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Abstract. This study aims to explain how motivations and emotions combine to
influence users’ satisfaction with social media. Motivations are decomposed into
four attributes, entertainment, information, social-psychological, and convenience, while emotions are divided into their two main categories, that is positive
and negative emotions. In order to examine the interplay of these factors and their
combined effect on satisfaction, a conceptual model is developed, and validated
on a data sample of 582 social media users, through fuzzy-set qualitative comparative analysis (fsQCA). The findings indicate eight configurations that lead to
high satisfaction, which show the importance of high convenience, followed by
entertainment and information in being satisfied with social media, while emotions and social-psychological factors are less important. This study contributes
in social media literature by identifying specific patterns of users for whom these
factors are important and influence greatly their satisfaction.
Keywords: Social Media, Motivation, Emotions, FsQCA.

1

Introduction

Social media have intruded on peoples’ lives and is a main computer activity. The main
characteristic of social media is that they are highly experiential media and their value
depends on users’ adoption through interaction. Many studies in the area focus on systems’ acceptance and satisfaction from their use, through technical and interface characteristics [1, 2]. We suggest a different approach to satisfaction focusing on internal
factors influencing the use of social media. As users’ needs and motivations are not
independent from the system they are using [3], we view users as individuals with motivations and emotions, which influence their satisfaction with social media use.
In the context of online services, affective states and their influence in behavior has
been examined widely [4-6]. Emotions, like enjoyment and pleasure, may increase users’ levels of satisfaction with online services [7]. Additionally, during the interaction
with social media, different emotions are developed [8] affecting users’ behavior and
satisfaction [9]. Nonetheless, studies mainly focus on specific emotions, thus a holistic
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approach to the examination of emotions is needed. Here, we argue that it is needed to
explore the role of motivations and emotions on increasing users’ satisfaction, as the
latter is a main antecedent of repeated behavior, on which social media adoption is
based. As social media evolve and new types appear continuously, it is needed to understand factors that will lead to satisfied users, and by extension to loyal users.
Previous studies in the area of social media examine various ways influencing users’
satisfaction or behaviour, identifying users’ motivations, such as entertainment, information, social-psychological, convenience [2, 10], and various types emotions as important in influencing satisfaction or behaviour [7]. There is a lack of theories in the
area and, mainly, empirical studies that examine the combined effects of the aforementioned factors. Users with different motivations and emotions, might not be represented
from the one-model-fits-all produced from the traditional variance based approaches.
Such traditional approaches (e.g., multiple regression analysis, structural equation modelling) assume that relations among variables are symmetric and offer one single best
solution that explains the outcome. However, a sample includes variables with asymmetric relationships among each other, not identifiable by traditional approaches [11].
Thus, multiple configurations of the examined variables lead to multiple solutions explaining the same result, while representing overall a larger part of the sample.
In this study, we build on complexity theory and configuration theory in order to
identify the different causal patterns of factors that users’ satisfaction with social media.
To this end, we employ a fuzzy-set qualitative comparative analysis (fsQCA) [12] to
explain how motivations and emotions lead to high satisfaction with social media. The
findings identify multiple, different, and equally effective combinations of motivations
and emotions that are able to explain high satisfaction. The paper contributes to existing
literature in two main ways. First, it provides empirical evidence on the importance of
motivations in satisfied customers, and second, it examines the combined influence of
motivations (i.e., entertainment, information, social-psychological, convenience) and
emotions (i.e., positive and negative emotions) on satisfaction with social media.

2

Background and conceptual model

2.1

Motivations when using social media

People using social media have various needs and their motivations may differ, influence their actions, and their fulfillment is expected to increase their satisfaction. This is
inherent in the uses and gratification theory (UGT) which, in the context of social media, suggests that the use of social media is based on and motivated by users’ inner
needs [13]. Such motivations include socializing, entertainment, information, psychological, and hedonic motivation [2, 9, 10], and are linked with the benefits that social
media may offer to their users by covering their needs [10]. People use social media to
find their friends, communicate with them in a convenient way, develop a feel of belongingness, encouragement and companionship from both existing social relationships, but also create new relationships based on similar interests and preferences [2].
Also, individuals may use social media to seek information, on multiple occasions,
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from news to travelling information. Also, individuals may seek social and psychological benefits through social media, which may be gained as people continuously use
social media [10]. Furthermore, users are likely to use social media and visit online
communities because they feel they are fun or amusing [14], suggesting that emotions
play in important part both in their satisfaction and their overall behaviour. The convenience and entertainment that social media offer, for example by being pleasing and
easy to use [15], will increase users’ intention to adopt them. The latter is directly influenced by users’ satisfaction [16], highlighting its importance in forming users’ motivation in social media. To improve our understanding of social media usage and explain individuals’ satisfaction with them further work is needed to provide an integrated
view of social media by employing new methods that are able to give more insight into
the area.
2.2

