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Abstract Closed-loop glucose control has the potential to improve the glycemic
control in patients with diabetes mellitus type 1. Such an artificial pancreas (AP)
should keep the user safe despite all disturbances and faults. The objective of this
paper is to analyze those perturbations according to their effects on the glycemic
status, and thereby supporting an informed design process of the control system.
As suggested by the international standard ISO 14971 for risk management of
medical devices, the well proven failure modes and effects analysis (FMEA) was
chosen as instrument. An FMEA scheme was modified for this purpose and app-
lied to a single-hormone system with subcutaneous and intraperitoneal routes for
glucose sensing and insulin administration. Faults that imply urgent danger and
thus require fast detection and diagnosis were identified and distinguished from
disturbances that can be sufficiently addressed by basic control functions, e.g. by
adaptive control algorithms. Requirements and testing criteria for basic control
functions as well as fault detection and diagnosis functions can be derived from
the provided overview.

Keywords First keyword · Second keyword · More

1 Introduction

Safety is the primary requirement on a control system that doses insulin to regu-
late the blood glucose level (BGL) in diabetes mellitus type 1 (DM1). People with
DM1 have an insufficient pancreatic insulin production and depend on lifelong in-
sulin administration to avoid hyperglycemia. The chronically elevated BGL would
otherwise lead to several long-term complications. Hypoglycemia caused by over-
dosing of insulin, on the other hand, may lead to unconsciousness and death in the
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short term. Accordingly, the goal of DM1 treatment is to tightly control the blood
glucose to levels as close to normal as possible without inducing hypoglycemia.

Manual treatment is cumbersome and error-prone because the insulin needs
change over time due to physiological variation and external perturbations [1].
This necessitates lifelong precautions and permanent awareness of the disease, a
burden that may significantly affect the quality of life [2]. Worldwide, researchers
therefore aim to develop an artificial pancreas (AP), a fully automated system
for glucose control [3]. The absence of permanent human supervision requires
particularly reliable and safe systems [4], with safety defined as the absence of
unacceptable risk [5]. A risk in this regard can originate from anything that com-
promises the intended functionality of the system and causes harm [6]. Standards
on system safety engineering (e.g. IEC 61508) require that risks are reduced by
safety functions designed to detect, notify and act upon faulty conditions [7].

This paper, therefore, performs a risk analysis of the safety-critical system
from the perspective of the controller unit with an undefined control algorithm.
The main motivation behind this paper is to (i) identify control challenges and
risks associated with a fully automated AP which the controller needs to handle,
and (ii) to suggest strategies to ensure a safe design of the control system. The
second goal includes a recommendation whether the system should automatically
respond or alert the user.

Following this introduction, the background of closed-loop glucose control and
the safety of artificial pancreas systems is outlined in section 2. Section 3 contains
the risk analysis beginning with the definition of the aim in section 3.1. The ana-
lyzed system and underlying assumptions are outlined in section 3.2, before the
main hazards are deduced in section 3.3. Section 3.4 presents the actual risk ana-
lysis by means of Failure Modes and Effects Analysis. Section 4 and 5 summarize
methods for fault and meal detection, respectively. Section 6 discusses different
aspects of the results. Eventually, the work is concluded in section 7.

2 Background

In manual therapy of DM1, long-acting insulin is injected subcutaneously one or
two times daily. Additional boluses of fast-acting insulin are injected immediately
before meals to mitigate postprandial hyperglycemia. The glucose-elevating effect
of each meal must be estimated in order to dose these pre-meal insulin boluses.
The BGL is typically monitored by frequent capillary blood glucose measurements
which are achieved by pricks into the fingertip. Devices for continuous glucose
monitoring (CGM) in the subcutaneous (SC) tissue provide the glucose trend and
can be used to take more informed therapeutic decisions. However, the readings
of the common amperometric, enzyme-based sensors for SC can be substantially
compromised by sensor drift, calibration errors and the physiological delay between
blood and interstitial glucose concentration [8].

A more advanced option to administer insulin are insulin pumps that deliver
fast-acting insulin continuously into the SC tissue. The basal insulin infusion rate
(IIR) is adjusted throughout the day according to a manually pre-programmed
protocol. These insulin pumps can be augmented by SC CGM. The state-of-the-
art, semi-automated systems adjust the basal IIR automatically based on the CGM



Risk Analysis for the Design of a Safe Artificial Pancreas Control System 3

readings. However, prandial insulin boluses still need to be initiated by the patient
[9].

All insulin pumps on the market alert to low battery status and to an empty or
nearly empty insulin reservoir [10]. The pumps also feature alarms to indicate an
occluded delivery tube based on pressure and current measurements [10], but the
detection is rather delayed dependent on the infusion rate and the length of the
tubing [11,12]. Some modern pumps carry out automated safety functions based
on SC glucose measurements (GSC). If the glucose level drops below a threshold,
an alarm is raised and the insulin delivery is suspended for a limited period (“low
glucose suspend”). Novel pumps even include predictive pump shut-off algorithms
that stop insulin delivery if a glucose level below the threshold is expected in
the near future (“predictive low glucose suspend”). Several clinical studies give
evidence for a certain benefit of such low glucose suspend systems in avoiding severe
hypoglycemic events [13,14]. Nevertheless, they are to some extent unreliable with
today’s technology because erroneously low sensor readings often occur during
night and can trigger pump shut-offs with resulting hyperglycemia [15]. These
spurious activations of safety functions compromise the achievable performance
of closed-loop glucose control. The extended time spent in hyperglycemia during
studies with threshold suspend systems [13] may be explained by this.

Alerts and alarms inform about undesired or dangerous events and involve
humans in the decision process. Such alarms affect not only the person with DM1
but also persons in the environment, in particular family members. The reasons,
timing and sound level of alarms and alerts and their consequences are complex
[16]. A high frequency of alarms may provoke alarm fatigue [17]. Today’s sensor-
augmented insulin pumps already alert to as many as 47 different events and
conditions, with expected increasing numbers as the degree of automation further
increases [16]. Thus, the decision between alarming the user and autonomous event
handling is essential.

Existing semi-automated glucose control systems and concepts rely on ma-
nual user input to correct for meals or exercise. Experience indicates that self-
monitoring is challenging [18] and such input often results in erroneous operation
[19]. The ultimate goal is therefore to develop a fully automated AP which must
autonomously give correct insulin doses, while detecting and coping with pertur-
bations [20,21]. An equally important requirement is that the system suspends
itself in a safe way in situations where a trustworthy control is not guaranteed.

Main control strategies are to some extent inherently robust and/or include sa-
fety functions. Integral windup protection in proportional-integral-derivative con-
trollers, for example, has the potential to suspend insulin infusion when hypogly-
cemia is impending [22]; and it is relatively easy to use safety constraints to limit
the insulin-on-board amount in model predictive control [23]. However, an overall
safe system design requires that faults are handled by dedicated safety functions
[7]. It is particularly challenging to identify the type of a single perturbation from
the multiplicity of possible disturbances and faults. The diagnosis becomes even
more complex when multiple faults are present simultaneously; for example, an
erroneously low sensor signal while the insulin infusion suffers from an occlusion.

The risks of glucose control systems have been particularly analyzed in a few
publications: The safety-related problems arising in an AP have been compared
with those in air craft and the chemical process industry [24]. The risks associa-
ted with the software of insulin pumps have been outlined [10], whereas a hazard
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Fig. 1 Basic structure of single-hormone artificial pancreas with sensing unit, controller
unit and insulin infusion unit. AA - Alarms, alerts (for external attention), FR - Fault re-
sponse, Gactual - Actual local glucose concentration, Gmeas - Measured glucose concentration,
IIRactual - Actual insulin infusion rate, IIRdes - Desired insulin infusion rate, SU - Set-up
of basic control functions. The figure is licensed under a Creative Commons BY-NC-SA 4.0
license.

analysis including operation, software and hardware problems provides a more
comprehensive overview [25]. Adverse events related to SC insulin infusion sets
have been analyzed together with insulin pumps [26–29] or separately [30–32].
Furthermore, the importance of accurate glucose sensor signals and their proces-
sing has been discussed [33], as well as the variability of insulin sensitivity within
and between subjects and the physiological factors [1,34]. Combining all this, a
taxonomy of AP-related safety issues has been suggested [35]. Recently, safety as-
pects of the separate unit of an AP have been reviewed [36,37]. However, academic
efforts to improve the safety of glucose control systems have mainly focused on
the development of methods that react upon hypoglycemia rather than identifying
strategies that act upon the root causes at the earliest possible time. The road
map towards a fully automated AP, for example, contains steps that do not address
specific faults but rather handle acute impending hypo- and hyperglycemia [38].

The present risk analysis starts at the origins by structurally analyzing pertur-
bations with glycemic effect. The results shall support the development of reliable
control algorithms and methods which maintain the system in a safe state despite
all foreseeable and unforeseeable events. This includes appropriate reasoning and
timing for user warnings.

