, 30% and 

24% of the origin of failures are dealt with the operating 

mechanism, high voltage and secondary and auxiliary circuits 

of SF6 CBs, respectively. In addition, it has been deduced that 

the aging problem could not be detectable up to 15 yrs.  

In addition to these surveys, three reliable worldwide 

comprehensive surveys have been conducted by CIGRE since 

1970 to scrutinize the failure origins. The first survey is 

comprised of 77892 CB-years from 102 utilities of 22 

countries [15]. The second survey has been limited to the 

single-pressure SF6 CBs with various operating drive 

mechanism including 70708 CB-years from 132 utilities of 22 

countries [16]. The last survey has been conducted in the years 

2004-2007 including 281090 CB-years from 83 utilities from 

26 countries [12]. It is indicated that about 60%, 6% and 36% 

of maintenance philosophies are dealt with TbM, CBM and 

combination of those, respectively. CBs are generally divided 

into three main parts, i.e. operating mechanism, high voltage 

parts as well as control and auxiliary. Figure 1 presents the 

influence of these main parts and their sub-sections on the 

major and minor failures (MF, mF) [12],[17]. The origin of 

about 50% of failures is the operating mechanism, then control 

and auxiliary circuit (about 25%) and high voltage part (about 

25%). As shown in Figure 1, the main parts include sub-

sections with different portions of the total failures. While, it is 

indicated that the trip/close circuits and auxiliary switch are 

the origins of more than 6% of MF in the control and auxiliary 

part, about 50% of MF in the high-voltage part has been 

reported from the interruption chamber due to the erosion in 

the contacts, and misalignment of contacts. Furthermore, 

malfunction in damper, energy storage and mechanical 

transmission system are the most origins of the MF failures in 

the operating mechanism [12].  

In addition, it is revealed that the technology of the 

operating mechanism is changing toward the spring drive 

mechanism: from a portion of 40% in the early days to 60% 

these days owing to the lower failure rate in comparison with 

the other mechanisms. While aging, erosion, and deterioration 

have been reported as the most important reasons of MF 

(about 50%), design faults, manufacturing faults, and incorrect 

maintenance together are reported as the causes of 15% MF. 

The comparison amongst results of three worldwide surveys 

indicates an improvement of the reliability of CBs from 1.58 to 

0.30 MF per 100 CB-year [12].  

The surveys reemphasize that the operating drive 

mechanism, the high voltage part and finally the control 

section are the most origins of the MF in CBs, respectively.  
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(a): a control section and drive mechanism 

 

(b): a recorded trip coil current 

Figure 2.Trip/close coil and related current and diagnostic features [18] 

 

Therefore, the effective diagnostic signals are those that can 

reflect the condition of the mentioned failure origins. More 

information about the failure modes and the origins are 

available in [17]. 

III. MONITORING PARAMETERS, AND CHALLENGES  

Various diagnostic signals could be employed to assess the 

condition of the CBs under offline / online conditions. In this 

direction, the most important diagnostic signals have been 

presented to point out the research stream, the challenges and 

the required conceivable future-researches.  

A. Coil current   

Figure 2 (a) illustrates the main components such as close 

coil, trip coil, latch, armature and spring drive mechanism for a 

72.5 kV, SF6 CB. The measured trip coil current and its 

diagnostic features are shown in Figure 2 (b). The current 

profile is characterized through some time- and current-based 

features. Once a CB receives the trip/close command, the 

trip/close coil is energized. Once the coil current reaches the 

pre-designed value (IP1 at TP1), the armature inside of the coil 

moves up to hit the latch (at TV). Subsequently, the energy 

stored in the operating mechanism (usually the charged 

spring(s)) is released to start the motion of contacts through 

the mechanical transmission linkage (TP2, IP2).  

 
Figure 3.The impact of coil supply voltage failure on CC  [19] 

 

Numerous efforts have addressed this signal to realize 

proper diagnostic features, provide a link between failures and 

the features, and to use this signal in the fault detection 

algorithms. In [19] and [20], the interaction between various 

failures resulting from malfunction in latch, control voltage 

and coil have been investigated. In [21] and [22], the 

appropriate diagnostic features of the coil current have been 

identified to apply for fault prediction. In [18], this signal 

along with the travel curve (TC) have been employed for fault 

detection in HVCBs. The problems in battery, degraded 

contacts and coil, and friction have been diagnosed using CC 

in [22], and [23]. Reference [25] employs CC signal for 

detection of the coil aging, core jamming and lack of core 

travel space. Timing features of CC signal have been utilized 

in [26] to improve the fault detection based on the vibration 

signals. One of the important challenges in diagnosis is 

identification of the threshold level of features from the normal 

(healthy) state to the faulty state, which has been addressed in 

[21] and [27] applying data mining and taking an probabilistic 

approach.  

More precisely, the CC could track the failures in following 

sections: trip/close coil supply voltage, continuity of the coil, 

latch, and auxiliary switches. Once the station battery or any 

other source is not in good condition, the voltage applied on 

the control unit of CB can be lower or higher than the set 

value. This abnormality leads to shift up and left as well as 

shift down and right of CC signal for the cases of the higher 

and lower than normal supply voltage, respectively (See 

Figure 3). The continuity of the coil changes the resistance of 

the coil resulting from the aging process or malfunctions. This 

failure could have an influence on the CC profile. 

Furthermore, the latch operation can be imperfect due to the 

lack of lubrication or in case of a mechanical deterioration. 

The latch sluggishness is identifiable through its impacts on 

the CB operation time as well as on the CC waveform [19]. 

The advantages using this signal are the provision of 

valuable real-time information from the control section and, to 

some extent, from the operating mechanism. In addition, it 

could be employed for the timing test along with TC as 

explained later. Furthermore, the required measurement sensor 

(a simple current sensor or shunt resistor) is easy to implement 

and inexpensive. In addition, the complex post  
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Figure 4. The travel curve profile and the required transducer [28] 

 

processing techniques are not required owing to simple CC 

profile as shown in Figure 2 (b). The CC covers only the 

failure modes happening in the control and auxiliary circuit. 

Consequently, it is not solely enough for a comprehensive 

condition assessment. In fact, it could reflect about 25% of 

MF.      

B. Travel curve 

TC refers to the motion of the contacts against time. It is 

captured via the transducer as shown in Figure 4. It indicates a 

close-open stroke-time characteristic. The operation speed is 

calculated based on two predefined points on the curve. In 

addition, some timing characteristics such as closing/opening 

reaction time (Tr) and mechanism time (To) could be obtained 

based on this curve. Accordingly, TC is applied for evaluation 

of the operation time of the CBs (called timing test) as well as 

malfunctions in the operating mechanism [20] and [28]. 

