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Abstract
Objective
To investigate the shape of the causal relation
between body mass index (BMI) and mortality.
Design
Linear and non-linear mendelian randomisation
analyses.
Setting
Nord-Trøndelag Health (HUNT) Study (Norway) and UK
Biobank (United Kingdom).
Participants
Middle to early late aged participants of European
descent: 56 150 from the HUNT Study and 366 385
from UK Biobank.
Main outcome measures
All cause and cause specific (cardiovascular, cancer,
and non-cardiovascular non-cancer) mortality.
Results
12 015 and 10 344 participants died during a median
of 18.5 and 7.0 years of follow-up in the HUNT Study
and UK Biobank, respectively. Linear mendelian
randomisation analyses indicated an overall positive
association between genetically predicted BMI
and the risk of all cause mortality. An increase of 1
unit in genetically predicted BMI led to a 5% (95%
confidence interval 1% to 8%) higher risk of mortality
in overweight participants (BMI 25.0-29.9) and a
9% (4% to 14%) higher risk of mortality in obese
participants (BMI ≥30.0) but a 34% (16% to 48%)

What is already known on this topic
Several large observational studies have shown a J shaped relation between
body mass index (BMI) and all cause mortality
By using genetic variants in a mendelian randomisation approach, the shape of
the BMI-mortality relation can be estimated in a way that is less susceptible to
biases from reverse causation or confounding

What this study adds
Our mendelian randomisation analyses revealed a J shaped relation between
genetically predicted BMI and the risk of all cause mortality risk, with the lowest
risk at a BMI of around 22-25
Subgroup analyses stratified by smoking status suggested a J shaped relation in
ever smokers, but an always-increasing relation of BMI with mortality in never
smokers
In analyses split by cause of mortality (cardiovascular versus cancer versus
non-cardiovascular non-cancer), a J shaped relation was only found for noncardiovascular non-cancer mortality outcomes
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lower risk in underweight (BMI <18.5) and a 14% (−1%
to 27%) lower risk in low normal weight participants
(BMI 18.5-19.9). Non-linear mendelian randomisation
indicated a J shaped relation between geneticallypredicted BMI and the risk of all cause mortality,
with the lowest risk at a BMI of around 22-25 for the
overall sample. Subgroup analyses by smoking status,
however, suggested an always-increasing relation of
BMI with mortality in never smokers and a J shaped
relation in ever smokers.
Conclusions
The previously observed J shaped relation between
BMI and risk of all cause mortality appears to have
a causal basis, but subgroup analyses by smoking
status revealed that the BMI-mortality relation is likely
comprised of at least two distinct curves, rather than
one J shaped relation. An increased risk of mortality
for being underweight was only evident in ever
smokers.

Introduction
Body mass index (BMI) is a commonly used simple
measure that combines weight and height to classify
obesity.1 Over the past decades, the prevalence of
obesity (defined as a BMI of ≥30.0) has increased
worldwide.2 Although many studies have suggested
that obesity increases the risks of several adverse
health conditions,3 life expectancy during the same
period has increased.4 Several meta-analyses have
shown a J shaped relation between BMI and all cause
mortality, with the lowest point of the curve in the
normal weight (BMI 18.5-24.9) or even the overweight
(25.0-29.9) category.5 9 However, observational results,
even from well designed studies with large numbers of
participants, can be biased by residual confounding
and reverse causation. This could explain the increased
risk of mortality observed in underweight (BMI <18.5)
people. Therefore, investigating the shape of the causal
relation between BMI and all cause mortality is of great
interest.
One approach for investigating this is mendelian
randomisation, in which the association between a
disease outcome and genetically predicted values
of a modifiable risk factor are considered.10 The
rationale for considering genetically predicted values
is that the genetic code is fixed at conception and
is therefore somewhat immune to the influence of
both confounding and reverse causation. Under the
assumptions that participants with genetic variants
1
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Body mass index and all cause mortality in HUNT and UK
Biobank studies: linear and non-linear mendelian randomisation
analyses

RESEARCH

Methods
The HUNT Study
We used data from the second wave (1995-97) of the
HUNT Study on 65 229 people living in Nord-Trøndelag
aged 20 and older.14 Participants were followed up
until 15 April 2015 or their date of death. We excluded
participants without data on BMI or genetic variants
for BMI, leaving 56 150 people for analysis. Data on
baseline variables were collected by self administered
questionnaires or clinical examination. Trained
nurses measured height and weight at the clinical
examination, with the participants wearing light
clothes and no shoes. Height was measured in whole
centimetres. Weight was measured to the nearest 0.5
kg. Genome-wide genotyping was carried out by using
Illumina HumanCoreExome arrays.
UK Biobank
The UK Biobank cohort comprises around 500 000
people (94% of self reported European ancestry)
aged 40 to 69 at baseline and recruited between 2006
and 2010 in 22 assessment centres throughout the
UK. Participants were followed up until 17 February
2016 or their date of death.15 The database contains
genome-wide genotyping of baseline samples from all
participants, results of clinical examinations, assays of
biological samples, and detailed information on self
reported health behaviour, and is supplemented by
linkage with electronic health records such as hospital
inpatient data, mortality data, and cancer registries.
Data on height and weight were collected at baseline
when participants attended the assessment centre.
Height was measured in whole centimetres with a Seca
202 device. Weight was measured to the nearest 0.1 kg.
We performed detailed quality control procedures
on UK Biobank participants and on genetic variants.
2

In total, 366 385 unrelated participants of European
ancestry were included in the analyses. Further details
on both studies are provided in the supplementary
material.