3 Risk analysis

3.1 Aim

A typical single-hormone AP with three components, i.e. sensing unit, controller
unit and insulin infusion unit, is analyzed. Figure 1 shows the analyzed system with
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the human body as part of the control loop. Changes within the user’s body affect
the whole system and are therefore included in the risk analysis. The overall system
is affected by both internal and external perturbations. Internal perturbations are
faults within the system which impair the required performance, whereas external
perturbations are unknown inputs acting on the system or its dynamics. The
risk analysis is intended to serve as a basis to achieve an inherently safe design
of the control system. In general, basic control functions can be differentiated
from dedicated fault detection and diagnosis functions. The basic control functions
deal with common disturbances under normal circumstances, whereas the fault
detection and diagnosis functions respond to specific faults by either changing the
basic control functions (e.g. adjusting the target BGL or minimizing the insulin
infusion rate) or alerting the user. In addition, they may act as emergency barriers
and override the basic control functions. The risk analysis includes both kinds of
perturbations (disturbances and faults) in order to specify requirements for the
whole controller unit.

3.2 Assumptions about the analyzed system

3.2.1 General

The desired functionality of the AP can in principle be realized with various de-
signs. Here, a partially implanted system is considered with only the tip of the
insulin infusion set and the sensing elements being within the body. All other
electronics, the common batteries for power supply, the insulin reservoir, and the
pump mechanism are situated outside the body. In case of insulin infusion into
the peritoneal cavity (IIP) or intraperitoneal glucose sensing (GIP), the peritoneal
port is established by physicians before the responsibility is transferred to the user.
Both intended use and reasonably foreseeable misuse during installation, normal
operation and end-of-lifetime are considered as fault sources. However, faults cau-
sed by poor installation which become obvious during system start-up, e.g. air
bubbles in the tubing, are excluded. Though the use of off-the-shelf components is
assumed, no specific products are considered. Failures due to inappropriate pro-
cessing of material during manufacturing are excluded. Thus, random hardware
failures (e.g. holes in tubing) are not considered. However, consumables degrade
faster than the insulin pump and need to be changed frequently. These hardware
failures due to degradation mechanisms within the lifetime of the insulin pump
are considered, as are systematic failures occurring during insertion, installation,
change and calibration of equipment. It is assumed that the system function is
paused during maintenance.

3.2.2 Controller unit

The risk analysis aims to define general requirements on safe control functions
without choosing a specific control strategy. Nonspecific basic control functions
working perfectly in nominal control are assumed, thereby excluding controller
errors which depend on the control strategy such as MPC [39]. Moreover, it is as-
sumed in the analysis that no safety functions such as low-glucose-suspend systems



6 First Author, Second Author

are implemented, though they became a standard in marketed insulin pumps. Sa-
fety functions in this context constitute functions for fault detection and diagnosis
plus the necessary interface with basic control functions and the insulin infusion
unit to ensure a specified response to detected faults. Neither meals nor exercises
are announced to the controller unit whose application program may be integrated
in the pump as in today’s devices or run externally.

Firmware faults (e.g. timing or memory errors) are no particular property
of the AP but may be present in any medical device software. The same holds
for hardware failures of off-the-shelf electronic components. At this stage, neither
firmware nor hardware faults are considered.

3.2.3 Insulin infusion unit

The insulin infusion unit consists of a traditional insulin pump including an in-
sulin reservoir, and the insulin infusion set. Malfunction appears in any common,
commercially available insulin pump [40]. However, here it is assumed that the
insulin infusion pump works with specified accuracy and has no defects, failures of
the insulin pump are not considered – the insulin pump works perfectly within its
lifetime. The insulin infusion set typically consists of off-the-shelf plastic tubing, a
steel needle or Teflon cannula as well as the connectors between pump and tube,
and tube and needle/cannula [31]. Novel patch pumps contain the insulin infu-
sion set and avoid thus incidents associated with the tubing [41] but are, however,
not considered here. Fast-acting insulin is administered into abdominal SC tissue
or into the peritoneal cavity. A port similar to DiaPort from Roche Diagnostics
(Mannheim, Germany) [42] is assumed for IIP. The insulin is administered with de-
fined chemical and physical properties, i.e. no deterioration and no volume changes
or formation of air bubbles due to ambient temperature or pressure changes.

3.2.4 Human body

By including the insulin-glucose physiology of the human body as a potential
source of perturbations, a net nominal effect of insulin on the BGL can be assumed.
All deviations from this nominal insulin-to-glucose net effect are treated as faults
in the FMEA, regardless their origins. This corresponds to plant faults in the
chemical process industry which change the dynamical input/output properties
of the system [43]. Although the final control system will probably handle some
altered dynamics as disturbances, referring to them as faults provides a structured
and more comprehensive analysis. Moreover, they may impair the fault detection
and therefore have to be considered while tuning the latter.

3.2.5 Sensing unit

The glucose concentration is continuously monitored by means of GSC or GIP.
Within the sensing unit, the raw sensor signal is processed and transformed into
a value for the glucose concentration at the sensing site. Common enzyme-based
amperometric CGM technology is assumed for GSC because of its widespread and
dominant use. No specific technology has been established for GIP. Besides erro-
neous sensor signals, communication loss caused by an unintended disturbance of
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the often wireless transmission to the controller unit is included. Other commu-
nication issues such as the security of the signal transmission, i.e. the protection
against intended incidents and privacy concerns, are out of the scope of this risk
analysis.

3.3 Main hazards

The term hazard is used in this study as the potential source of injury or damage
to the health of the AP user with DM1. Obviously, hyper- and hypoglycemia are
hazardous situations because death or serious injuries can follow. The faults cau-
sing these undesired events are underdosing and overdosing of insulin, respectively.
In addition, some faults may result in undefined dysglycemia as they disturb the
given or required insulin doses in an undefined manner depending among other
factors on properties of the AP (e.g. consequences of power loss).

3.4 Failure modes and effects analysis (FMEA)

The application of risk management to medical devices is subject of the internati-
onal standard ISO 14971 [5]. The standard refers among others to Failure Modes
and Effects Analysis (FMEA) as a standard technique for risk analysis. An FMEA
provides extensive and structured information about faults and therefore builds a
good basis for refinement of safety functions [73]. Fault modes rather than failure
modes are actually analyzed in an FMEA, but the term failure modes and effects
analysis is the common name of this methodology [7] and used in the resulting
Table 1. The analysis was carried out by the authors with expertise in control
and safety engineering, (medical) cybernetics, sensor technology, endocrinology,
and medical care for patients with DM1. A preliminary version of the FMEA was
presented as poster at ATTD 2016 [74].

The FMEA scheme in Table 1 was modified to fit the purpose of identifying
the requirements for a fully automated safe AP control system. A brief descrip-
tion of the three analyzed units is given in the first column, followed by related
faults that cause inappropriate dosing and therefore influence the glycemic sta-
tus. An extensive literature study gathered the listed faults, which were chosen
and sorted based on the expected disturbing effect on the controller performance,
i.e. the glycemic control. Long-standing experience in the treatment of DM1 from
the perspective of both physicians and patients supported the selection process.
The analysis focuses on systematic faults that occur deterministically under given
conditions caused by hardware or human actions according to the classification
in annex B of ISO/TR 12489:2013 [75], whereas systematic firmware faults and
random hardware faults have been excluded. The degradation of enzymatic sensors
is considered as systematic hardware failure as the rate is mainly affected by sen-
sor design and specification. The faults are further detailed by fault modes, causes
and typical circumstances of occurrence. Particularly fault prone technologies or
sensing and infusion routes, respectively, are stated to emphasize the differences
between the SC and the IP approach.

In addition, fault appearance characteristics are classified into incipient, inter-
mittent and abrupt based on standard literature on fault diagnosis [4]. Abrupt



Ta
bl
e	
1.
	F
ai
lu
re
	M
od
es
	a
nd
	E
ffe
ct
s	A

na
ly
si
s	o
f	a
n	
Ar
tif
ic
ia
l	P
an
cr
ea
s.	

Fa
ilu
re
	

m
od
e

Fa
ilu
re
	c
au
se

Ci
rc
um

st
an
ce
s/
	O
pe
ra
ti
on
	

m
od
e	
of
	o
cc
ur
re
nc
e	

Ap
pe
ar
an
ce
	

ch
ar
ac
te
ri
st
ic
s	

[1
3,
	p
.6
3]

O
cc
ur
‐

re
nc
e

O

Se
ve
‐

ri
ty S

Ri
sk
	

pr
io
ri
ty
	

nu
m
be
r

Au
to
m
at
ed
	d
et
ec
ti
on
	b
y	
lim

it
	

ch
ec
ki
ng
	o
n	
CG
M
	a
nd
	II
R	
da
ta

Co
nt
ro
l	s
ys
te
m
's
	r
es
po
ns
e	
to
	

de
te
ct
ed
	fa
ilu
re

Ad
di
ti
on
al
	m
it
ig
at
in
g	

m
ea
su
re

Ca
lib
ra
tio
n	
du
ri
ng
	ch
an
gi
ng
	B
GL
	

[4
4]
;	p
ar
tic
ul
ar
ly
	S
C	
(p
hy
si
ol
og
ic
al
	

tim
e	
la
g)

3
5

4
60

Po
si
tiv
e/
ne
ga
tiv
e	
BG
L'
	e
xc
ee
ds
	st
ab
le
‐

le
ve
l	t
hr
es
ho
ld
	d
ur
in
g	
ca
lib
ra
tio
n.