Realizing the correlation between the failures and the 

diagnostic features defined on TC is a prominent step toward 

proposing an intelligent fault detection algorithm. In this 

regard, comprehensive investigations have been performed in 

[20] and [29] to scrutinize the relationship between the failures 

in on/off switch, damper and trip/close coil on TC profile. In 

addition, in [30], this profile has been utilized to detect the oil 

leakage, the friction increase and oil-pressure increase in the 

damper. Similarly, the operating mechanism of a 12 kV CB 

has been simulated to evaluate the anomalies in the coil, 

opening spring, and oil buffer in [31].  

In conclusion, TC is an appreciable signal in identification 

of the failures in the following sections of the CBs: the latch 

supply voltage, coil, damper, leakage/spring setting, contact 

failures, and pull rod failure [20] and [28]. The higher/lower  

 
Figure 5. Dynamic resistance profile [32]  

 

supply voltage leads to a faster/slower operation of trip/close 

coil. Consequently, these failures affect the timing 

characteristics of TC. Similarly, malfunction in the trip/close 

coil changes timing of the CBs. Accordingly, the fault could be 

identified based on the time-based features of TC. The tail of 

opening TC as shown in Figure 4 could reveal the anomaly in 

dampers. Once a failure happens in damper, the overshoot 

(over travel) and undershoot of the TC is changed in 

comparison with the healthy curve. Once a failure is resulted 

from improper setting of the spring drive mechanism or oil 

leakage in hydraulic drive mechanism, the speed and timing 

characteristics of TC are varied in comparison with the normal 

features. Consequently, with respect to the strong link between 

operating drive mechanism and TC, any malfunctions in this 

section could be detectable using TC [20] and [28].  

The main advantage of TC is its ability for providing 

valuable information from the most origin of failures in CBs, 

i.e. operating mechanism. In addition, the complex post 

processing is not required for analysis of such a simple profile 

as shown in Figure 4. Furthermore, it is an important signal in 

coupling with dynamic resistance profile to identify the arc 

contact length. Moreover, this signal usually is available in 

data sheet released by Manufacturers for all CBs within the 

routine tests. Therefore, it could be employed as a fingerprint 

in the condition assessment methods.    

The disadvantages using TC is the need for the  installation 

of a transducer sensor leading to inapplicability of this method 

in online assessment for some CB designs [20] [28] [33]. In 

response to this, reference [28] has attempted to provide a 

correlation between auxiliary contacts and TC. It is indicated 

that there is a link between timing of auxiliary contacts and 

TC.  

C. Dynamic Resistance Measurement  

Arc and main contacts are deteriorated during the switching 

under normal and short circuit currents in the life cycle of the 

CBs. In order to evaluate the condition of the contacts without 

dismantling of CBs, dynamic resistance measurements 

(DRMs) have been suggested. In this regards, once a DC 

current is injected, the voltage across the breaker during the 

opening operation is recorded to find out the profile of the 

resistance versus motion as shown in Figure 5 [34] and [32]. 

For this purpose, a 200-A DC current is injected into the CB. 
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Once the CB starts to move (see motion curve), the dynamic 

resistance (DRC in Figure 5) increases owing to the increase 

of the current path length. The initial part of this dynamic 

profile stands for the main contact resistance. While the 

current is commutated from the main contact to the arc 

contact, a jump is observed in DRC owing to a high resistance 

material used in the arc contact. After a while, the current is 

interrupted. As it is demonstrated, in addition to the main and 

arc contact resistance, the arc contact length could be obtained 

through combination of the motion curve and DRC [32]. Once 

the main or arc contact is eroded or shortened the DRM profile 

changes in comparison with the healthy case. While the 

erosion increases the resistance, the shortening leads to a 

change at the separation time (A in  Figure 5). Therefore, the 

malfunctions could be visible using DRM without any 

dismantling of the CBs.  

 In fact, similar to other diagnostic features, the correlation 

between failures and the features is an imperative diagnosis 

step. In response to this, the impacts of erosion in the fix and 

moving arc and main contacts as well as the broken fingers on 

DRM profiles have been scrutinized through simulation in 

COMSOL in [32]. Limitations to estimate the contact erosion  

in the early stages have been discussed in [35], where it has 

been shown that the early stage of contact erosion is not 

reflected in the dynamic resistance curves. In [36], the contact 

erosion has been calculated based on the defined diagnostic 

features on DRM profile. Furthermore, some new features 

have been defined in [37] based on the DRM profile. They 

have been verified by conducting some experiments based on 

five-erosion levels of the arc and main contacts.  

The main advantage using DRM is that it could provide 

helpful information associated with the condition of the arc 

and main contacts without any dismantling. The disadvantages 

are as follows: applicability only in offline mode of the CBs, 

need for TC for assessment of the arc contact length, 

sensitivity of the results to the injected current, and 

dependency of clarity of profile to operation speed of the CBs.   

The implementation of this technique and its repeatability 

have been recently focused in many efforts. Reference [38]–

[42] indicated that the measured resistance in this test is 

dependent on the injected DC current and opening velocity. 

The resistance decreases with an increase in the injected-

current and decrease of the velocity. In addition, some efforts 

have been conducted to propose some methods rather than 

DRM to provide similar information in the real-time 

assessment. To give an illustration, in [43], the overlapping 

time and the contact speed for generator CBs have been 

identified based on high-frequency impedance of the breaker. 

Subsequently, the results have been compared with those 

obtained by DRM.    

D.  Energy 

The estimation of remaining lifetime of the contacts based 

on mass loss calculated through energy during 

interruption/making of the currents has been recently  

 
Figure 6: Samples of vibration signals (a: oil damper, b:healthy c: faulty) [53]  

 

addressed in the diagnosis of the CBs. The main advantage of 

this approach is its applicability in real-time approach. It is 

somehow considered as an online version of the DRM.    

A novel approach proposing an electric circuit design for 

real-time measurement of the arc voltage has been presented to 

predict the remaining lifetime of the CBs based on the energy 

in [44]. In this effort, the arc energy is calculated based on the 

recorded arc current using current transformer, and the arc 

voltage through the proposed online measurement system. 

