


Appendix F

Test case 3 and 4

Here the figures for the anomaly score for test case 3 and 4 when training set 1 and 3
are used for training the methods.
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Figure F.1: Anomaly results for the methods trained on training set 1 evaluated on
test case 3. How to interpret the figure can be seen in Figure 5.5. The results are very
similar to the ones seen for training set 2.
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Figure F.2: Anomaly results for the methods trained on training set 1 evaluated on
test case 4. How to interpret the figure can be seen in Figure 5.5. The results are very
similar to the ones seen for training set 2.
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Figure F.3: Anomaly results for the methods trained on training set 3 evaluated on
test case 3. How to interpret the figure can be seen in Figure 5.5. The results are very
similar to the ones seen for training set 2.
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Figure F.4: Anomaly results for the methods trained on training set 3 evaluated on
test case 3. How to interpret the figure can be seen in Figure 5.5. The results are very
similar to the ones seen for training set 2.
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