Re
qu
es
t	t
o	
re
pe
at
	ca
lib
ra
tio
n;
	se
t	I
IR
	

to
	b
as
al
;	s
to
p	
in
fu
si
on
	if
	n
ot
	

ca
lib
ra
te
d	
w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Re
fin
e	
ca
lib
ra
tio
n	
pr
oc
ed
ur
e.

Se
ns
or
	re
du
nd
an
cy
.

To
o	
in
fr
eq
ue
nt
	ca
lib
ra
tio
n	
(d
ri
ft	
du
e	

to
	d
eg
ra
di
ng
	e
nz
ym

at
ic
	se
ns
or
	

co
m
po
ne
nt
s)
	[4
4]

1
5

3
15

De
fin
ed
	ti
m
e	
si
nc
e	
ca
lib
ra
tio
n	

ex
ce
ed
ed
.

Re
qu
es
t	c
al
ib
ra
tio
n;
	se
t	I
IR
	to
	b
as
al
;	

st
op
	in
fu
si
on
	if
	n
ot
	ca
lib
ra
te
d	
w
ith
in
	

ce
rt
ai
n	
pe
ri
od
.

Al
te
rn
at
iv
e	
se
ns
in
g	
te
ch
no
lo
gy
.

Ca
lib
ra
tio
n	
at
	lo
w
	v
al
ue
s	d
ur
in
g	

flu
ct
ua
tin
g	
lo
ca
l	g
lu
co
se
	a
fte
r	l
on
g‐

te
rm
	S
C	
im
pl
an
ta
tio
n	
[4
5]
	

3
5

4
60

De
fin
ed
	ti
m
e	
si
nc
e	
se
ns
or
	ch
an
ge
	

ex
ce
ed
ed
.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Al
te
rn
at
iv
e	
se
ns
in
g	
te
ch
no
lo
gy
.

In
te
rf
er
en
ce
	w
ith
	

ot
he
r	a
na
ly
te
s

Pr
es
en
ce
	o
f	o
th
er
	m
et
ab
ol
ite
s	e
.g
.	

su
ga
rs
	[4
4]
,	m

ed
ic
at
io
n	
w
ith
	e
.g
.	

ac
et
am

in
op
he
n	
[4
7]
;	o
pt
ic
al
	se
ns
or
s	

[4
4]

3
3

4
36

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	m

an
ua
l	t
re
at
m
en
t;	
st
op
	

in
fu
si
on
.

Pe
rm
‐s
el
ec
tiv
e	
co
at
in
g	
[4
4]
.

Al
te
rn
at
iv
e	
se
ns
in
g	
te
ch
no
lo
gy
.

Pr
es
su
re
	in
du
ce
d	
se
ns
or
	a
tt
en
ua
tio
n	

du
ri
ng
	n
ig
ht
	o
r	d
ue
	to
	ti
gh
t	c
lo
th
in
g	

[4
8]

3
7/
3

2
42
/1
8

Su
dd
en
	n
eg
at
iv
e	
dr
op
	o
f	B
GL
.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

Se
t	I
IR
	to
	b
as
al
;	s
to
p	
in
fu
si
on
	if
	B
GL
	

do
es
	n
ot
	re
co
ve
r	w

ith
in
	ce
rt
ai
n	

pe
ri
od
.

Co
nt
in
uo
us
	se
ns
or
	im

pe
da
nc
e	

m
on
ito
ri
ng
.	S
en
so
r	r
ed
un
da
nc
y.
	

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.
	U
se
	

pr
ed
ic
te
d	
BG
L	
to
	ca
lc
ul
at
e	
IIR

.
Is
ol
at
ed
	u
np
hy
si
ol
og
ic
al
	sp
ik
es
	

ca
us
ed
	b
y	
us
er
’s	
m
ot
io
n	
[4
8]

3
5/
3

2
30
/1
8

BG
L'
	e
xc
ee
ds
	p
hy
si
ol
og
ic
al
	th
re
sh
ol
ds
	

fo
r	a
	sh
or
t	p
er
io
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

Ig
no
re
	a
ffe
ct
ed
	sa
m
pl
es
;	s
et
	II
R	
to
	

ba
sa
l	i
f	l
as
tin
g	
lo
ng
er
	th
an
	a
	fe
w
	

sa
m
pl
es
.

Se
ns
or
	re
du
nd
an
cy
.

Us
e	
pr
ed
ic
te
d	
BG
L	
fo
r	c
al
cu
la
tio
n	
of
	

IIR
.

In
co
m
pl
et
e	
SC
	in
se
rt
io
n	
or
	

di
sl
oc
at
io
n	
(s
ig
na
l	a
ve
ra
gi
ng
	o
ve
r	

w
ho
le
	le
ng
th
)

3
3‐
5/
1

3
45
/9

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Co
nt
in
uo
us
	se
ns
or
	im

pe
da
nc
e	

m
on
ito
ri
ng
.	S
en
so
r	r
ed
un
da
nc
y.
	

Us
e	
pr
ed
ic
te
d	
BG
L	
to
	ca
lc
ul
at
e	
IIR

.

Bl
ee
di
ng
	ca
us
ed
	b
y	
in
se
rt
io
n	
in
to
	S
C	

tis
su
e	
[5
0]

1
3‐
5/
2

3.
5

17
.5
/7

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Co
nt
in
uo
us
	se
ns
or
	im

pe
da
nc
e	

m
on
ito
ri
ng
.

FB
R,
	lo
ca
l	f
ib
ro
us
	ti
ss
ue
	a
fte
r	y
ea
rs
	

of
	se
ns
in
g	
in
	sa
m
e	
SC
	a
re
a	
[5
1]

1
3‐
5/
N
A

3
15
/N
A

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Bl
ee
di
ng
	ca
us
ed
	b
y	
se
ns
or
	

di
sl
oc
at
io
n	
du
ri
ng
	p
hy
si
ca
l	a
ct
iv
ity
	

[5
0]

1
4‐
5/
1

3.
5

17
.5
/3
.5

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.	S
to
p	
in
fu
si
on
	

un
til
	b
lo
od
	cl
ot
	d
is
ap
pe
ar
s	[
50
].

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Se
ns
or
	e
nc
lo
se
d	
by
	p
er
ito
ne
al
	w
al
l	

pr
oh
ib
iti
ng
	g
lu
co
se
	d
iff
us
io
n

3
N
A/
4

3.
5

N
A/
42

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	r
el
oc
at
io
n.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Se
ns
or
	re
du
nd
an
cy
.

Se
ns
in
g	
to
o	
cl
os
e	
to
	in
su
lin
	in
fu
si
on

1
4

4
16

I/
G	
ch
an
ge
	e
xc
ee
ds
	p
hy
si
ol
og
ic
al
	

th
re
sh
ol
d.

Re
qu
es
t	s
en
so
r	c
ha
ng
e.

Re
fin
e	
in
se
rt
io
n	
eq
ui
pm

en
t	a
nd
	

pr
oc
ed
ur
e.

Ca
lib
ra
tio
n	
du
ri
ng
	ch
an
gi
ng
	B
GL
	

[4
4]
;	p
ar
tic
ul
ar
ly
	S
C	
(p
hy
si
ol
og
ic
al
	

tim
e	
la
g)

3
5/
3

4
60
/3
6

Po
si
tiv
e/
ne
ga
tiv
e	
BG
L'
	e
xc
ee
ds
	st
ab
le
‐

le
ve
l	t
hr
es
ho
ld
	d
ur
in
g	
ca
lib
ra
tio
n.

Re
qu
es
t	t
o	
re
pe
at
	ca
lib
ra
tio
n;
	se
t	I
IR
	

to
	b
as
al
;	s
to
p	
in
fu
si
on
	if
	n
ot
	

ca
lib
ra
te
d	
w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Re
fin
e	
ca
lib
ra
tio
n	
pr
oc
ed
ur
e.

Se
ns
or
	re
du
nd
an
cy
.

To
o	
in
fr
eq
ue
nt
	ca
lib
ra
tio
n	
(d
ri
ft	
du
e	

to
	d
eg
ra
di
ng
	e
nz
ym

at
ic
	se
ns
or
	

co
m
po
ne
nt
s)
	[4
4]

1
5

3
15

De
fin
ed
	ti
m
e	
si
nc
e	
ca
lib
ra
tio
n	

ex
ce
ed
ed
.