Other investigations have been performed to inclusively reveal 

the relationship between the eroded-mass caused by short-

circuit current interruption and different thermal stress indices 

such as transferred electrical charge, current squared, and arc 

energy in [45]. The mass loss is presented as a function of 

electrical parameters such as transferred electric charge, arc 

energy, or integral of current squared. These indices change 

regarding the erosion and aging of the contacts. In addition, it 

has been indicated that the change of morphology of the 

contacts changes the rate of erosion due to tendency of the arc 

to start from uneroded regions. Tungsten-copper contact 

materials are the main components of HVCBs. Reference [47] 

revealed that the arc ablation of these materials is 

predominantly resulted from the evaporation and splashing of 

copper component which has a low melting point, followed by 

the ablation and spallation of the tungsten skeleton structure. 

In [48], it is shown that the arc roots tend to be formed on 

larger copper zones and if the zones are not confined by 

tungsten area, the arc cross section expands resulting in a 

higher evaporation rate of copper areas.  

The main challenges or disadvantages using energy for 

assessment of the interrupter wear is the low accuracy of the 

indices based on the transferred charge and integral of current 

squared owing to omitting the voltage. In addition, 

consideration of the voltage needs special measurement tool to 

record the arc voltage in a precise manner while withstanding 

the high voltage transients. Furthermore, comprehensive 

experimental tests are required to extend the energy based-

index for all CBs [45].  

E. Vibration 

The vibration signal generated during the opening and 

closing operation of the CBs has gradually become the  

mainstream research owing to convenient data acquisition as 

well as its suitability for non-invasive and real-time evaluation, 

which could cover the most origins of the failures occurring in 

the operating mechanism of CBs [46], [49]–[52]. This signal 
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as shown in Figure 6 could reveal the anomalies in the 

mechanical section. Once a failure (such as in damper, rod, 

shaft, etc.) happens, the vibration signal changes in 

compassion with the healthy signal. To give an illustration, 

deformation of shaft, close coil, insulation pull rod, and 

damper of CB have been investigated based on the vibration 

signals in [51]. Similarly, in [53], the malfunction in damper 

and insulation push/pull rod have been identified using 

vibration. While the earlier is dealt with absorbing the residual 

energy and reducing the impact of mechanical collision during 

HVCB operating, the latter transmits the required energy from 

operating mechanism to the dynamic contact to perform 

closing and opening operation. To give an illustration, Figure 

6 demonstrates the vibration signals resulting from failure in 

oil damper and the healthy signal of vibration.  As it can be 

seen, the signal changes under faulty condition. As mentioned, 

the post processing techniques are necessary to precisely 

discriminate between healthy and faulty signals.   

The main advantage of using vibration is the ability of real-

time assessment of the most origins of failures. The main 

disadvantage of this method is the dependency of its accuracy 

on the number of sensors and the post processing techniques as 

discussed in IV-A. The reason lies in the fact that this signal is 

quite short in the time domain whereas the inherently highly 

nonlinear and non-stationary vibration signals are extremely 

wide in the frequency domain [53].   

F. Future viable visions  

 The CC as an inexpensive, straightforward diagnostic 

signal and compatible with real-time assessment will play an 

important role in the future condition assessment approaches.  

TC provides valuable information owing to the strong 

connection with the operating mechanism. However, the real 

time measurement of this diagnostic signal is infeasible in 

some breaker designs. Although some efforts like [28] or [43] 

have tackled the problem to realize a link between this signal 

and the online measurable signals, more investigations are 

necessary in future. It would be helpful to think about the new 

sensors for real-time measurement of the TC.     

DRM could provide valuable evidence on the condition of 

the main and arc contacts.  However, the main weak point of 

this approach is infeasibility in real-time assessment [42] [55]–

[57]. Consequently, an online condition assessment method 

will be required to evaluate the status of the contacts 

encapsulated in an insulation medium. In this regard, although 

using energy-based method could be a solution, the main 

challenge would be the difficulty of the online measurement of 

the arc voltage. Therefore, the new methods based on different 

normalized-indexes, e.g. the integral of the arc current, could 

be developed for future online assessment of interrupter wear.  

In case of vibration signal, although many efforts have been 

conducted, it seems that still more work is necessary for de-

noising and fault detection. The main weakness of this real-

time signal is its strong dependency on inclusive post-

processing in comparison to  
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Figure 7. Using frequency response as a novel diagnostic signal [54] 

 

simple profiles such as the CC, TC and, to some extent, 

DRM.    

 The main future challenge in selection of diagnostic signals 

is the constraints resulting from real-time and online approach. 

Therefore, it could be highly recommended to look for new 

non-invasive diagnostic methods. On this stream, some 

researchers have proposed some new approaches based on 

high-frequency concepts. To give an illustration, using 

frequency response has been recently suggested as a non-

invasive diagnosis approach for CBs. A broadband micro-strip 

antenna has been employed as the new diagnostic sensor to 

evaluate the degradation of contacts through establishment of 

the correlation between the arc duration and signal energy and 

radiated wave in [49]. In another effort [59], the correlation 

between different working status of the CBs and the time-

frequency characteristics of switching transient E-fields have 

been addressed to early predict the insulation defect of the HV 

CBs. In addition, references [54] and [60] have attempted to 

develop a frequency-based condition assessment approach. 

Figure 7 indicates how a frequency response is implemented to 

detect possible malfunction in contacts. As explained with 

more details in [54], the high-frequency wave is injected into 

the breaker. The input impedance has been recorded. Once a 

failure happens in the interruption chamber (e.g. finger 

breaking), the input impedance moves up resulting in the 

decrease of the resonance frequency. As shown in Figure 7, 

while the resonance frequency in the healthy case is 522 MHz, 

the losing of one and two fingers decreases it to  514 MHz and 

507 MHz, respectively.  

Although the attention to HVDC network and therefore 

HVDC CBs are increasing in these days, the proposed hybrid 

DCCBs are still in the research level. However, these hybrid 
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breakers will be requiring new condition assessment 

approaches in coming future.  

Finally, in order to provide a comprehensive evaluation on 

progress of scientific researches on diagnosis of HVCBs, the 

last 20 years (2000-2020) efforts have been presented in 

Figure 8. It presents the statistics of researches associated with 

the researches coil current (CC), travel curve (TC), vibration, 

DRM and other methods. The trend indicates that real time 

approach and new signals have been investigated more.   

 

 
Figure 8. Research Stream since 20 years ago (2000-2020) 

IV. DATA GATHERING AND INTELLIGENT MODELLING 

 All intelligent failure detection methods and life estimation 

algorithms are established based on data and reference curves. 

In fact, steps towards the fault detection are comprised of the 

obtaining of the diagnostic features, and making correlation 

between features and faulty and healthy cases to provide a 

condition assessment algorithm or one-step forward, a fault 

prediction approach. This section has been devoted to evaluate 

the role of artificial intelligent (AI) in hitherto and future 

research trend. The collected data from monitoring sensors in a 

substation or even in a network depending on available 

communication systems are investigated using AI techniques. 