Single nucleotide polymorphisms and allele score
as instrumental variables
We selected 77 single nucleotide polymorphisms as
candidate instrumental variables for BMI based on
European sex-combined analyses in a genome-wide
association study of the GIANT (Genetic Investigation
of Anthropometric Traits) consortium.16 Two of
these variants (rs12016871 and rs2033732) were
not available in the HUNT Study, and a further two
variants (rs13021737 and rs16951275) were excluded
from the analyses owing to an association with
smoking status in the HUNT Study. We calculated an
externally weighted allele score for each participant by
multiplying the number of BMI-increasing alleles the
participant carried by the variant’s association with
BMI from the GIANT study (see supplementary table
1) and summing across the remaining 73 variants.
Overall, the weighted allele score explained 2.0% and
1.6% of the variance in BMI in the HUNT Study and the
UK Biobank, respectively, corresponding to F statistics
of 1121 and 5964.
Study design
We performed several mendelian randomisation
analyses, assessing the association between genetically
predicted BMI and mortality outcomes or disease
incidence. When the relation between the exposure
and the outcome is non-linear, a linear mendelian
randomisation estimate represents the average
change in the outcome resulting from a shift in the
population distribution of the exposure.17 Here, we
express estimates for each 1 unit increase in BMI. We
also performed non-linear mendelian randomisation
analyses to estimate the shape of the association
between genetically predicted BMI and the outcome.18
Our primary analysis considered all cause mortality
as the outcome. We also conducted a priori specified
subgroup analyses considering men and women, never
smokers and ever smokers, and younger and older
participants (age at risk <65 years and ≥65 years). In
addition, we studied associations with cause specific
mortality events (cardiovascular, cancer, and other)
and with incident diseases (cardiovascular and cancer)
in the UK Biobank.
Statistical analyses
We calculated linear mendelian randomisation
estimates for BMI on the risk of mortality by using
the ratio of coefficients method.19 Linear regression
was used to estimate the association of the allele
score with BMI and Cox proportional hazards
regression to estimate the association of the allele
score with mortality. We adjusted for age, sex,
centre (in UK Biobank), and for age-squared (in
linear regression). Estimates were also calculated
within categories of residual BMI (<18.5, 18.5-19.9,
doi: 10.1136/bmj.l1042 | BMJ 2019;364:l1042 | the bmj
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predisposing them to higher levels of the risk factor
are similar on average to participants with genetic
variants predisposing them to lower levels of the
risk factor, and that genetic variants only influence
the outcome through their association with the risk
factor (here BMI), mendelian randomisation provides
unconfounded estimates representing average
changes in the outcome for lifelong differences in BMI
values.11 If values of the risk factor can be altered in a
way that reflects these genetic differences, then these
estimates have a causal interpretation.12 See Davies
and colleagues for a recent review of the approach.13
We applied mendelian randomisation to investigate
the potential causal relation of BMI on all cause
mortality in two population based prospective cohorts:
the Norwegian Nord-Trøndelag Health (HUNT) Study
and UK Biobank. Linear analyses were carried out to
quantify the average causal effect of a population shift
in the BMI distribution, and non-linear analyses to
characterise the shape of the BMI-mortality relation.
Subgroup analyses were performed stratifying by sex,
smoking status, and age at risk. We also investigated
the shape of the relation of BMI with disease specific
mortality and morbidity.
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Patient and public involvement
No patients were involved in setting the research
question or the outcome measures, nor were they
involved in the design or implementation of the study.
No patients were asked to advise on interpretation or
writing up of results. There are no plans to disseminate
the results of the research to study participants or the
relevant patient community.
Results
Table 1 shows the baseline characteristics of the
participants. Participants in the HUNT Study were
younger at baseline (mean age 49.6 v 56.7) and had
a slightly lower mean BMI (26.3 v 27.4) than those
in the UK Biobank. Distributions of BMI in the HUNT
Study and UK Biobank were similar and approximately
normal (supplementary table 2), except there were
more extremely obese participants in the UK Biobank.
The HUNT Study had a longer follow-up (median 18.5
v 7.0 years) and more deaths (12 015 v 10 344). A
greater proportion of participants in the HUNT Study
were ever smokers than in the UK Biobank (55.9% v
46.1%).
Linear mendelian randomisation analyses
Table 2 shows that linear mendelian randomisation
analyses provided some evidence of an overall
association between genetically predicted BMI and all
cause mortality, suggesting that increasing the overall
distribution of BMI in the population by 1 unit would
lead to an overall increase in the risk of mortality of
4% (95% confidence interval 2% to 6%). The estimate
was larger in women than in men for both studies.
However, opposite directions of association were
seen between BMI categories, with a 1 unit increase
in genetically predicted BMI leading to a 5% (95%
confidence interval 1% to 8%) higher risk of mortality
in overweight participants (BMI 25.0-29.9) and a
9% (4% to 14%) higher risk of mortality in obese
participants (BMI ≥30.0), but a 34% (16% to 48%)
lower risk in underweight participants (BMI <18.5) and
a 14% (−1% to 27%) lower risk in low normal weight
participants (BMI 18.5-19.9) (P value for trend 0.05 in
HUNT Study, 0.02 in UK Biobank). The MR-Egger test
did not detect substantial directional pleiotropy (MREgger intercept 0.005, P=0.13 in HUNT Study; −0.002,
P=0.71 in UK Biobank). The MR-Egger and weighted
median methods gave similar results to the primary
linear analysis method in UK Biobank (supplementary
table 3), and the scatterplot did not identify any
outlying genetic variants (supplementary fig 1). In the
HUNT Study, estimates from the robust methods were
substantially attenuated towards the null. One outlier
was detected, although omitting this variant from the
analyses did not materially affect our findings.
Non-linear mendelian randomisation analyses
Figure 2 shows that the overall results were similar
between the HUNT Study and UK Biobank. We observed
a J shaped relation between genetically predicted
BMI and all cause mortality. The curved shape of the
3
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20.0-24.9, 25.0-29.9, and ≥30.0). This categorisation
is based on World Health Organization guidelines.1 By
stratifying on residual BMI, defined as a participant’s
BMI minus the centred genetic contribution to
BMI from variants included in the allele score, we
compared individuals in the population who would
have similar BMI values (that is, values in the
same stratum) if they had the same genetic code.
Stratifying on BMI directly would distort estimates,
as BMI is on the causal pathway from the genetic
variants to the outcome. As sensitivity analyses, we
performed the MR-Egger method,20 with an intercept
term differing from zero representing evidence of
directional pleiotropy, and the weighted median
method,21 which is less sensitive to genetic variants
having outlying variant-specific causal estimates.
We also generated a scatterplot as a visual check for
outliers in the variant-specific causal estimates, as
such variants might be pleiotropic.
We applied a fractional polynomial method to
calculate non-linear mendelian randomisation
estimates of BMI on the risk of all cause mortality.17
18
Briefly, we divided the sample into 100 stratums
by using residual BMI. Then we calculated the linear
mendelian randomisation estimate, referred to as a
localised average causal effect, in each stratum of the
population as a ratio of coefficients: the association
of the allele score with the outcome divided by the
association of the allele score with the exposure. We
performed meta-regression of the localised average
causal effect estimates against the mean of the
exposure in each stratum in a flexible semiparametric
framework by using the derivative of fractional
polynomial models of degrees 1 and 2. Two tests
for non-linearity are reported: a trend test, which
assesses for a linear trend among the localised average
causal effect estimates, and a fractional polynomial
test, which assesses whether a non-linear model fits
the localised average causal effect estimates better
than a linear model. Figure 1 provides an intuitive
explanation of the method.
All non-linear comparisons are conducted within
stratums of the population defined by residual
BMI, so they only provide meaningful information
on comparisons within these stratums. Hence we
encourage focusing on the slope of the BMI-mortality
relation at different values of the BMI distribution,
rather than differences that extrapolate across the
whole range of the distribution. The slope of the graph
of the BMI-mortality relation is the average causal
estimate at that value of BMI. A statistically significant
causal estimate at a particular BMI value is evidenced
not when the confidence interval for the hazard ratio
excludes the value 1, but when the slopes of the upper
and lower bounds of its confidence interval are both
positive for a positive estimate, or both negative for a
negative estimate.
All statistical analyses were performed with R
(version 3.4.3) or Stata/SE 15.1 (StataCorp, College
Station, TX). The supplementary material provides a
detailed description of the methods.
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Probability density