Re
qu
es
t	c
al
ib
ra
tio
n;
	se
t	I
IR
	to
	b
as
al
;	

st
op
	in
fu
si
on
	if
	n
ot
	ca
lib
ra
te
d	
w
ith
in
	

ce
rt
ai
n	
pe
ri
od
.

Al
te
rn
at
iv
e	
se
ns
in
g	
te
ch
no
lo
gy
.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Se
ns
or
	d
eg
ra
da
tio
n	

Bi
of
ou
lin
g‐
in
du
ce
d	
de
gr
ad
at
io
n	
of
	

en
zy
m
at
ic
	se
ns
or
s	i
n	
SC
	ti
ss
ue
	[4
4]
	

1
5

3
15

De
fin
ed
	ti
m
e	
si
nc
e	
se
ns
or
	ch
an
ge
	

ex
ce
ed
ed
.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Al
te
rn
at
iv
e	
se
ns
in
g	
te
ch
no
lo
gy
.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Sl
ow

ed
	d
iff
us
io
n	

Fi
br
os
is
	a
fte
r	l
on
g‐
te
rm
	S
C	
us
e	
[5
1]
	

1
5/
4

3/
2

15
/8

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e.
	D
ec
re
as
e	

ca
lc
ul
at
ed
	II
R	
by
	a
	sa
fe
ty
	fa
ct
or
.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Se
ns
or
	re
du
nd
an
cy
.

Bi
o‐
co
nt
am

in
at
io
n

In
ap
pr
op
ri
at
e	
se
ns
or
	in
se
rt
io
n	
in
to
	

pe
ri
to
ne
al
	ca
vi
ty

1
3/
4

3
9/
12

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

Re
qu
es
t	s
en
so
r	c
ha
ng
e;
	se
t	I
IR
	to
	

ba
sa
l;	
st
op
	in
fu
si
on
	if
	n
ot
	ch
an
ge
d	

w
ith
in
	ce
rt
ai
n	
pe
ri
od
.

Al
te
rn
at
iv
e	
se
ns
in
g	
ro
ut
e.

Se
ns
or
	re
du
nd
an
cy
.

N
o	
si
gn
al

Co
m
m
un
ic
at
io
n	
lo
ss

Sh
ie
ld
in
g,
	to
o	
lo
ng
	d
is
ta
nc
e	
fo
r	

w
ir
el
es
s	t
ra
ns
m
is
si
on

3
5

3
45

N
o	
va
lu
e.

Se
t	I
IR
	to
	b
as
al
;	s
to
p	
in
fu
si
on
	if
	n
ot
	re
‐

es
ta
bl
is
he
d	
w
ith
in
	p
re
de
fin
ed
	p
er
io
d	

an
d	
al
er
t.

Re
fin
e	
eq
ui
pm

en
t.

N
eg
at
iv
el
y	

bi
as
ed
	

si
gn
al

Lo
ss
	o
f	s
en
si
tiv
ity
	to
	

gl
uc
os
e

Lo
w
er
ed
	lo
ca
l	

gl
uc
os
e	

co
nc
en
tr
at
io
n

Se
ns
in
g	
un
it	
an
d	

se
ns
in
g	
si
te

•	M
ea
su
re
s	

gl
uc
os
e	

co
nc
en
tr
at
io
n	
at
	

se
ns
in
g	
si
te

•	D
et
er
m
in
es
	

BG
L	
ba
se
d	
on
	

th
at

M
is
ca
lib
ra
tio
n

De
la
ye
d	

si
gn
al

D
es
cr
ip
ti
on
	

of
	u
ni
t

D
es
cr
ip
ti
on
	o
f	f
ai
lu
re

Ri
sk
	e
va
lu
at
io
n	
(S
C/
IP
)

Ri
sk
	r
ed
uc
ti
on

Po
si
tiv
el
y	

bi
as
ed
	

si
gn
al

M
is
ca
lib
ra
tio
n



Ta
bl
e	
1	
‐	c
on
tin
ue
d.
	F
ai
lu
re
	M
od
es
	a
nd
	E
ffe
ct
s	A

na
ly
si
s	o
f	a
n	
Ar
tif
ic
ia
l	P
an
cr
ea
s.	

Em
pt
y	
re
se
rv
oi
r	

[2
5]

N
ot
	re
fil
le
d	
on
	ti
m
e

5
5

2
50

Lo
gg
ed
	a
m
ou
nt
	o
f	d
el
iv
er
ed
	in
su
lin
	

ex
ce
ed
s	r
es
er
vo
ir
	v
ol
um

e.
	B
GL
	e
xc
ee
ds
	

hy
pe
r‐
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	re
se
rv
oi
r	

re
pl
ac
em

en
t.

Ea
rl
y	
re
fil
l	r
em

in
de
r	b
as
ed
	o
n	

lo
gg
ed
	a
m
ou
nt
.

Ai
r	b
ub
bl
es

Du
ri
ng
	in
st
al
la
tio
n,
	a
m
bi
en
t	t
em

‐
pe
ra
tu
re
	o
r	p
re
ss
ur
e	
ch
an
ge
	[5
2]

3
5

1
15

N
ot
	co
ve
re
d	
by
	a
ut
om

at
ed
	d
et
ec
tio
n.

In
cr
ea
se
	II
R	
ac
co
rd
in
gl
y	
(n
ot
	

re
le
va
nt
	fo
r	(
m
os
t)
	a
du
lt	
us
er
s)
.

Re
fin
e	
eq
ui
pm

en
t.

In
te
nt
io
na
l	d
is
co
nn
ec
tio
n	
w
ith
ou
t	

an
no
un
ce
m
en
t

5
4

2
40

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	v
is
ua
l	c
he
ck
.

Pr
es
su
re
	se
ns
or
.

In
ad
ve
rt
en
t	d
is
co
nn
ec
tio
n	
w
ith
ou
t	

us
er
	b
ei
ng
	a
w
ar
e

5
4

3
60

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	v
is
ua
l	c
he
ck
.

Re
fin
e	
eq
ui
pm

en
t.

Pr
es
su
re
	se
ns
or
.

Co
nn
ec
to
rs
	n
ot
	p
ro
pe
rl
y	
cl
os
ed
	a
fte
r	

in
fu
si
on
	se
t	c
ha
ng
e

5
5

3
75

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	v
is
ua
l	c
he
ck
.

Re
fin
e	
eq
ui
pm

en
t.

Pr
es
su
re
	se
ns
or
.

Oc
cl
us
io
n	
[1
1]

Ch
em

ic
al
	p
re
ci
pi
ta
tio
n

5
5

3
75

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	in
fu
si
on
	se
t	

ch
an
ge
.

In
fu
si
on
	se
t	c
ha
ng
e	
af
te
r	3
	d
ay
s	

[5
4]
.	R
ef
in
e	
eq
ui
pm

en
t	(
sh
or
te
r	

tu
be
	[1
1]
;	s
id
e	
po
rt
	[5
3]
).	
Pr
es
su
re
	

se
ns
or
.	L
ar
ge
r	m

ic
ro
bo
lu
se
s.	

Al
te
rn
at
iv
e	
in
fu
si
on
	ro
ut
e.

In
fu
si
on
	se
t	k
in
ke
d	

[5
5]
	

Ca
us
ed
	b
y	
pa
tie
nt
	m
ov
em

en
ts
	o
r	

du
ri
ng
	in
se
rt
io
n;
	p
ar
tic
ur
la
rl
y	
Te
flo
n	

ca
nn
ul
a	
[3
1]

4
7

3
84

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	in
fu
si
on
	se
t	

ch
an
ge
.

Re
pl
ac
e	
st
ee
l	n
ee
dl
e	
by
	T
ef
lo
n	

ca
th
et
er
	[3
0]
.

Le
ak
ag
e	
fr
om

	in
fu
si
on
	si
te
	

(s
w
ol
le
n/
co
nt
or
te
d	
sk
in
)	[
30
]

1
3

3
9

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	in
fu
si
on
	se
t	

ch
an
ge
.

Re
pl
ac
e	
st
ee
l	n
ee
dl
e	
by
	T
ef
lo
n	

ca
th
et
er
		[
56
].

Ac
ci
de
nt
al
	ca
th
et
er
	d
is
lo
ca
tio
n	
[5
5]
;	

in
	S
C	
tis
su
e,
	p
ar
tic
ul
ar
ly
	T
ef
lo
n	

ca
nn
ul
as
	[3
1]

5
4/
3

3
60
/4
5

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	in
fu
si
on
	se
t	

ch
an
ge
.

Re
pl
ac
e	
st
ee
l	n
ee
dl
e	
by
	T
ef
lo
n	

ca
th
et
er
.

Al
te
rn
at
iv
e	
in
fu
si
on
	ro
ut
e.

In
co
m
pl
et
e	
in
se
rt
io
n

5
4/
2

2
40
/2
0

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
4)
.

St
op
	in
fu
si
on
;	r
eq
ue
st
	in
fu
si
on
	se
t	

ch
an
ge
.