AI techniques, and machine learning are widely applied in 

the fault detection. Table I presents the trend of application of 

various approaches in diagnosis of HVCBs. It could be 

deduced that these methods are extensively dealt with the 

vibration signals. The main challenge dealing with this signal 

is its complexity. Therefore, the post-processing step for 

features extraction plays a significant role owing to the quite 

short time domain and the extremely wide frequency domain 

as well as the strong nonlinearity and non-stationarity of 

vibration signals. In fact, vibration signal includes abundant 

information of CB’s mechanical conditions. Furthermore, the 

features of waveforms of this signal resulted from various 

failures may exist in different frequency components. 

Consideration of the noise in real-time assessment increases 

the complexity of the processing of vibration signal. The first 

step toward using vibration as a diagnostic signal is employing 

multi-scale decomposition methods such as  

 

TABLE I 

TREND OF INTELLIGENT DIAGNOSIS METHODS 

Signals Methods 

Vibration 

Energy entropy of Hilbert marginal spectrum (HMS), 

variational mode decomposition (VMD), [53] (2019) 

Wavelet, stacked auto encoder neural network [46] (2018) 

Current vibration signal entropy weight characteristic, grey 

wolf optimization-support vector machine (GWO-SVM), 

[49] (2019) 

Phase space reconstruction, Lyapunov exponent (LLE), 

correlation dimension (CD),Kolmogorov entropy (KE) [51] 

(2019) 

Empirical mode decomposition (EMD) energy entropy, 

multi-class support vector machine (MSVM) [61] (2010) 

Vibration and 

Coil current 
Wavelet packet, Multi-mapping [25] (2017) 

DRM, 

Prediction 

purpose 

Kernel partial least squares regression, prediction method 

[42] (2017) 

All signals 
Analytical hierarchy process (AHP), evidential reasoning 

(ER) [62] (2013) 

TC, 

Prediction 

purpose 

Maximum likelihood, interacting multiple models (IMM) 

[29] (2018) 

TC and 

auxiliary 

contact 

Neuro-fuzzy inference system (ANFIS) [28] (2015) 

Coil current 

Fuzzy-probabilistic analysis [63] (2014) 

Agglomerative Hierarchical Clustering (AHC), Data 

mining [21] (2015) 

TC, Coil 

current 

Neural network and support vector machine (SVM) [18] 

(2019) 

 

empirical mode decomposition (EMD), empirical wavelet 

transform (EWT), wavelet packet transform (WPT), 

variational mode decomposition (VMD) for extraction of 

features. Subsequently, this signal can be transformed into 

several intrinsic mode functions. It can considerably restrict 

the accuracy of diagnostic approach.  

 The challenges or disadvantages associated with these 

methods are as follows: comprising of energy leakage, 

endpoint effect, modal aliasing, envelopment problem, 

adaptability, randomness of the decomposition levels affecting 

the robustness of diagnostic results, high computational 

complexity, which opposes with online monitoring, and 

consideration of high-frequency part of the signals 

[25][26][46][49]. The other challenge is the realization of time 

segmentation of a vibration signal to complete vector features, 

i.e. starting time and ending time of some major vibration 

events such as motion of the cam and collision of the moving 

contact. 

Subsequent to the feature extractions, the next main step is 

to establish an effective classifier model. The point is that as 

the profile of the other diagnostic signals is not complex, the 

previous mentioned step generally does not require. However, 

the classification of features is applicable for all signals. As 

presented in Table I, the support vector machine (SVM), fuzzy 

based methods and back propagation neural network (BPNN) 

are commonly applied in the fault diagnosis of HVCBs. These 

methods are subjected to some disadvantages as follows: 

sensitivity to noisy data, dependency to training dataset, 

misjudgment of fault identification, and long time for training 

[25] [26]. 
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The other thinkable point is providing a dynamic model for 

fault detection. To give an illustration, most researches are 

taking into account that all faults are known. However, 

recording all types of failures for the training of classifiers is 

unrealistic. Therefore, the diagnosis model needs to be flexible 

for identification of unknown faults.  

The consideration of the mentioned challenges for 

improvement of feature extraction and classifier methods 

could be addressed in future research stream. Furthermore, the 

trend indicates that it is necessary to move from the feature 

extraction approaches into a further step, i.e. identification of 

the thresholds of the healthy and faulty cases to prepare an 

intelligent fault prediction approach. In this regard, a 

regression method has been developed to predict the 

degradation of the contacts in HVCBs in [42]. While in [18], 

SVM and neural network have been employed to identify the 

healthy and faulty domain of diagnostic features, reference 

[21] presented a probabilistic approach using clustering and 

data mining to intelligently discriminate between faulty and 

healthy diagnostic features. These algorithms are also 

applicable in model-aided approach [18][29][64][65] to use 

model-based CBs for evaluation of condition assessment. 

It is worth mentioning that AI and machine learning 

techniques are helpful in discrimination between healthy and 

faulty situations and fault prediction. However, none of 

industrial tools has employed those for smart condition 

assessment. This is due to the lack of robustness of these 

methods, their dependency on training data sets and the variety 

of the CBs with regard to the operating mechanism, type, and 

different settings, which limits the generalization of the 

proposed algorithms. In fact, these tools have been stopped on 

reporting the diagnosis signals and condition assessment for 

own productions [66], [67].   

An emerging concept coupled with intelligent approach is 

digital twins (DT), which could provide a new paradigm for 

fault diagnosis and remaining lifetime estimation of HVCBs. 

DT is a proactive bi-directional approach between real world 

and virtual world. Once a change is detected in the physical 

asset or its environment, a learning model has been employed 

to define simulation scenarios to explore which and how the 

model parameters need to be modified to mirror the observed-

behavior. A DT is a digital holistic emulation of a physical 

system or assembly using integrated simulations and service 

data from multiple sources across the product lifecycle. This 

information is continuously updated and is visualized in a 

variety of ways to predict current and future conditions 

[68][69]. In case of the CBs, it could be possible to define a 

dynamic learning model based on some diagnosis signals such 

as CC, vibration, TC along with temperature, gas pressure of 

the interrupter, and number of operations as variables 

controlling the parameters of the dynamic aging model of the 

CB. Furthermore, it is possible that a CB has not received any 

command for a long time. Once this CB operates, the 

diagnostic features can indicate an improper operation in the 

first shot. However, it works well in the next operation. 