The purple line represents the distribution of BMI for those with zero
copies of the BMI-increasing allele, the dashed orange line for those with
one copy, and the dashed magenta line for those with two copies.
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In our method, we divide the population into centiles based on “residual BMI” – the value that a participant’s BMI would take if they had
zero copies of the BMI-increasing allele. This is to ensure that we are comparing as far as possible like-with-like – all comparisons are
between participants who, if they had the same genotype, would be in the same centile of the BMI distribution.
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In the ﬁrst centile, we compare the shaded groups, and estimate an average causal effect representing a change in geneticallypredicted BMI for these individuals:
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In the second centile, we compare these groups (note the change in average BMI for each genetic group):
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and so on. Each comparison gives us a localised average causal effect – representing the average change in the outcome for
individuals in that centile of the distribution of residual BMI, which we scale to a 1 unit increase in genetically predicted BMI. We also
divide people into clinically motivated categories, to obtain localised average causal estimates in BMI categories deﬁned by the World
Health Organization. We then perform a meta-regression of the localised average causal effect estimates from each centile in a ﬂexible
modelling framework to ﬁnd the best ﬁt for the overall shape of the BMI-mortality relation. The slope at each point of this curve
represents the average change in the outcome for a 1 unit increase in genetically-predicted BMI – this is the localised average causal
effect at the given value of BMI.
Fig 1 | Description of method for estimating shape of body mass index-mortality relation by using genetic variants

relation was more pronounced in UK Biobank—with
higher risk both in underweight participants and in
overweight or obese participants. The lowest risk for
the overall population was at a BMI of around 22-23 in
the HUNT Study and around 25 in UK Biobank. Similar
results were observed in sensitivity analyses omitting
4

participants with a mortality event in the first two years
of follow-up (supplementary fig 2).