Re
fin
e	
po
rt
	d
es
ig
n	
an
d	
in
se
rt
io
n	

pr
oc
ed
ur
e.

FB
R

Lo
ng
‐te
rm
	fo
re
ig
n	
ob
je
ct
s	i
ns
id
e	
th
e	

bo
dy
;	c
ha
ng
ed
	in
su
lin
	a
bs
or
pt
io
n;
	

pa
rt
ic
ul
ar
ly
	T
ef
lo
n	
ca
nn
ul
as
	in
	S
C	

tis
su
e

1
5/
4

2
10
/8

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

I/
G	
ch
an
ge
	e
xc
ee
ds
	p
hy
si
ol
og
ic
al
	

th
re
sh
ol
d.

In
cr
ea
se
	II
R;
	re
qu
es
t	i
nf
us
io
n	
si
te
	

ch
an
ge
.

St
ee
l	n
ee
dl
e	
in
st
ea
d	
of
	T
ef
lo
n	

ca
th
et
er
.

Al
te
rn
at
iv
e	
in
fu
si
on
	ro
ut
e.

Li
po
dy
st
ro
ph
y	
[5
7]

Lo
ng
‐te
rm
	in
su
lin
	a
dm

in
is
tr
at
io
n	

in
to
	sa
m
e	
SC
	a
re
a

1
4

2
8

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

I/
G	
ch
an
ge
	e
xc
ee
ds
	e
xp
ec
te
d	

th
re
sh
ol
d.

Re
qu
es
t	i
nf
us
io
n	
se
t	c
ha
ng
e	
[5
7]
.

Al
te
rn
at
iv
e	
in
fu
si
on
	ro
ut
e.

Ti
p	
of
	ca
nn
ul
a	

bl
oc
ke
d

Ca
nn
ul
a	
st
ic
ks
	in
	p
er
ito
ne
al
	w
al
l	o
r	

is
	b
lo
ck
ed
	b
y	
FB
R

2
5

2
20

BG
L	
ex
ce
ed
s	h
yp
er
gl
yc
em

ic
	th
re
sh
ol
d.

Re
qu
es
t	c
at
he
te
r	r
el
oc
at
io
n.

Pr
es
su
re
	se
ns
or
.

In
su
lin
	in
fu
si
on
	

un
it	
an
d	
in
fu
si
on
	

si
te

•	D
el
iv
er
s	

in
su
lin
	

ac
co
rd
in
g	
to
	

in
su
lin
	in
fu
si
on
	

ra
te
	re
ce
iv
ed
	

fr
om

	co
nt
ro
l	

un
it

•	A
bs
or
bs
	

de
liv
er
ed
	in
su
lin

Un
de
r‐

de
liv
er
y

Le
ak
ag
e	
du
e	
to
	

di
sc
on
ne
ct
io
n	
of
	

in
fu
si
on
	se
t	[
25
]

Le
ak
ag
e	
ou
t	o
f	b
od
y	

th
ro
ug
h	

tr
an
sd
er
m
al
/‐

ab
do
m
in
al
	tu
nn
el
in
g



Ta
bl
e	
1	
‐	c
on
tin
ue
d.
	F
ai
lu
re
	M
od
es
	a
nd
	E
ffe
ct
s	A

na
ly
si
s	o
f	a
n	
Ar
tif
ic
ia
l	P
an
cr
ea
s.	

W
ei
gh
t	g
ai
n	
[1
]

1
3

2
6

Pr
ol
on
ge
d,
	sl
ig
ht
ly
	in
cr
ea
se
d	
av
er
ag
e	

BG
L.

In
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

M
ed
ic
at
io
n	
[1
],[
58
]

3
3

2
18

In
cr
ea
se
d	
av
er
ag
e	
BG
L.

In
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Ill
ne
ss
,	m

ed
ic
al
	a
nd
	su
rg
ic
al
	st
re
ss
	

[1
],[
58
]

3
4

3
36

In
cr
ea
se
d	
av
er
ag
e	
BG
L.

In
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

M
en
ta
l	s
tr
es
s	(
ne
t	e
ffe
ct
)	

[1
],[
58
],[
59
]

3
5

3
45

In
cr
ea
se
d	
av
er
ag
e	
BG
L.

In
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

M
ea
su
re
	g
al
va
ni
c	s
ki
n	
re
sp
on
se
,	

he
ar
t	r
at
e	
se
ns
or
	[6
0]
.

In
cr
ea
se
d	
he
pa
tic
	

gl
uc
os
e	
pr
od
uc
tio
n

Pr
ol
on
ge
d	
hi
gh
	B
GL
	d
ue
	to
	

hy
po
in
su
lin
iz
at
io
n	
(r
es
ul
ts
	in
	d
aw

n	
ph
en
om

en
on
)	[
34
];	
sa
fe
ty
	m
ar
gi
ns
	o
f	

SC
	in
fu
si
on

1
6/
4

3
18
/1
2

Pr
ol
on
ge
d	
in
cr
ea
se
d	
av
er
ag
e	
BG
L.

In
cr
ea
se
	II
R.

Ph
ys
io
lo
gi
ca
lly
	ti
gh
t	t
ar
ge
t	r
an
ge
	

[3
4]
.

Or
al
	g
lu
co
se
	

co
ns
um

pt
io
n

M
ea
l	w

ith
	sp
ec
ifi
c	m

ac
ro
nu
tr
ie
nt
	

co
m
po
si
tio
n	
[1
]

5
7

2
70

On
e	
or
	a
	co
m
bi
na
tio
n	
of
	B
GL
,	B
GL
',	

BG
L'
'	‐
	b
as
ed
	o
n	
ra
w
	d
at
a	
or
	K
F	
‐	

ex
ce
ed
s	p
os
iti
ve
	th
re
sh
ol
ds
	w
ith
in
	a
	

ce
rt
ai
n	
tim

e	
w
in
do
w
	[6
1,
62
,6
3]
.

M
or
e	
ad
va
nc
ed
	m
et
ho
ds
	(s
ec
tio
n	
5)
.	

In
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

An
tic
ip
at
or
y	
co
nt
ro
l	b
as
ed
	o
n	
m
ea
l	

pr
io
r	p
ro
ba
bi
lit
ie
s	[
66
.6
7]
.

Lo
ng
‐te
rm
	p
hy
si
ca
l	t
ra
in
in
g	
pr
og
ra
m
	

[1
]

1
3

2
6

Pr
ol
on
ge
d	
de
cr
ea
se
d	
av
er
ag
e	
BG
L.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Pr
ev
io
us
	p
hy
si
ca
l	a
ct
iv
ity
	a
ffe
ct
in
g	
SI
	

[3
4]

3
5

3
45

Te
m
po
ra
ry
	d
ec
re
as
ed
	a
ve
ra
ge
	B
GL
.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Ac
ut
e	
ph
ys
ic
al
	a
ct
iv
ity
,	a
er
ob
ic
	v
s.	

an
ae
ro
bi
c	[
68
,6
9]

4
5

4
80

BG
L'
	e
xc
ee
ds
	n
eg
at
iv
e	
th
re
sh
ol
d.

De
cr
ea
se
	II
R.

Re
qu
es
t	r
es
cu
e	
fo
od
.

In
cl
ud
e	
da
ta
	fr
om

	a
ct
iv
ity
	tr
ac
ke
r	

an
d/
or
	p
hy
si
ol
og
ic
al
	p
ar
am

et
er
s	

[7
0]
.

W
ei
gh
t	l
os
s	[
1]

1
3

2
6

Pr
ol
on
ge
d,
	sl
ig
ht
ly
	d
ec
re
as
ed
	a
ve
ra
ge
	

BG
L.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Gl
uc
os
e	
lo
w
er
in
g	
m
ed
ic
at
io
n	
[2
4]

3
4

4
48

De
cr
ea
se
d	
av
er
ag
e	
BG
L.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

M
ea
ls
	(n
et
	im

pr
ov
ed
	S
I)
	[3
4]

3
7

1
21

De
cr
ea
se
d	
av
er
ag
e	
BG
L.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

In
hi
bi
te
d	

gl
uc
on
eo
ge
ne
si
s

Al
co
ho
l	(
in
cr
ea
se
d	
he
pa
tic
	S
I,	
no
rm
al
	

pe
ri
ph
er
al
	S
I)
	[1
]

1
5

4
20

Te
m
po
ra
ry
	d
ec
re
as
ed
	a
ve
ra
ge
	B
GL
.

De
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

De
cr
ea
se
d	
he
pa
tic
	

gl
uc
os
e	
pr
od
uc
tio
n

Pr
ol
on
ge
d	
lo
w
	B
GL
	d
ue
	to
		

hy
pe
ri
ns
ul
in
iz
at
io
n	
[3
4]
;	s
lo
w
	

dy
na
m
ic
s	o
f	S
C	
in
fu
si
on

1
6

4
24

Pr
ol
on
ge
d	
de
cr
ea
se
d	
av
er
ag
e	
BG
L.