Therefore, the dead-time of the operation (idle time of the CB) 

could be involved in this dynamic model, as well.         

V.   APPLICATION OF MONITORING DATA IN SYSTEM LEVEL 

In addition to challenges dealing with the component level, 

diagnosis raw data and monitoring data could be applicable in 

the system level. An approach is to employ monitoring data 

beyond condition assessment purposes. The data acquired 

from maintenance activities during inspections, and overhaul 

in the substations are recorded in the maintenance centers. 

Once the components are equipped with online monitoring 

systems (OLM), the data are available locally or in a 

monitoring center depending on the communication 

infrastructure in the power network.  

The installation of OLM, and establishment of a link 

between data and deterioration process could be considered as 

the main challenges in this context. The applicability of CBs 

with low failure rate to equip with an expensive OLM is of 

importance for power network manager. Although a simple 

response is the risk of failures in CBs is high, it is necessary to 

make a tie between monitoring data and failure rate to provide 

a precise insight into the influence of monitoring on aging of 

CBs.  

In [10], and [70], a connection has been established 

between the monitoring data and aging procedure as shown in 

Figure 9. The model has been established through a 

combination of discrete Markov model and signals obtained 

from OLM systems. Markov chain model quantifies the aging 

process within discrete states. In addition, the maintenance 

activities could be involved in the model to determine the 

lifetime extension of the component. As shown in Figure 9, 

once a CB operates, the diagnostic features, e.g. timing 

features of CC, are captured in real-time. Subsequently, 

regarding the calculated wear-out index (WI), the condition of 

the CB (normal, alarm, emergency), required maintenance 

activity (minor maintenance, major maintenance, no-

maintenance), and the new state (new normal state or previous 

state) are determined. The proposed link between monitoring 

of the CB and aging procedure has been applied for 

prioritization of the CBs for equipping with OLM systems 

[10]. As the installation of OLM systems on all CBs is neither 

economically nor technically feasible, the prioritization 

approach for selection of critical CBs in power system has 

been addressed in [8], [9], and [71]. To give an illustration, a 

qualitative-quantitative approach has been presented in [8], 

and [9] for prioritization. While the qualitative approach 

including age, switching frequency, operating drive 

mechanism, and quenching medium has been included using 

decision-making method, the interruption cost has been 

considered as the quantitative side in this model. The 

deterioration process of CBs could be quantified using 

monitoring data through real time life-cycle assessment [72]. 

The remaining lifetime of the CBs could be estimated through 

a hybrid approach for prognostics of CBs, which integrates 

deterministic and stochastic operation through piecewise 

deterministic Markov processes [73]. In addition, the 

maintenance action could be intelligently determined using 

monitoring data [74].   
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The implementation of OLM systems on CBs has been 

remaining a main concern due to the limitation of the 

maintenance budget, and the cost of OLMs. Although some 

above-mentioned efforts have been addressed this vision, more 

research is required to provide a link between the monitoring 

data and lifetime estimation and aging. 

 
Figure 9. Using the monitoring data in aging procedure [10] 

VI. CONCLUSIONS 

This paper presented the efforts on the condition assessment 

of HVCB form past to present. In addition, it has been 

attempted to provide viable visions for future research streams 

in this context. Various failure statistics have been reviewed to 

understand the failure modes and their origins. It is indicated 

that the trend of failure of CBs is decreasing and still the main 

origins of the failures are the operating mechanism, high-

voltage part, and control part, respectively. The challenges in 

the main diagnostic signals, i.e. coil current, travel curve, 

DRM, energy, and vibration have been presented to determine 

more required future research. In addition, some new 

developed approaches based on the frequency response have 

been presented. The role of AI has been clarified in the future 

research in identification of the thresholds of state transitions. 

The methods are subjected to some advantages and 

disadvantages such as robustness of diagnostic results, 

sensitivity to noisy data, and misjudgment of fault 

identification. In addition, a proactive bi-directional approach 

between real-world and virtual world, called DT, leading to a 

dynamic model could be considered as an emerging concept in 

this subject. From power system point of view, it is discussed 

that the monitoring data could be applied in modelling of the 

aging process.  

REFERENCES 

[1] “Root cause analysis for center substation 138 kV circuit breaker event 

on January 16, 2012,” 2012. [Online]. Available: 

https://www.in.gov/iurc/files/Center_Substation_Root_Cause_Analysis.p

df. [Accessed: 13-Oct-2019]. 

[2] “Report on Failure of Circuit Breaker and Transformer at Ranasan and 

Limdi Substations of Gujrat Electric Transmission Company (Getco),” 

2006. [Online]. Available: 

http://www.cea.nic.in/reports/others/ps/pspa2/failure_ranasan_limdi_ss.p

df. [Accessed: 13-Oct-2019]. 

[3] K. Niayesh, M. Runde, Power Switching Components. 2017. 

[4] M. Seeger et al., “Recent Trends in Development of High Voltage Circuit 

Breakers with SF6 Alternative Gases,” Plasma Phys. Technol. J., vol. 4, 

no. 1, 2017. 

[5] W. Wang, M. Rong, Y. Wu, and J. D. Yan, “Fundamental properties of 

high-temperature SF 6 mixed with CO 2 as a replacement for SF 6 in high-

voltage circuit breakers,” J. Phys. D. Appl. Phys., vol. 47, no. 25, p. 

255201, Jun. 2014. 

[6] C. Peng, I. Husain, A. Q. Huang, B. Lequesne, and R. Briggs, “A Fast 

Mechanical Switch for Medium-Voltage Hybrid DC and AC Circuit 

Breakers,” IEEE Trans. Ind. Appl., vol. 52, no. 4, pp. 2911–2918, Jul. 

2016. 

[7] D. Keshavarzi, E. Farjah, and T. Ghanbari, “Hybrid DC Circuit Breaker 

and Fault Current Limiter With Optional Interruption Capability,” IEEE 

Trans. Power Electron., vol. 33, no. 3, pp. 2330–2338, Mar. 2018. 

[8] A. A. Razi-Kazemi, M. Vakilian, K. Niayesh, and M. Lehtonen, “Priority 

Assessment of Online Monitoring Investment for Power System Circuit 

Breakers—Part I: Qualitative-Quantitative Approach,” IEEE Trans. 

Power Deliv., vol. 28, no. 2, pp. 928–938, Apr. 2013. 

[9] A. A. Razi-Kazemi, M. Vakilian, K. Niayesh, and M. Lehtonen, “Priority 

Assessment of Online Monitoring Investment for Power System Circuit 

Breakers—Part II: Determination of Optimum Number,” IEEE Trans. 