Subgroup analyses
Figure 3 shows the analysis split by sex. The slope for
greater harm of increasing BMI among overweight or
doi: 10.1136/bmj.l1042 | BMJ 2019;364:l1042 | the bmj
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Standard (linear) mendelian randomisation compares subgroups of
people with different numbers of alleles for a given genetic variant. For
simplicity of explanation, we assume that there is one genetic variant
that has a uniform effect on body mass index (BMI), and people can have
either zero copies, one copy, or two copies of the BMI-increasing allele.
The graph on the right shows the distribution of BMI in each subgroup:
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Table 1 | Baseline characteristics of participants in the HUNT Study and UK Biobank
HUNT Study
56 150
26 447 (47.1)
49.6 (16.6)
12 015
26.3 (4.1)
18.5
31 388 (55.9)

UK Biobank
366 385
168 171 (45.9)
56.7 (8.0)
10 344
27.4 (4.8)
7.0
168 903 (46.1)

obese participants was more evident in women than in
men.
Figure 4 shows the analyses stratified by smoking
status. The shape of the BMI-mortality relation was
markedly different between never smokers and ever
smokers. In never smokers, the shape of the doseresponse relation was always-increasing in both studies,
with no evidence for a harmful effect of reducing BMI
in underweight participants (supplementary table
4). The increase in risk of all cause mortality with
increasing BMI for never smokers was most clear in
the HUNT Study, with a positive slope throughout
the underweight, normal weight, and overweight
categories. In UK Biobank, the shape of the relation
was similar, although confidence intervals were wide
and compatible with a null effect at all values of BMI.
In ever smokers, the relation was J shaped in both
studies, with a clear detrimental effect of reduced BMI
in the underweight category and the low normal weight
category. In severely obese participants in the HUNT
Study, there was no increased risk of all cause mortality
associated with higher BMI, possibly owing to fewer
people having a BMI greater than 35.0. In the analyses
split by age at risk (supplementary fig 3), the harmful
effect of low BMI on mortality was clearer in younger
participants. However, ever smokers comprised a
considerable proportion of the deaths before age
65 (75% in HUNT Study and 60% in UK Biobank),
meaning that differences in the shape of the doseresponse relation between the age categories could be
explained by smoking status.
Figure 5 shows the analyses for cause specific
mortality in UK Biobank. The BMI-mortality curve
for cardiovascular mortality (2145 deaths) was
increasing, with increased risk associated with a

higher BMI in the overweight and obese categories,
no clear evidence for harm of lower BMI in the
underweight category, and the lowest risk of mortality
at a BMI of around 21-22. In contrast, the BMImortality curve for cancer mortality (6125 deaths)
was flatter, with no strong evidence that BMI affects
cancer mortality in any BMI category. Finally, the
dose-response relation for other causes of mortality
(non-cardiovascular non-cancer, 1998 deaths) had
a profoundly curved J shape, with the lowest risk of
mortality at a BMI of 23.0-24.0. The main causes of
death in the “other” group were respiratory diseases
(27%); diseases of the digestive system, including
alcoholic liver disease (18%); diseases of the nervous
system (15%); and deaths from external causes,
including suicide (11%). In analyses for incident
diseases in UK Biobank (supplementary fig 4), the
curve for the relation between BMI and cardiovascular
disease (7087 events) was increasing but with a much
shallower slope that was compatible with a null
effect, while the curve for any cancer (24 667 events)
was again flat.
Supplementary tables 5 and 6 show information on
mortality events in subgroups. In the UK Biobank study,
trend and fractional polynomial tests suggested nonlinear relations overall and in most subgroup analyses,
but not for never smokers (supplementary table 7).
Supplementary tables 8 and 9 provide estimates of the
hazard ratio for centiles of the BMI distribution.

Discussion
In this mendelian randomisation study of two large
prospective population based cohorts, we found an
overall J shaped relation between genetically predicted
BMI and the risk of all cause mortality. The lowest
risk was at a BMI of around 22-25. Risk of mortality
was increased both in underweight participants and
in overweight and obese participants. These results
are similar to those from the most recent and largest
observational meta-analyses.5-7 However, subgroup
analyses revealed that the overall shape of the BMImortality relation comprised distinct curves rather
than being one J shaped relation.
In the analyses stratified by smoking status, the
BMI-mortality relation was always-increasing in never

Table 2 | Linear mendelian randomisation estimates. Hazard ratios for all cause mortality for each 1 unit increase in
body mass index (BMI)

All cause mortality
Overall
Men
Women
Within residual BMI categories:
Underweight (<18.5)
Low normal weight (18.5-19.9)
High normal weight (20.0-24.9)
Overweight (25.0-29.9)
Obese (≥30.0)
Trend test

HUNT Study

UK Biobank

Hazard ratio
(95% CI)
1.03 (1.00 to 1.06)
1.01 (0.96 to 1.06)
1.05 (1.00 to 1.09)

P value
0.09
0.75
0.03

Hazard ratio
(95% CI)
1.05 (1.02 to 1.09)
1.05 (1.01 to 1.10)
1.06 (1.01 to 1.11)

Overall
P value
0.002
0.03
0.03

Hazard ratio
(95% CI)
1.04 (1.02 to 1.06)
1.04 (1.00 to 1.07)
1.05 (1.02 to 1.09)

P value
<0.001
0.05
0.002

0.79 (0.56 to 1.13)
0.90 (0.71 to 1.14)
0.98 (0.93 to 1.04)
1.04 (0.99 to 1.09)
1.05 (0.98 to 1.13)
NA

0.19
0.40
0.61
0.10
0.14
0.05

0.57 (0.41 to 0.79)
0.82 (0.66 to 1.03)
1.00 (0.94 to 1.06)
1.05 (1.00 to 1.11)
1.11 (1.05 to 1.18)
NA