De
cr
ea
se
	II
R.

Ph
ys
io
lo
gi
ca
lly
	ti
gh
t	t
ar
ge
t	r
an
ge
	

[3
4]
.

Ci
rc
ad
ia
n	
rh
yt
hm

Di
ur
na
l	m

et
ab
ol
ic
	st
at
e	
[3
4]
,	[
71
]

3
6

3
54

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Ir
re
gu
la
r	s
le
ep
in
g	

pa
tt
er
ns

W
ee
kd
ay
s	v
s.	
w
ee
ke
nd
s,	
sh
ift
	w
or
k	

[1
]

3
5

3
45

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Ac
tiv
ity
	m
on
ito
r	[
72
].

M
en
st
ru
al
	cy
cl
e	
[1
]

On
ly
	re
le
va
nt
	fo
r	f
em

al
e	
us
er
s	i
n	
a	

ce
rt
ai
n	
pe
ri
od
	o
f	a
ge
.

3
4

3
36

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Pu
be
rt
y	
[1
]

Ty
pi
ca
l	a
ge

2
2

4
16

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

M
en
op
au
se
	[1
]

Ty
pi
ca
l	a
ge

2
2

4
16

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Pr
eg
na
nc
y	
[1
]

On
ly
	re
le
va
nt
	fo
r	f
em

al
e	
us
er
s;
	

de
pe
nd
s	o
n	
tr
im
es
te
r

2
2

4
16

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

In
‐/
de
cr
ea
se
	II
R.

Ad
ap
t	c
on
tr
ol
	la
w
	[1
].

Bi
oc
on
ta
m
in
at
io
n	

(lo
ca
l	i
nf
la
m
m
at
io
n)

In
st
er
ile
	e
qu
ip
m
en
t	o
r	i
na
pp
ro
pr
ia
te
	

ha
nd
lin
g	
du
ri
ng
	p
ar
tic
ul
ar
ly
	IP
	

in
se
rt
io
n

1
1

4
4

Va
ri
ed
	a
ve
ra
ge
	B
GL
.

Re
qu
es
t	s
en
so
r	a
nd
	in
fu
si
on
	se
t	

ch
an
ge
.

Re
fin
e	
po
rt
	d
es
ig
n	
an
d	
in
se
rt
io
n	

pr
oc
ed
ur
e.

BG
L	
‐	b
lo
od
	g
lu
co
se
	le
ve
l,	
BG
L'
	‐	
fir
st
	ti
m
e	
de
ri
va
tiv
e	
of
	B
GL
,	B
GL
''	
‐	s
ec
on
d	
tim

e	
de
ri
va
tiv
e	
of
	B
GL
,	F
BR
	‐	
fo
re
ig
n	
bo
dy
	re
sp
on
se
,	I
IR
	‐	
in
su
lin
	in
fu
si
on
	ra
te
,	I
P	
‐	i
nt
ra
pe
ri
to
ne
al
,	I/
G	
‐	i
ns
ul
in
‐to
‐g
lu
co
se
	n
et
	e
ffe
ct
,	K
F	
‐	K
al
m
an
	fi
lte
r,	
SC
	‐	
su
bc
ut
an
eo
us
,

SC
	‐	
su
bc
ut
an
eo
us
,	S
I	‐
	in
su
lin
	se
ns
iti
vi
ty
,	U
KF
	‐	
Un
sc
en
te
d	
Ka
lm
an
	fi
lte
r

Fa
ul
t	a
pp
ea
ra
nc
e	
ch
ar
ac
te
ri
st
ic
s: 	
1	
In
ci
pi
en
t,	
2	
In
te
rm
itt
en
t/
In
ci
pi
en
t,	
3	
In
te
rm
itt
en
t,	
4	
Ab
ru
pt
/I
nt
er
m
itt
en
t	o
r	A

br
up
t/
In
ci
pi
en
t,	
5	
Ab
ru
pt
.

Ri
sk
	e
va
lu
at
io
n.
	L
ik
el
ih
oo
d	
of
	o
cc
ur
re
nc
e:
	1
	<	
On
ce
	in
	a
	li
fe
tim

e,
	2
	O
nc
e	
in
	a
	li
fe
tim

e,
	3
	O
nc
e	
a	
ye
ar
,	4
	O
nc
e	
a	
m
on
th
,	5
	O
nc
e	
a	
w
ee
k,
	6
	O
nc
e	
a	
da
y,
	7
	>	
On
ce
	a
	d
ay
,	N
A	
N
ot
	a
pp
lic
ab
le
.	

				
				
				
				
				
				
				
			S
ev
er
ity
:	1
	L
ig
ht
	o
r	n
eg
lig
ib
le
	h
yp
er
gl
yc
ae
m
ia
,	2
	M
od
er
at
e	
hy
pe
rg
ly
ca
em

ia
	o
r	l
ig
ht
	h
yp
og
ly
ca
em

ia
,	3
	S
ev
er
e	
hy
pe
rg
ly
ca
em

ia
	o
r	m

od
er
at
e	
hy
po
gl
yc
ae
m
ia
,	4
	D
ia
be
tic
	k
et
oa
ci
do
si
s	(
DK

A)
	o
r	s
ev
er
e	
hy
po
gl
yc
ae
m
ia

H
um

an
	b
od
y

•	R
ec
ei
ve
s	

in
su
lin
	fr
om

	
in
su
lin
	in
fu
si
on
	

un
it

•	L
ow

er
s	

gl
uc
os
e	

co
nc
en
tr
at
io
n	

ac
co
rd
in
g	
to
	I/
G

De
cr
ea
se
d	

I/
G

De
cr
ea
se
d	
in
su
lin
	

se
ns
iti
vi
ty

In
cr
ea
se
d	

I/
G

In
cr
ea
se
d	
in
su
lin
	

se
ns
iti
vi
ty

Un
de
fin
ed
	

cy
cl
ic
	

ch
an
ge
s	o
f	

I/
G

Un
de
fin
ed

on
e‐
tim

e	
ch
an
ge
	o
f	

I/
G



Risk Analysis for the Design of a Safe Artificial Pancreas Control System 11

faults are characterized by a sudden and complete loss of function for the af-
fected unit, whereas intermittent faults cause an irregular and time-limited loss
of function. Faults leading to a drift in performance, that may eventually result
in a complete loss of function if not corrected, are categorized as incipient. The
function of each unit is defined in the description of the unit. A numerical value is
assigned to all appearance categories for the purpose of risk ranking. An abrupt
fault appearance is ranked worst (5) because the unit looses its function without
prior signs and thus without the possibility for detection. An incipient behavior,
on the other hand, is ranked least critical (1) since the deviation might be detected
before the function is completely lost. An intermittent behavior (3) is considered
to be less disastrous than an abrupt fault because the controller can regulate the
BGL normally between the periods with lost function. The impact of the duration
of the function loss is neglected.

The qualitative risk evaluation comprises (i) the likelihood of occurrence, and
(ii) the severity of each fault. In the absence of sufficient publicly accessible data,
both were judged by the authors based on own experience and indications from
literature. An integer between 1 and 7 indicates the likelihood of occurrence for
the single user as incidences per time, ranging from less than once in a lifetime (1)
to several times a day (7). How likely a particular fault occurs may significantly
vary for different patients; thus a range is given for some faults which can be read
as ’from ... to ...’. If a particular fault is not applicable to the SC or IP approach,
this is indicated by NA in the occurrence category. The severity of a fault is ranked
according to categories which can be interpreted as the harm that threatens the
user. Four categories are distinguished with Light or negligible hyperglycemia being
the least severe (1) and Diabetic ketoacidosis or severe hypoglycemia the severest
category (4).

Higher numbers indicate a higher risk for the specific fault. The appearance
characteristics, the likelihood of occurrence and the severity are combined in a risk
priority number (RPN) by multiplying the single numbers. A fault with high RPN
is most crucial in system design, whereas a low RPN indicates a less critical fault.
For those faults where likelihood was defined as a range, the highest likelihood
was used to calculate the RPN.

The last part in Table 1 deals with possibilities to reduce the risk of faults.
Methods for automated fault detection are reported first. Automated detection
means that the system detects this specific fault automatically based on sensor in-
formation without human interaction. In accordance with the goal of the analysis,
only methods based on data that is available in a minimally sensor-equipped AP,
i.e. glucose measurements from CGM and IIR data as well as time, are included.
In Table 1, fault detection by means of limit checking is reported, whereas “More
advanced methods.” refers to more advanced detection methods that are summa-
rized in section 4. Limit checking is based on the assumption that absolute values
or trends of monitored variables violate a threshold caused by a single specific
fault while the rest of the system remains in faultless condition.