Power Deliv., vol. 28, no. 3, pp. 1440–1446, Jul. 2013. 

[10] A. A. Razi-Kazemi and M. Shariatnasab, “A New Approach on 

Prioritization of the Circuit Breakers for Installation of Online 

Monitoring Systems,” IEEE Trans. Power Deliv., vol. 34, no. 4, pp. 

1569–1577, Aug. 2019. 

[11] R. Schlabbach and T. Berka, “Reliability-Centred Maintenance of MV 

Circuit-Breakers,” in IEEE Porto Power Tech Proceedings, 2001, p. 5. 

[12] A. Carvalho, et al., “Final Report of the 2004 – 2007 International 

Enquiry on Reliability of High Voltage Equipment,” ELECTRA, vol. 264, 

pp. 49–53, Oct. 2012. 

[13] T. M. Lindquist, L. Bertling, and R. Eriksson, “Circuit breaker failure 

data and reliability modelling,” Gener. Transm. Distrib. IET, vol. 1, no. 

2, p. 324, 2007. 

[14] G. Balzer and D. Drescher, “a3-305 Evaluation of Failure Data of HV 

Circuit-Breakers,” April, pp. 4–11, 2004. 

[15] G. Mazza, “The first international enquiry on circuit-breaker failures 

and defects in service,” Electra, vol. 79, 1981. 

[16] CIGREWorking Group 13.06, “‘Final report of the second international 

enquiry on high voltage circuit-breaker failures and defects in service,’ 

CIGRE Tech.” 

[17] A. Janssen, D. Makareinis, and C. E. Solver, “International surveys on 

circuit-breaker reliability data for substation and system studies,” IEEE 

Trans. Power Deliv., vol. 29, no. 2, pp. 808–814, 2014. 

[18] A. A. Razi-Kazemi, M. Vakilian, K. Niayesh, and M. Lehtonen, 

“Circuit-Breaker Automated Failure Tracking Based on Coil Current 

Signature,” IEEE Trans. Power Deliv., vol. 29, no. 1, pp. 283–290, Feb. 

2014. 

[19] B. Rusek, G. Balzer, M. Holstein, and M. S. Claessens, “Timings of 

high voltage circuit-breaker,” Electr. Power Syst. Res., vol. 78, no. 12, 

pp. 2011–2016, Dec. 2008. 

[20] F. N. Rudsari, A. A. Razi-Kazemi, and M. A. Shoorehdeli, “Fault 

Analysis of High-Voltage Circuit Breakers Based on Coil Current and 

Contact Travel Waveforms Through Modified SVM Classifier,” IEEE 

Trans. Power Deliv., vol. 34, no. 4, pp. 1608–1618, Aug. 2019. 

[21] A. A. Razi-Kazemi, M. Vakilian, K. Niayesh, and M. Lehtonen, “Data 

Mining of Online Diagnosed Waveforms for Probabilistic Condition 

Assessment of SF6 Circuit Breakers,” IEEE Trans. Power Deliv., vol. 30, 

no. 3, pp. 1354–1362, Jun. 2015. 

[22] A. A. Razi-Kazemi, “Circuit breaker condition assessment through a 

fuzzy-probabilistic analysis of actuating coil’s current,” IET Gener. 

Transm. Distrib., vol. 10, no. 1, pp. 48–56, Jan. 2016. 

[23] H. Li and Y. Wang, “Support Vector Machine Based Fault Diagnosis 

Using Trip and Close Coil Current of Circuit Breakers,” 2015. 

[24] M. Hosseini, B. Stephen, S. D. J. Mcarthur, and J. Helm, “Current-

Based Trip Coil Analysis of Circuit Breakers for Fault Diagnosis,” 2018. 

[25] T. Ji, L. Yi, W. Tang, M. Shi, and Q. Wu, “Multi-mapping fault 

diagnosis of high voltage circuit breaker based on mathematical 

morphology and wavelet entropy,” CSEE J. Power Energy Syst., vol. 5, 



 

 

 

10 

no. 1, pp. 130–138, 2019. 

[26] S. Wan and L. E. I. Chen, “Fault Diagnosis of High-Voltage Circuit 

Breakers Using Mechanism Action Time and Hybrid Classifier,” IEEE 

Access, vol. 7, no. Vmd, pp. 85146–85157, 2019. 

[27] S. M. Strachan, S. D. J. McArthur, B. Stephen, J. R. McDonald, and A. 

Campbell, “Providing decision support for the condition-based 

maintenance of circuit breakers through data mining of trip coil current 

signatures,” IEEE Trans. Power Deliv., vol. 22, no. 1, pp. 178–186, 

2007. 

[28] A. A. Razi-Kazemi, “Applicability of auxiliary contacts in circuit 

breaker online condition assessment,” Electr. Power Syst. Res., vol. 128, 

2015. 

[29] A. A. Razi Kazemi, K. Niayesh, and R. Nilchi, “A Probabilistic Model-

aided Failure Prediction Approach for Spring-Type Operating 

Mechanism of High Voltage Circuit Breakers,” IEEE Trans. Power 

Deliv., vol. 34, no. 4, pp. 1280–1290, 2018. 

[30] D. Li, M. Rong, T. Wang, and X. Wang, “A New Method for 

Mechanical Fault Recognition of Extra- high Voltage Circuit Breaker,” 

Phys. Procedia, vol. 24, pp. 397–403, 2012. 

[31] X. Lil et al., “Research on Modeling and Fault Analysis of Permanent 

Magnet Operating Mechanism of Vacuum Circuit Breaker,” In 

International Conference on Condition Monitoring and Diagnosis 

(CMD), pp. 526–529, 2016. 

[32] R. D. Garzon, High voltage circuit breakers: design and applications. 

Marcel Dekker, 2002. 

[33] M. Abdollah and A. A. Razi-Kazemi, “Condition assessment of arc 

contacts through dynamic resistance measurement (DRM) and wavelet 

analysis,” in 25th Iranian Conference on Electrical Engineering, ICEE, 

2017. 

[34] M. Abdollah and A. A. Razi-kazemi, “Intelligent Failure Diagnosis for 

Gas Circuit Breakers Based on Dynamic Resistance Measurements,” 

IEEE Transactions on Instrumentation and Measurement, vol. 68, no. 9, 

pp. 3066-3077, 2018. 

[35] H. M. M. Mohammadhosein, K. Niayesh, A. A. S. Akmal, “Sensitivity 

of Dynamic Resistance of Gas Circuit Breakers to the Arc-induced 

Contact Erosion,” in 5th International Conference on Electric Power 

Equipment - Switching Technology (ICEPE-ST), 2019. 