<0.001
0.09
0.98
0.04
<0.001
0.02

0.66 (0.52 to 0.84)
0.86 (0.73 to 1.01)
0.99 (0.95 to 1.04)
1.05 (1.01 to 1.08)
1.09 (1.04 to 1.14)
NA

<0.001
0.07
0.07
0.01
<0.001
0.01

NA=not applicable.
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Characteristics
No of participants
No (%) of men
Mean (SD) age at baseline (years)
No of deaths
Mean (SD) body mass index
Median follow-up (years)
No (%) of ever smokers

Hazard ratio for all cause mortality

10.0

HUNT Study

4
3
2

1
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7.5
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1.0
20
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Fig 2 | Non-linear mendelian randomisation. Dose-response curve between body
mass index and all cause mortality for HUNT Study and UK Biobank. Gradient at each
point of the curve is the localised average causal effect. Shaded areas represent 95%
confidence intervals

smokers with no evidence of harm of lower BMI in
underweight participants. In contrast, a J shaped (or
even U shaped) BMI-mortality relation was observed
in ever smokers, with estimates suggesting a harmful
effect of lower BMI in the underweight and normal
weight categories. Similarly, the BMI-mortality relation
was J shaped or decreasing in younger participants
(<65 years), but it was generally increasing in older
participants (>65 years). This is not consistent with
results of several observational studies in older people,
in which overweight categories were associated with
a lower risk of all cause mortality.22 23 There is an
intrinsic limitation in separating age and smoking
status, as deaths before age 65 were more common in
ever smokers.
Another factor that is difficult to separate is cause
specific mortality, as both never smokers and ever
smokers and younger and older participants, differed
substantially in their distributions of cause of death.
We found an increasing relation between BMI and
cardiovascular mortality, a null relation for cancer
mortality, and a steep U shaped relation for noncardiovascular non-cancer mortality.

Possible explanations for findings
The mechanisms leading to increased all cause
mortality might be different in underweight and
overweight or obese participants. Underweight status—
or its underlying causes, such as malnutrition—could
lead to decreased immune function and an increased
6

risk of infection.24 Underweight people might have an
increased risk of surgical complications.25 Moreover,
being underweight is associated with psychological
disorders. A previous systematic review showed that
being underweight was associated with an increased
risk of completed suicide.26 A recent observational
study reported a J shaped association between BMI
and all cause mortality and a more profound U shaped
association between lean body mass and mortality,27
suggesting that the higher risk of all cause mortality in
the lower range of BMI might be explained by low lean
mass rather than low fat mass. Low fat-free mass has
also been reported to associate more strongly with the
risk of all cause mortality than low fat mass.28
For a given BMI, women have higher levels of
subcutaneous adipose tissue and fat mass than
men,29 which could explain the steeper curve for
harm of BMI increases in overweight and obese
women compared with men in both the HUNT Study
and UK Biobank.
The relation between smoking and obesity is
complex, with previous evidence showing statistical
interaction in their relation with mortality consistent
with competitive antagonism.30 People with higher
genetically predicted BMI are more likely to be
smokers.31 However, smoking also reduces body
weight.32 Increased mortality in underweight smokers
might be driven by respiratory diseases,33 a major component of non-cardiovascular non-cancer
mortality. This could explain the differences in the BMImortality relation between ever smokers and never
smokers, as respiratory diseases are more common in
ever smokers.

Strengths and limitations of this study
Our study explored the shape of the potential causal
relation between BMI and the risk of all cause
mortality in a mendelian randomisation framework
using fractional polynomial methodology. This
method enables the division of the sample population
into fine stratums, as stratum specific estimates are
smoothed to give an overall BMI-mortality curve. A
fine stratification is crucial to investigate the effect of
lower BMI in underweight participants (1% to 3% of
our sample populations).
Our study is limited by the study type. Compared
with observational studies, mendelian randomisation
studies are less vulnerable to bias from reverse
causation and unmeasured confounding, particularly
relating to confounding factors acting after the genetic
code is fixed at conception. The genetic variants were
not associated with important confounders such as
smoking and socioeconomic status in the HUNT Study.
The genetic variants might be subject to residual
confounding or pleiotropy. However, the MR-Egger
test did not detect substantial directional pleiotropy,
neither did the MR-Egger or weighted median method
produce a substantially different result in UK Biobank.
Our investigation is observational rather than
interventional, so a more conservative interpretation
that the results represent unconfounded estimates,
doi: 10.1136/bmj.l1042 | BMJ 2019;364:l1042 | the bmj
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Fig 3 | Non-linear mendelian randomisation. Dose-response curve between body mass index and all cause mortality in men and women for HUNT
Study and UK Biobank. Gradient at each point of the curve is the localised average causal effect. Shaded areas represent 95% confidence intervals
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Fig 4 | Non-linear mendelian randomisation. Dose-response curve between body mass index and all cause mortality in never smokers and ever
smokers for HUNT Study and UK Biobank. Gradient at each point of the curve is the localised average causal effect. Shaded areas represent 95%
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the bmj | BMJ 2019;364:l1042 | doi: 10.1136/bmj.l1042

7

Hazard ratio for other mortality events
Hazard ratio for other mortality events

10.0

10.0

to potential bias owing to differential selection, this
means that the UK Biobank results are representative
of healthier people than the UK population average.
Genetic variants influence traits across the whole life
course. Consequently, the associations we observe
between genetically predicted BMI and mortality cannot
be attributed to the causal effect of BMI at any particular
period.35
Finally, our investigation was conducted in middle
aged to early late aged participants of European descent
based in Norway and the UK. Our findings might not
be applicable to less healthy individuals, older people,
and different nationalities and ethnicities.