The appropriate automated response to detected faults is subject of the next
column. Some fault causes cannot be eliminated by an automated action, but rat-
her request the user to intervene by changing the sensor or the insulin infusion
set. The decision between handling the fault autonomously or informing the user
is specified as fault response. Some perturbations, in particular physiological chan-
ges, should be addressed by adjusting the insulin infusion rate automatically. The
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adjustments to mitigate an increased insulin sensitivity caused by previous physi-
cal activity, for example, should be within the nominal range of the basic control
functions. The effect of a long-term physical training program, on the other hand,
might be best considered by a permanent adaptation of the control law. An expli-
cit detection and differentiation from other perturbations may not be reasonable
or even possible for all physiological changes. They could instead be lumped into
a common changed physiology. However, the fault causes are listed separately be-
cause one must ensure to reasonably consider each of them when designing the
control system.

Additional measures for risk reduction and mitigation are suggested, including
an adaptable controller design and additional sensors which have been previously
excluded. Training or a diet restriction are not listed as methods of risk reduction
because this analysis focuses on measures that can be implemented with the con-
troller design or by hardware refinement, though an appropriate behavior of the
user may significantly reduce the risk in some cases.

The measures for risk reduction are not meant as additional safety layers which
are only active when the control function fails but should always be implemented
building the normal control system.

4 Detection of sensor and insulin infusion faults

Successful fault detection and diagnosis can provide the possibility to differentiate
between situations that can be handled autonomously and those in which the user
must be alerted.

Among the sensor faults, the fault modes isolated spike and transient nega-
tive bias were addressed particularly often. Both fault modes are considered as
intermittent faults in Table 1. Isolated spikes are inherently random signal ab-
normalities rather than permanent sensor failures. The negatively biased sensor
signal is assumed to be transient because its major given cause is lost sensitivity
due to pressure induced sensor attenuation (PISA) during night. Zhao and Fu
(2015) [49] used steps to model isolated spikes and a biased signal. Generic signal
anomalies (positive and negative steps, exponential changes and drift, and random
noise) were analyzed for fault detection [76,77]. Although those anomalies cannot
be directly related to particular faults, they build a comprehensive basis for signal
fault modeling in simulation studies. Instead of the actual kind of CGM fault, it
was also investigated whether the sensor readings are correct or incorrect [78–81].

The studied fault modes of the insulin infusion unit are no delivery, under-
delivery and over-delivery. Infusion set failures can be detected either directly or
indirectly [15]. Direct detection builds upon the signals of sensors integrated in
the pump. This is realized to detect occlusions in marketed insulin pumps by force
sensors and ammeters [10]. Most methods aim to detect faults indirectly based on
either tremendous BGL excursions or a changed glucose lowering effect of insulin
[82]. Although different faults are claimed to cause no delivery and under-delivery,
i.e. disconnection [15,83], leakage [83], and complete [48] or partial occlusion [84–
88], the fault causes were usually not further examined after detection. Since the
user must change (parts of) the insulin infusion unit upon these faults, one might
not see the advance of a further diagnosis [89]. However, a more detailed fault
evaluation could help the user to identify the particular problem.
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The number of publications on fault detection is surprisingly low compared
with the number of publications on algorithms for closed-loop glucose control. A
categorized overview of the methods proposed for fault detection in glucose control
has been presented recently [90].

5 Detection of meals

Besides acute physical activity, meals are one of the major physiological perturba-
tions that the glucose controller has to handle. This is represented by the high RPN
in Table 1. Worldwide research efforts led to significant achievements in closed-loop
glucose regulation but the postprandial period remains a challenge. The control
algorithms that are tested in clinical studies often require meal announcements by
the user.

Automated meal detection has received increasing attention during the past
years. The earlier methods detect a meal based on threshold violations of (oc-
casionally filtered) CGM values. Recently, more complex methods using a model
of the glucose-insulin metabolism and data-driven methods were proposed. Most
approaches for meal detection utilize the measurements of one CGM device.

Meal detection by threshold checking has been suggested with different combi-
nations of checked variables; the raw CGM data is either directly used or revised
by removing measurement noise using a linear noise model in a Kalman filter (KF)
[61,91,62]. Alternatively, the nonlinear Bergman minimal model has been used to
estimate the rate of glucose appearance in plasma with an unscented KF (UKF),
and meals were detected when this estimate exceeded an upper threshold [21,92].

Several model-based methods exploit versions of the minimal model by Berg-
man. Two redundant glucose sensors were used in a set-up to detect both faults
and meals [93]: An UKF is separately applied to the two sensor signals to pre-
dict multiple steps of the CGM values. Based on a statistical comparison of the
covariance matrices of these two predictions, a meal or fault is detected. Moreo-
ver, it was proposed to detect a meal if the cross-correlation between two states
(the SC glucose concentration and a lumped state) estimated by an UKF exceeds
a threshold [94,95]. An augmented version of the Bergman model was also used
in a method that applies invariant statistics to differentiate between effects that
can be explained by the model with previously detected meals as input and those
that must result from a more recent meal [96]. Another approach applies linear
discriminant analysis to state horizons that were generated by moving horizon
estimation using a version of the Bergman minimal model [97].

Besides the estimator-based methods with an underlying model of the glucose-
insulin metabolism, data-driven methods have been proposed as well. Fuzzy logic
was used to categorize segments of CGM data according to their shape [98,99].

6 Discussion

6.1 Most critical faults

Functional safety is achieved if the risk is as low as reasonably practicable [7].
A high RPN indicates particularly safety-critical faults, either because of high li-
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kelihood of occurrence, high severity, abrupt appearance or a combination of all.
The higher the RPN, the greater is the need for risk reduction by measures as
those suggested in Table 1. Faults with high RPN are not tolerable; risk reducing
measures must be implemented and their success must be verified by recalculating
the RPN to ensure that the remaining risk is acceptably low. Faults with medium
RPN may be tolerable only if risk reducing measures are implemented, thereby
lowering the risk and increasing the comfort for the patient. Faults with very low
RPN may even be accepted without risk reducing measures. The calibration rou-
tines need special attention with respect to the performance of the sensing unit.
Problems with the insulin infusion set, i.e. kinking, occlusion, disconnection or dis-
location, were identified as most critical in the insulin infusion unit. The highest
RPN for changed dynamics within the human body was deduced for acute phy-
sical activity. Together with meals, exercise is the most challenging perturbation.
The perturbations within the human body that can be corrected by automated
IIR adjustment are rather disturbances than faults. The basic control functions
should either be robust to these or adapt to long-lasting altered dynamics. The
fault appearance characteristics can be adduced to decide whether robustness or
adaptation is the better solution in each case. An incipient time behavior implies
adaptation, whereas an abrupt behavior prompts robustness.

6.2 Scope and limitation of the study

6.2.1 Significance of the analyzed system

In this study, we have studied a general system on the basis of the required functi-
onal capacity of each of the system elements. Faults have been identified by in-
vestigating the possible technical causes, and causes that may stem from complex
and sometimes ambiguous phenomena of the human body. That fulfills the goal to
develop an overview of high-level requirements for a safe control system. However,
a more specific risk analysis is needed to successfully design the controller unit of a
specific system. Research groups might have done similar analyzes as preparation
for clinical trials but did not publish them.

Controller faults such as numerical problems were excluded because the main
purpose of this risk analysis is to identify the physiological conditions and failure
scenarios outside the controller, which the controller needs to handle. After the
control strategy has been defined based on the deduced safety requirements, a risk
analysis should be performed that considers specific limitations of the controller,
given its actual implementation. Some faults, such as a kinked insulin infusion
set, can be avoided by adequate equipment handling and behavior of the patients.
However, the system design must also consider the potential occurrence of these
faults whose likelihood of occurrence can be reduced by educating the patients.
It was omitted to list the patient education as mitigating measure because this is
not an automated system response.

Over-delivery of insulin caused by faults in the insulin infusion unit might
occur due to faulty mechanical parts, but are unlikely in normal operation with
functioning equipment. Thus, the related failure modes were out of the scope of this
analysis. Over-delivery of insulin could also be caused by controller faults which
were also excluded as mentioned above. The asymmetrically higher risk of over-
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delivery (hypoglycemia) compared with under-delivery (hyperglycemia), however,
suggests to prioritize detecting the former. Besides an overall conservative insulin
dosing to prevent over-delivery, bi-hormonal AP systems provide the opportunity
to inject glucagon as an effective mitigating measure.

6.2.2 Limited publicly accessible data on faults

The FMEA scheme in Table 1 contains a list of potential faults of an AP gathe-
red by literature study. A quantitative risk evaluation using historical data was,
however, not performed due to the lack of quantitative information about fault
frequencies and severity. Unannounced changes and improvements of equipment
frequently invalidate published data for newer versions [26]. An international cen-
tral register of adverse events related to faults of medical devices, e.g. in glucose
control systems, could provide valuable information not only for users and health
care providers but also for persons engaged in the development and improvement
of such devices [6]. The existing databases in Europe (European Databank on
Medical Devices (EUDAMED)) and the USA (Manufacturer and User Facility
Device Experience (MAUDE)) are a starting point for adequate surveillance after
the launching of medical devices but but their present form and procedures can
be improved [100].