[36] T. Cheng, W. Gao, W. Liu, and R. Li, “Evaluation method of contact 

erosion for high voltage SF 6 circuit breakers using dynamic contact 

resistance measurement,” Electr. Power Syst. Res., vol. 163, pp. 725–

732, 2018. 

[37] H. F. dos Santos Sousa, et. al., “Analysis of Alternative Parameters of 

Dynamic Resistance Measurement in High Voltage Circuit Breakers,” 

High Voltage, vol. 4, no. 3, pp. 197-202 , 2019. 

[38] Y. Liu, G. Zhang, J. Yang, K. Zhao, and S. Gao, “The mathematical 

model of contact resistance and injected current in DRM Tests of SF6 

circuit breaker,” IEEE Trans. Components, Packag. Manuf. Technol., 

vol. 8, no. 1, pp. 82–87, 2018. 

[39] G. Chen, L. Lan, Z. Pan, X. Wen, Y. Wang, and Y. Wu, “Electrical 

erosion test and condition assessment of SF6 CB contact sets,” IET 

Gener. Transm. Distrib., vol. 11, no. 8, pp. 1901–1909, 2017. 

[40] T. Cheng, W. Gao, D. Zhao, Y. Huang, W. Liu, and Y. Zhao, “Method 

to improve the repeatability of dynamic contact resistance measurement 

test results for high-voltage circuit breakers,” IET Sci. Meas. Technol., 

vol. 13, no. 4, pp. 606–613, 2019. 

[41] M. Landry, O. Turcotte, and F. Brikci, “A complete strategy for 

conducting dynamic contact resistance measurements on HV circuit 

breakers,” IEEE Trans. Power Deliv., vol. 23, no. 2, pp. 710–716, 2008. 

[42] Y. Liu et al., “Prediction of the dynamic contact resistance of circuit 

breaker based on the kernel partial least squares,” IET Generation, 

Transmission & Distribution, vol. 12, no. 8, pp. 1815-1821, 2018. 

[43] Y. Maret, M. Zlatanski, S. Marinkovic, and M. Hochlehnert, “Online 

measurement of the overlapping time for generator circuit breakers 

(GCBs) in real plant conditions,” IEEE Transactions on Dielectrics and 

Electrical Insulation, vol. 23, no. 3, pp.1355-1363. 

[44] A. Bagherpoor, S. Rahimi-Pordanjani, A. A. Razi-Kazemi, and K. 

Niayesh, “Online condition assessment of interruption chamber of gas 

circuit breakers using arc voltage measurement,” IEEE Trans. Power 

Deliv., vol. 32, no. 4, 2017. 

[45] M. Mohammadhosein, K. Niayesh, A. A. Shayegani-Akmal, and H. 

Mohseni, “Online Assessment of Contact Erosion in High Voltage Gas 

Circuit Breakers based on different Physical Quantities,” IEEE 

Transactions on Power Delivery, vol. 34, no. 2, pp. 580-587, 2018. 

[46] Y. X. Zhou, Y. L. Xue, and K. Zhou, “Failure analysis of arc ablated 

tungsten-copper electrical contacts,” Vacuum, vol. 164, February, pp. 

390–395, 2019. 

[47] M. Mohammadhosein, K. Niayesh, A. A. Shayegani-Akmal, and H. 

Mohseni, “Impact of Surface Morphology on Arcing Induced Erosion of 

CuW Contacts in Gas Circuit Breakers,” in 2018 IEEE Holm Conference 

on Electrical Contacts, 2018, pp. 99–105. 

[48] S. Zhao and E. Wang, “Fault Diagnosis of Circuit Breaker Energy 

Storage Mechanism Based on Current-Vibration Entropy Weight 

Characteristic and Grey Wolf Optimization–Support Vector Machine,” 

IEEE Access, vol. 7, pp. 86798–86809, 2019. 

[49] W. Gao, R. J. Wai, S. P. Qiao, and M. F. Guo, “Mechanical Faults 

Diagnosis of High-Voltage Circuit Breaker via Hybrid Features and 

Integrated Extreme Learning Machine,” IEEE Access, vol. 7, pp. 60091–

60103, 2019. 

[50] Q. Yang, J. Ruan, Z. Zhuang, and D. Huang, “Chaotic Analysis and 

Feature Extraction of Vibration Signals from Power Circuit Breakers,” 

IEEE Trans. Power Deliv., Early Access, pp. 1–1, 2019. 

[51] S. Ma, M. Chen, J. Wu, Y. Wang, B. Jia, and Y. Jiang, “High-Voltage 

Circuit Breaker Fault Diagnosis Using a Hybrid Feature Transformation 

Approach Based on Random Forest and Stacked Auto-Encoder,” IEEE 

Trans. Ind. Electron., vol. 66, no. 12, pp. 9777–9788, 2018. 

[52] B. Li, M. Liu, Z. Guo, and Y. Ji, “Mechanical fault diagnosis of high 

voltage circuit breakers utilizing EWT-improved time frequency entropy 

and optimal GRNN classifier,” Entropy, vol. 20, no. 6, pp. 4836–4841, 

2018. 

[53] Q. Yang, J. Ruan, Z. Zhuang, D. Huang, and Z. Qiu, “A New Vibration 

Analysis Approach for Detecting Mechanical Anomalies on Power 

Circuit Breakers,” IEEE Access, vol. 7, pp. 14070–14080, 2019. 

[54] A. A. Razi-kazemi and M. Abdollah, “Novel high-frequency-based 

diagnostic approach for main contact assessment of high-voltage circuit 

breakers,” vol. 12, pp. 1121–1126, 2018. 

 [55] M. Tariq and N. Wacklen, “Safe and quick high voltage circuit breaker 

testing using DCM dual ground technology,” in 2017 IEEE 37th Central 

America and Panama Convention, CONCAPAN 2017, 2018, vol. 2018-

January, pp. 1–7. 

[56] Z. Stanisic and R. Neimanis, “A new ultra lightweight method for static 

and dynamic resistance measurements,” in Conference Record of IEEE 

International Symposium on Electrical Insulation, 2010. 

[57] T. Cheng, W. Gao, W. Liu, and R. Li, “Evaluation method of contact 

erosion for high voltage SF6 circuit breakers using dynamic contact 

resistance measurement,” Electr. Power Syst. Res., vol. 163, pp. 725–

732, Oct. 2018. 

[58] A. C. de Oliveira, E. G. da Costa, A. J. R. Serres, H. F. dos S. Sousa, T. 