Cardiovascular mortality
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Conclusions and public health implications
Mendelian randomisation analyses in two population
based prospective cohort studies suggested that
population shifts to raise BMI across its distribution
would lead to an overall increased risk of all cause
mortality, but that increasing BMI to the normal weight
category would reduce the risk of all cause mortality
for underweight participants. The shape of the BMImortality curve was, however, different depending
on sex, smoking status, age, and cause of death, with
harm of having low BMI being evident in ever smokers,
and an always-increasing relation between BMI and
mortality in never smokers.
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Fig 5 | Non-linear mendelian randomisation in UK Biobank. Dose-response curve
between body mass index and cause specific mortality. Gradient at each point of the
curve is the localised average causal effect. Shaded areas represent 95% confidence
intervals

rather than causal estimates, could be preferred.
However, if interventions in BMI can be conceived that
are equivalent to how the genetic variants influence
BMI, then a causal interpretation is warranted. Our
results could be affected by collider bias. Stratifying
on residual BMI rather than BMI directly avoids bias
in the overall analysis, but stratifying on smoking
status leads to collider bias. Given the size of the effect
of BMI on smoking status previously observed in UK
Biobank,31 however, the magnitude of collider bias in
this case is likely to be negligible.34
A further limitation is the possibility of ascertainment
bias. About 30% of the inhabitants in Nord-Trøndelag
County did not participate in the HUNT Study, and a
further 14% of the participants did not have information
on genotype or BMI and so were excluded from the
analysis. In UK Biobank, only around 5% of people
invited to take part were enrolled in the study. In addition
8

Department of Clinical and Molecular Medicine (IKOM), NTNU,
Norwegian University of Science and Technology, Trondheim,
Norway
2
MRC Biostatistics Unit, Cambridge Institute of Public Health,
Cambridge CB2 0SR, UK
3
Cardiovascular Epidemiology Unit, Department of Public Health
and Primary Care, University of Cambridge, Cambridge, UK
4
MRC Integrative Epidemiology Unit, Population Health Sciences,
Bristol Medical School, University of Bristol, Bristol, UK
5
NIHR Blood and Transplant Research Unit in Donor Health and
Genomics, Department of Public Health and Primary Care, University
of Cambridge, Cambridge, UK
6
Department of Public Health and Nursing, NTNU, Norwegian
University of Science and Technology, Trondheim, Norway
7
Norwegian Institute of Public Health, Oslo, Norway
8
University of Oslo, Oslo, Norway
9
School of Epidemiology and Public Health, Faculty of Medicine,
University of Ottawa, Ottawa, ON, Canada
The Nord-Trøndelag Health (HUNT) Study is a collaboration between
the HUNT Research Centre (Faculty of Medicine and Health Sciences,
NTNU, Norwegian University of Science and Technology), NordTrøndelag County Council, and Norwegian Institute of Public Health.
This research was conducted using the UK Biobank Resource under
Application Number 7439. The views expressed are those of the
authors and not necessarily those of the National Health Service,
National Institute for Health Research, or Department of Health and
Social Care.
Contributors: YQS, SBu, and XMM contributed to the research
questions and study design. XMM contributed to data collection for
HUNT Study. YQS, SBu, and JRS conducted statistical analyses. YQS,
SBu, and XMM interpreted the results and wrote the initial draft of the
manuscript. JRS, SBe, AMW, SKK, QG, TRB, AMM, ASB, EDA, GÅV, JHB,
JMK, and YC interpreted the data and helped to write the final draft of
the manuscript. SB, YQS, and XMM had full access to the data in the
study and can take responsibility for the integrity of the data and the
accuracy of the data analysis. SBu and YQS are the guarantors. The
corresponding author attests that all listed authors meet authorship
criteria and that no others meeting the criteria have been omitted.
YQS and SBu contributed equally to this work.

doi: 10.1136/bmj.l1042 | BMJ 2019;364:l1042 | the bmj

BMJ: first published as 10.1136/bmj.l1042 on 26 March 2019. Downloaded from http://www.bmj.com/ on 26 March 2019 by guest. Protected by copyright.

10.0

Hazard ratio for other mortality events

RESEARCH

RESEARCH

Competing interests: All authors have completed the ICMJE uniform
disclosure form at www.icmje.org/coi_disclosure.pdf and declare: no
support from any organisation for the submitted work; no financial
relationships with any organisations that might have an interest in the
submitted work in the previous three years, no other relationships or
activities that could appear to have influenced the submitted work.
Ethical approval: The HUNT Study has ethical approval from The
Regional Committee for Medical Research in Norway (REK). Approval
for individual projects is regulated in conjunction with The Norwegian
Social Science Data Services (NSD). The UK Biobank study has ethical
approval from the North West Multi-centre Research Ethics Committee
(MREC). Approval for individual projects is covered by the Research
Tissue Bank (RTB).
Data sharing: Data from the HUNT Study and UK Biobank are
available on application.
Transparency: The manuscripts guarantors (SBu and YQS) affirm that
the manuscript is an honest, accurate, and transparent account of the
study being reported; that no important aspects of the study have
been omitted; and that any discrepancies from the study as planned
have been explained.
This is an Open Access article distributed in accordance with the
terms of the Creative Commons Attribution (CC BY 4.0) license, which
permits others to distribute, remix, adapt and build upon this work,
for commercial use, provided the original work is properly cited. See:
http://creativecommons.org/licenses/by/4.0/.
1