Moreover, close to no experience has been gained with GIP due to the ab-
sence of appropriate sensing technology. The evaluation of this approach requires
experimental data.

6.2.3 Risk acceptance criteria

A risk analysis gains value by judging the identified risks on risk acceptance crite-
ria. The need for mitigating measures and their success is quantified based on risk
acceptance criteria [5]. Generic descriptive safety requirements for insulin pumps
have previously been suggested [101]. Such internationally obligatory criteria could
help improving the safety of the AP. Quantitative risk acceptance criteria for me-
dical devices are defined in each company based on organizational policies [102].
No risk acceptance criteria were applied here, though the RPN indicates the more
critical faults. Without quantitative fault information (section 6.2.2), however, it
is rather difficult to prioritize faults.

6.3 Safety by modularization

A modularized system structure is typical to safely manage various faults and
has already been implemented in an AP [103]. Modularization according to the
fault locations, e.g. sensor signal validation vs. insulin infusion surveillance, is one
possibility. Furthermore, the time dependency of faults influences which detection
method is appropriate [4] and motivates fault detection and diagnosis functions
working on different time scales. The combination of different detection methods
is most promising in this context [104].

After having detected the occurrence of a fault, the system can either inform
the basic control or issue an alert (AA in Fig. 1). However, the user might ig-
nore major incidents when the alarm frequently goes off for minor reasons. To
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avoid this alarm fatigue, it is important to identify the fault causes as precisely
as possible and to decide whether the user needs to be informed. The possibility
of multiple faults and changes in the insulin-glucose dynamics (Table 1) requires
a balanced tradeoff between fault sensitivity and specificity. Even though a visual
inspection might be unavoidable to eventually clarify the root cause of the fault,
the controller can guide the user through a systematic search based on risk seve-
rity and the probabilities of possible faults. Its implementation, however, requires
a comprehensive database with quantitative risk information (section 6.2).

All functions must be designed as part of the overall system. The example of
a sensor signal that is discontinuous due to calibration shows the importance of
system integration. An uninformed fault detection unit could easily mistake the
step in the signal for a fault; including calibration information may reduce the
number of false alerts in this case [105].

6.4 Redundancy as limited option for fault tolerance

Redundancy enhances the fault tolerance of technical systems notably because re-
dundant identical or diverse components perform the functionality of faulty com-
ponents [4]. Since a portable medical device for permanent use in daily life is
supposed to be as small and inconspicuous as possible, redundant insulin pumps
or infusion sets seem inappropriate. Static or dynamic redundancy of the controller
unit may, however, be realized depending on the hardware configuration.

The sensor performance is particularly critical because it is the only input
entering the AP and false sensor readings proceed through the other components.
Sensor redundancy can compensate for drift and signal dropouts [106]. Only two
SC sensors already improve the signal accuracy whereas voting schemes of three
or four sensors are even more effective [106]. So-called orthogonal redundancy
(or sensor fusion) combines different sensing technologies [107] which ideally do
not suffer from the same disturbances. Combining the sensor modalities in a smart
way, the resulting glucose estimate will have both higher accuracy and lower failure
rate compared to each sensor type used alone. However, wearing multiple separate
SC sensors attached to the body certainly impairs the experienced comfort [108].
Additional glucose signals can also be achieved by mathematical model simulation
[43]. This so-called analytical redundancy can be used to confirm measurements
and to replace faulty measurements as controller inputs.

6.5 Extending the pool of monitored data

The distinction between fault classes and even some single faults may be possible
with a feature space based only on the commonly available CGM and IIR data.
More valuable information, however, can be expected if more information about
the state of the system is considered. The measured glucose concentration is, for
example, not a good indicator of a sensor failure. A more suitable approach for
fault detection is to utilize the internal state of the sensor gathered by monitoring
data (e.g. impedance and noise current of amperometric sensors) [78,79]. Several
attempts have been made to incorporate additional bio-signals in the generation
of hypo- and hyperglycemic alarms [109]. However, only a few methods on fault
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detection in AP exploit information beyond monitored glucose values and the in-
sulin infusion rate [90]. Body temperature and septic status, for example, describe
the general health condition [80,81], whereas activity monitors provide informa-
tion about the current life situation [72]. A human estimating the correct insulin
dose considers all that. Automated diabetes management could also be improved
by extending typical diabetes care data (i.e. CGM and IIR) with information that
is already available from fitness devices and weighing scales, if only the connecti-
vity of related devices would be standardized [18,110]. Statistical analysis of such
data could, for example, enable to predict the glucose levels following the onset of
physical activity across patients.

7 Conclusion

This work provides a failure mode and effects analysis for a glucose control sy-
stem composed of common technologies, kept as general as possible. In particular,
perturbations that potentially cause hypoglycemia or hyperglycemia are analyzed.
The result is a structured overview of faults and disturbances that the controller
unit has to handle.

Academic research towards an AP has neglected faults for the most part. Alt-
hough some approaches exist to avoid hypoglycemic events in particular, the focus
lies on impending hypoglycemia rather than on the fault causes. Along the same li-
nes, methods on fault detection and diagnosis in the AP have focused on detecting
single faults whereas the possible presence of other incidents is neglected. Since
different perturbations may have a similar effect on the BGL, i.e. glucose lowering
or increasing, fault diagnosis is essential. The diagnosis should reveal more infor-
mation about an occurred fault than only its presence. At the best, the fault cause
is identified which allows an appropriate system response. This detailed knowledge
can also avoid alerting the user for minor reasons, and thus preventing alarm fa-
tigue and increasing the overall acceptance of the AP. The present work provides
an overview of perturbations, i.e. faults, disturbances and altered dynamics, with
either direct or indirect metabolic effect. Criteria for designing and testing a ro-
bust and fault tolerant control system can be developed using this information.
Some faults, such as a kinked insulin infusion set, may be avoided by adequate
equipment handling and behavior by the patients. However, the system design
must consider the potential occurrence of such faults.

Quantitative risk information about faults and their causes can improve the
comprehensiveness of the risk analysis. Further contributions are needed in parti-
cular in identifying features to isolate faults, altered dynamics and external distur-
bances from each other. The inclusion of additional sensors supervising the physical
system state and body monitoring data should be considered in this context.
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Terminology

Adverse
event

Any untoward medical occurrence, unintended
disease or injury, or untoward clinical signs (...)
in subjects, users or other persons, whether or
not related to the investigational medical device
[111]

Artificial
pancreas

Closed-loop control of blood glucose in diabetes,
is a system combining a glucose sensor, a control
algorithm, and an insulin infusion device [112]

Disturbance An unknown (or uncontrolled) input acting on
a system [113]

Error Discrepancy between a computed, observed or
measured value or condition, and the true, spe-
cified or theoretically correct value or condition
[114]

Failure The termination of the ability of an item to per-
form a required function [114]

Failure
mode

Manner in which failure occurs [114] (Fault mo-
des rather than failure modes are actually ana-
lyzed in an FMEA, but the term failure modes
and effects analysis is the common name of this
methodology [7].)

Fault Inability to perform as required, due to an in-
ternal state [114]

Fault de-
tection

Event by which the presence of a fault becomes
apparent [114]

Fault diag-
nosis

Action to identify and characterize the fault
[114]

Fault identi-
fication

Determination of the size and time-variant be-
haviour of a fault. Follows fault isolation [113]

Fault isola-
tion

Determination of the kind, location and time of
detection of a fault. Follows fault detection [113]

Fault tole-
rance

Ability of an item to perform a required function
in the presence of certain given sub-item faults
[114]

Harm Physical injury or damage to persons, property,
and livestock [114]

Hazard Potential source of harm [114]
Hazardous
event

Event that can cause harm [114]

Hazardous
situation

Circumstance in which persons, property and li-
vestock or the environment are exposed to at
least one hazard [114]

Intended
use

Use of a product, process or service in accor-
dance with the information for use provided by
the supplier [114]

Perturbation An input acting on a system, which results in
a temporary departure from the current state
[113]

Random
hardware
failure

Failure, occurring at a random time, which re-
sults from one or more of the possible degrada-
tion mechanisms in the hardware [115]

Reasonably
foreseeable
misuse

Use of a product, process or service in a way not
intended by the supplier, but which may result
from readily predictable human behaviour [114]

Residual A fault indicator, based on a deviation between
measurements and model-equation-based com-
putations. [113]

Perturbation An input acting on a system, which results in
a temporary departure from the current state
[113]

Risk Combination of the probability of occurrence of
harm and the severity of that harm [114]

Risk analy-
sis

Systematic use of available information to iden-
tify hazards and to estimate the risk [114]

Reliability Ability to perform as required, without failure,
for a given time interval, under given conditions
[114]

Safety Freedom from unacceptable risk to the outside
from the functional and physical units conside-
red [114]

Systematic
failure

Failure that consistently occurs under particular
conditions of handling, storage or use [114]
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