V. Ferreira, and H. N. de Santana, “Radiometric Monitoring Technique 

for High-Voltage Circuit Breakers,” IEEE Trans. Power Deliv., vol. 34, 

no. 4, pp. 1656–1665, 2019. 

[59] H. Zhang, Y. Xie, T. Yi, X. Kong, L. Cheng, and H. Liu, “Fault 

Detection for High-Voltage Circuit Breakers Based on Time-Frequency 

Analysis of Switching Transient E-fields,” IEEE Trans. Instrum. Meas., 

vol. PP, no. c, pp. 1–1, 2019. 

[60] J. Lopez-roldan et al., “Development of non-intrusive monitoring for 

reactive switching of high voltage circuit breaker,” Int. J. Electr. Power 

Energy Syst., vol. 61, pp. 219–228, 2014. 

[61] J. Huang, X. Hu, and X. Geng, “An intelligent fault diagnosis method 

of high voltage circuit breaker based on improved EMD energy entropy 

and multi-class support vector machine,” Electr. Power Syst. Res., vol. 

81, no. 2, pp. 400–407, 2011. 

[62] P. C. Lin, J. C. Gu, and M. T. Yang, “Intelligent maintenance model for 

condition assessment of circuit breakers using fuzzy set theory and 

evidential reasoning,” IET Gener. Transm. Distrib., vol. 8, no. 7, pp. 

1244–1253, 2014. 

[63] A. A. Razi-kazemi, “Circuit breaker condition assessment through a 

fuzzy-probabilistic analysis of actuating coil ’ s current,” pp. 1–9, 2015. 

[64] M. Stanek and K. Fröhlich, “Model-Aided Diagnosis - a new method 

for online condition assessment of high voltage circuit breakers,” IEEE 

Trans. Power Deliv., vol. 15, no. 2, pp. 585–591, 2000. 

[65] M. Stanek, M. Morari, and K. Fröhlich, “Model-aided diagnosis: An 

inexpensive combination of model-based and case-based condition 

assessment,” IEEE Trans. Syst. Man Cybern. Part C Appl. Rev., vol. 31, 

no. 2, pp. 137–145, 2001. 



 

 

 

11 

[66] “Circuit Breaker Analyzer- 24 contacts- CBA-32P-24C - Zensol.” 

[Online]. Available: https://www.zensol.com/product/circuit-breaker-

analyzer-24-contacts/. [Accessed: 07-Jan-2020]. 

[67] “Circuit Breaker Sentinel | ABB.” [Online]. Available: 

https://new.abb.com/high-voltage/monitoring/cbs. [Accessed: 07-Jan-

2020]. 

[68] Y. Xu, Y. Sun, X. Liu, and Y. Zheng, “A Digital-Twin-Assisted Fault 

Diagnosis Using Deep Transfer Learning,” IEEE Access, vol. 7, pp. 

19990–19999, 2019. 

[69] P. Jain, J. Poon, J. P. Singh, C. Spanos, S. R. Sanders, and S. K. Panda, 

“A digital twin approach for fault diagnosis in distributed photovoltaic 

systems,” IEEE Trans. Power Electron., vol. 35, no. 1, pp. 940–956, 

2020. 

[70] J. Zhong, W. Li, R. Billinton, and J. Yu, “Incorporating a Condition 

Monitoring Based Aging Failure Model of a Circuit Breaker in 

Substation Reliability Assessment,” IEEE Trans. Power Syst., vol. 30, 

no. 6, pp. 3407–3415, Nov. 2015. 

[71] A. A. Razi-kazemi, and M. Lehtonen, “Aging failure model of circuit 

breakers equipped with condition monitoring systems,” International 

Transactions on Electrical Energy Systems, vol. 27, no.12, p.p. 2463. 

[72] P. Dehghanian, Y. Guan, and M. Kezunovic, “Real-Time Life-Cycle 

Assessment of High-Voltage Circuit Breakers for Maintenance Using 

Online Condition Monitoring Data,” IEEE Trans. Ind. Appl., vol. 55, no. 

2, pp. 1135–1146, 2019. 

[73] J. I. Aizpurua, V. M. Catterson, I. F. Abdulhadi, and M. S. Garcia, “A 

Model-Based Hybrid Approach for Circuit Breaker Prognostics 

Encompassing Dynamic Reliability and Uncertainty,” IEEE Trans. Syst. 

Man, Cybern. Syst., vol. 48, no. 9, pp. 1637–1648, 2018. 

[74] E. A. L. Vianna, A. R. Abaide, L. N. Canha, and V. Miranda, 

“Substations SF6 circuit breakers: Reliability evaluation based on 

equipment condition,” Electr. Power Syst. Res., vol. 142, pp. 36–46, 

2017. 

 

 

Ali Asghar Razi-Kazemi (S’11–M’14, SM’18) received 

the B.Sc. degree in electrical engineering from K. N. 

Toosi University of Technology, Tehran, Iran, in 2007, 

and the M.Sc. (Hons.) degree in electric power 

engineering from the University of Tehran, Tehran, Iran, 

in 2009, and the Ph.D. degree in electric power 

engineering from the Sharif University of Technology, 

Tehran, Iran, in 2013. He was a Researcher at Aalto University, Espoo, 

Finland, during 2013–2014. He was also a Research Fellow at Aberdeen 

University, UK, 2019. He is currently an Associate Professor in K. N. Toosi 

University of Technology, Iran, Tehran. His main interests include diagnosis 

of high voltage circuit breakers (HVCB), transients in power system, asset 

management in power system and HVDC CBs.  

 

 

Kaveh Niayesh (S’98–M’01–SM’08) completed 

the B.Sc. and M.Sc. degree in Electrical 

Engineering from the University of Tehran, Iran, in 

1993 and 1996 respectively. In 2001, he completed 

the Ph.D. degree from the RWTH-Aachen 

University of Technology in Electrical Engineering. 

In the last 19 years, he held different academic and 

industrial positions including Principal Scientist 

with the ABB Corporate Research Center, Baden-Dättwil, Switzerland; 

Associate Professor with the University of Tehran; and Manager, Basic 

Research, with AREVA T&D, Regensburg, Germany. Currently, he is a 

Professor in the Department of Electric Power Engineering at Norwegian 

University of Science and Technology (NTNU), Norway. His research 

interests are mainly in the broad field of high voltage and switchgear 

technology; specifically on current interruption in power switching devices in 

AC and DC power networks, breakdown and aging behavior of insulation 

materials exposed to HVDC and repetitive fast impulses, as well as diagnostic 

and condition assessment of power switchgear. 