World Health Organization. Obesity: preventing and managing the
global epidemic. Report of a WHO consultation. World Health Organ
Tech Rep Ser 2000;894:i-xii, 1-253.
2 NCD Risk Factor Collaboration (NCD-RisC). Trends in adult body-mass
index in 200 countries from 1975 to 2014: a pooled analysis of
1698 population-based measurement studies with 19·2 million
participants. Lancet 2016;387:1377-96. doi:10.1016/S01406736(16)30054-X
3 Calle EE, Thun MJ, Petrelli JM, Rodriguez C, Heath CWJr. Body-mass
index and mortality in a prospective cohort of U.S. adults. N Engl J
Med 1999;341:1097-105. doi:10.1056/NEJM199910073411501
4 Wang H, Abajobir AA, Abate KH, et al, GBD 2016 Mortality
Collaborators. Global, regional, and national under-5 mortality,
adult mortality, age-specific mortality, and life expectancy, 19702016: a systematic analysis for the Global Burden of Disease
Study 2016. Lancet 2017;390:1084-150. doi:10.1016/S01406736(17)31833-0
5 Aune D, Sen A, Prasad M, et al. BMI and all cause mortality:
systematic review and non--linear dose-response meta-analysis of
230 cohort studies with 3.74 million deaths among 30.3 million
participants. BMJ 2016;353:i2156. doi:10.1136/bmj.i2156
6 Di Angelantonio E, Bhupathiraju ShN, Wormser D, et al, Global BMI
Mortality Collaboration. Body-mass index and all-cause mortality:
individual-participant-data meta-analysis of 239 prospective studies
in four continents. Lancet 2016;388:776-86. doi:10.1016/S01406736(16)30175-1
7 Bhaskaran K, Dos-Santos-Silva I, Leon DA, Douglas IJ, Smeeth L.
Association of BMI with overall and cause-specific mortality: a
population-based cohort study of 3·6 million adults in the UK.
Lancet Diabetes Endocrinol 2018;6:944-53. doi:10.1016/S22138587(18)30288-2
8 Flegal KM, Kit BK, Orpana H, Graubard BI. Association of all-cause
mortality with overweight and obesity using standard body
mass index categories: a systematic review and meta-analysis.
JAMA 2013;309:71-82. doi:10.1001/jama.2012.113905
9 Peter RS, Mayer B, Concin H, Nagel G. The effect of age on the
shape of the BMI-mortality relation and BMI associated with
minimum all-cause mortality in a large Austrian cohort. Int J Obes
(Lond) 2015;39:530-4. doi:10.1038/ijo.2014.168
10 Smith GD, Ebrahim S. ‘Mendelian randomization’: can genetic
epidemiology contribute to understanding environmental

the bmj | BMJ 2019;364:l1042 | doi: 10.1136/bmj.l1042

11
12
13
14
15

16

17

18

19

20

21

22
23
24
25
26

27
28
29

30
31
32

33

determinants of disease?Int J Epidemiol 2003;32:1-22.
doi:10.1093/ije/dyg070
Burgess S, Butterworth A, Malarstig A, Thompson SG. Use of
Mendelian randomisation to assess potential benefit of clinical
intervention. BMJ 2012;345:e7325. doi:10.1136/bmj.e7325
Didelez V, Sheehan N. Mendelian randomization as an instrumental
variable approach to causal inference. Stat Methods Med
Res 2007;16:309-30. doi:10.1177/0962280206077743
Davies NM, Holmes MV, Davey Smith G. Reading Mendelian
randomisation studies: a guide, glossary, and checklist for clinicians.
BMJ 2018;362:k601. doi:10.1136/bmj.k601
Krokstad S, Langhammer A, Hveem K, et al. Cohort profile: the HUNT
study, Norway. Int J Epidemiol 2013;42:968-77. doi:10.1093/ije/
dys095
Sudlow C, Gallacher J, Allen N, et al. UK biobank: an open access
resource for identifying the causes of a wide range of complex
diseases of middle and old age. PLoS Med 2015;12:e1001779.
doi:10.1371/journal.pmed.1001779
Locke AE, Kahali B, Berndt SI, et al, LifeLines Cohort Study, ADIPOGen
Consortium, AGEN-BMI Working Group, CARDIOGRAMplusC4D
Consortium, CKDGen Consortium, GLGC, ICBP, MAGIC Investigators,
MuTHER Consortium, MIGen Consortium, PAGE Consortium,
ReproGen Consortium, GENIE Consortium, International Endogene
Consortium. Genetic studies of body mass index yield new insights
for obesity biology. Nature 2015;518:197-206. doi:10.1038/
nature14177
Burgess S, Davies NM, Thompson SG, EPIC-InterAct Consortium.
Instrumental variable analysis with a nonlinear exposure-outcome
relationship. Epidemiology 2014;25:877-85. doi:10.1097/
EDE.0000000000000161
Staley JR, Burgess S. Semiparametric methods for estimation of
a nonlinear exposure-outcome relationship using instrumental
variables with application to Mendelian randomization. Genet
Epidemiol 2017;41:341-52. doi:10.1002/gepi.22041
Palmer TM, Sterne JA, Harbord RM, et al. Instrumental variable
estimation of causal risk ratios and causal odds ratios in Mendelian
randomization analyses. Am J Epidemiol 2011;173:1392-403.
doi:10.1093/aje/kwr026
Bowden J, Davey Smith G, Burgess S. Mendelian randomization with
invalid instruments: effect estimation and bias detection through
Egger regression. Int J Epidemiol 2015;44:512-25. doi:10.1093/ije/
dyv080.
Bowden J, Davey Smith G, Haycock PC, Burgess S. Consistent
estimation in Mendelian randomization with some invalid
instruments using a weighted median estimator. Genet
Epidemiol 2016;40:304-14. doi:10.1002/gepi.21965
Cheng FW, Gao X, Mitchell DC, et al. Body mass index and all-cause
mortality among older adults. Obesity (Silver Spring) 2016;24:22329. doi:10.1002/oby.21612
Winter JE, MacInnis RJ, Wattanapenpaiboon N, Nowson CA. BMI
and all-cause mortality in older adults: a meta-analysis. Am J Clin
Nutr 2014;99:875-90. doi:10.3945/ajcn.113.068122
Dobner J, Kaser S. Body mass index and the risk of infection - from
underweight to obesity. Clin Microbiol Infect 2018;24:24-8.
doi:10.1016/j.cmi.2017.02.013
Galyfos G, Geropapas GI, Kerasidis S, Sianou A, Sigala F, Filis K. The
effect of body mass index on major outcomes after vascular surgery. J
Vasc Surg 2017;65:1193-207. doi:10.1016/j.jvs.2016.09.032
Perera S, Eisen RB, Dennis BB, et al. Body Mass Index Is an Important
Predictor for Suicide: Results from a Systematic Review and MetaAnalysis. Suicide Life Threat Behav 2016;46:697-736. doi:10.1111/
sltb.12244
Lee DH, Keum N, Hu FB, et al. Predicted lean body mass, fat mass,
and all cause and cause specific mortality in men: prospective US
cohort study. BMJ 2018;362:k2575. doi:10.1136/bmj.k2575
Bigaard J, Frederiksen K, Tjønneland A, et al. Body fat and fatfree mass and all-cause mortality. Obes Res 2004;12:1042-9.
doi:10.1038/oby.2004.131
Camhi SM, Bray GA, Bouchard C, et al. The relationship of waist
circumference and BMI to visceral, subcutaneous, and total body fat:
sex and race differences. Obesity (Silver Spring) 2011;19:402-8.
doi:10.1038/oby.2010.248
Banack HR, Kaufman JS. Estimating the time-varying joint effects of
obesity and smoking on all-cause mortality using marginal structural
models. Am J Epidemiol 2016;183:122-9.
Carreras-Torres R, Johansson M, Haycock PC, et al. Role of obesity in
smoking behaviour: Mendelian randomisation study in UK Biobank.
BMJ 2018;361:k1767. doi:10.1136/bmj.k1767
Winsløw UC, Rode L, Nordestgaard BG. High tobacco consumption
lowers body weight: a Mendelian randomization study of the
Copenhagen General Population Study. Int J Epidemiol 2015;44:54050. doi:10.1093/ije/dyu276
Wade KH, Carslake D, Sattar N, Davey Smith G, Timpson NJ. BMI
and Mortality in UK Biobank: Revised Estimates Using Mendelian

9

BMJ: first published as 10.1136/bmj.l1042 on 26 March 2019. Downloaded from http://www.bmj.com/ on 26 March 2019 by guest. Protected by copyright.

Funding: YQS and this work were supported by the Norwegian Cancer
Society (project ID 5769155-2015) and Research Council of Norway
“Gaveforsterkning”. GÅV and JMK were supported by the Research
Council of Norway (grant No 250335). SBu is supported by a Sir Henry
Dale Fellowship jointly funded by the Wellcome Trust and the Royal
Society (grant No 204623/Z/16/Z). This work was supported by core
funding from the UK Medical Research Council (MR/L003120/1),
British Heart Foundation (RG/13/13/30194), and National Institute
for Health Research (Cambridge Biomedical Research Centre at the
Cambridge University Hospitals NHS Foundation Trust). The funders
had no role in the study design; in the collection, analysis, and
interpretation of data; in the writing of the report; and in the decision
to submit the article for publication.

RESEARCH

No commercial reuse: See rights and reprints http://www.bmj.com/permissions

instrumental variable?Eur J Epidemiol 2018;33:723-8. doi:10.1007/
s10654-018-0396-6

Supplementary materials: Details of studies and
participants, statistical methods, supplementary
tables 1-9, and supplementary figures 1-4

Subscribe: http://www.bmj.com/subscribe

BMJ: first published as 10.1136/bmj.l1042 on 26 March 2019. Downloaded from http://www.bmj.com/ on 26 March 2019 by guest. Protected by copyright.

Randomization. Obesity (Silver Spring) 2018;26:1796-806.
doi:10.1002/oby.22313
34 Gkatzionis A, Burgess S. Contextualizing selection bias in Mendelian
randomization: how bad is it likely to be?Int J Epidemiol 2018.
doi:10.1093/ije/dyy202
35 Swanson SA, Labrecque J, Hernán MA. Causal null hypotheses
of sustained treatment strategies: What can be tested with an