Emotions and social media satisfaction

Using social media is a highly experiential task, therefore different emotions occur
when people use them. The link of emotions with satisfaction is inherent and one may
lead to the other, or vice versa [17]. Extant research has examined the role of emotions
when using online services and how users’ behavior is affected by their feelings [4, 6].
Specifically in social media, affection has a positive effect on their usage [18], while
the way people feel will have an influence on their satisfaction [19]. Some of the most
widely studied emotions, such as enjoyment, have been found to increase users’ satisfaction with online networks [7], and the majority of the studies in the area of online
services either do not take into consideration emotions or focus on specific ones. However, emotions are a multidimensional factor and studying together positive and negative emotions, which are likely to coexist, may provide better understanding about their
role on increasing satisfaction and formulation behaviors [5].
Positive emotions, like enjoyment and pleasure, and on the other hand, negative
emotions, like anger and anxiety, were studied to explain users’ satisfaction and behavior when using online services [4, 20]. In detail, previous studies have found that
positive emotions will increase users’ satisfaction, while negative ones will decrease it
[20]. Different types of emotions appear in social networks [21] and being able to capture, analyze, and explain them will lead to improved services [8], highlighting the need
for a deeper understanding of their interactions with users’ motivations on social media.
2.3

Conceptual Model

With the increasing number of people using social media, it is crucial to better understand users’ different motivations to identify how their satisfaction can be increased [1,
9]. Recent studies in the area build on the UGT to explain users’ motivations to use
social media, and how they may differ from the motivations to use traditional media [2,
13]. Towards this end, various motivations have been identified as critical when using
social media, with entertainment, information, social-psychological, and convenience
among the most important ones, and their effect on users’ attitudes and behavior has
been verified [2, 10]. However, their relationship with satisfaction needs to be explored
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further [1]. Also, since motivations are based on users’ inner needs, the role of emotions
should be examined [5]. As argued above, emotions are linked with user satisfaction,
and their inclusion here will offer more insight on this relation and how it is shaped.
However, there are not enough studies in the area examining motivations and emotions,
and at the same time existing studies employ regression based tests, which assume a
symmetric relation between the examined factors. Thus, further work needed to provide
a general overview that describes the role of motivations and emotions, and their interrelations in predicting high satisfaction with social media.
To address this gap, we examine users’ satisfaction with social mead by unravelling
configurations of causally related sets of factors. We posit that there is a synergy among
motivations and emotions in explaining satisfaction with social media, and theorize that
there is not one single, optimal, configuration of such values. Instead, multiple and
equally effective configurations of causal conditions exist, which may include different
combinations of motivations and emotions. To conceptualize these relationships, we
propose a conceptual model (Figure 1) showing the examined constructs and their intersections. Overlapping areas represent possible combinations among factors, that is
areas that one factor may exist together with the rest (e.g., combinations that explain
high satisfaction are included within the outcome of interest area).

Fig. 1. Venn diagram of the conceptual model explaining satisfaction with social media

Drawing on complexity theory and the principle of equifinality, a result may be
equally explained by alternative sets of causal conditions [22]. These conditions may
be coalesced in sufficient configurations to explain the outcome [11, 23]. Motivations
and emotions are important antecedents of users’ satisfaction [1, 17], thus they may
interact with each other in various configurations. For example, users that seek information or entertainment are more likely to be satisfied with social media if the feel
happy using them, while at the same time users’ may still be satisfied if they felt negative emotions due to the lack of convenience, but they managed to find the information
they were looking for. Thus, high satisfaction may be achieved through various ways.
Further, configuration theory proposes the principle of causal asymmetry, which
means that the presence or absence of a condition that explains an outcome, depends
on the presence or absence of the other conditions [23]. Following the previous example, alternative configurations may include (i) high levels of information and entertainment motivations, and positive emotions in one configuration, or (ii) high levels of
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negative emotions, low levels of convenience, and high levels of information motivations. Thus, the same outcome may be influenced either positively or negatively by a
specific factor, depending on how it combines with the other factors.

3

Research Methodology

3.1

Sampling and Measures

Our research model deals with experienced users in social media. The respondents were
given a definition of social media, followed by a few examples, and they were asked to
keep this in mind, while answering the questions based on their previous experience.
We used a sample of 582 Greek users of social media. They were kindly asked to voluntary fill in an online questionnaire with no reward for their participation. The survey
was conducted in March-April 2016 and aimed at 1800 social media users. The sample
consists of more women (64%) than men (36%). The majority of the responders are
between 25-34 years old (37%), 27% between 18-24, followed by 19% at the age of 35
to 44 and 12% were less than 17 years old. The rest were over 45 years old (5%). In
terms of the educational status, the vast majority (50,7%) were university graduates.
Almost all of our sample had experience in social media for over a year.
The first part of the questionnaire has questions about the demographic profile of the
responders, and the second part had measures of the constructs chosen to be examined,
selected from the proper literature review (needs, performance, confirmation, emotions,
satisfaction). For the questions of the second part, a 7-point Likert scale was used, anchored from 1 (“completely agree”) to 7 (“completely disagree”). Motivations include
four types of motivations and explain to why people use social media [2, 10]. Positive
and negative emotions, divided based on valence, refer to how users feel when using
social media, and have been adopted from Scherer, Shuman, Fontaine and Soriano [24].
Satisfaction refers to users’ overall satisfaction with social media [25]. In the Appendix
a detailed table presents all constructs along with descriptives and loadings.
3.2

FsQCA

FsQCA is the combination of fuzzy sets and logic principles with Qualitative Comparative Analysis (QCA) [26]. It has been applied in many fields, like business and social
commerce [5, 27], and takes the researcher beyond the traditional MRAs as it identifies
multiple paths explaining the same outcome. These paths are combinations of variables,
and may include variables influencing the outcome only in a small subset of cases, that
are not identified by MRAs [11]. The combinations create multiple solutions (or configurations) offered by fsQCA, and include both necessary and sufficient conditions,
which may be present or absent on a solution, or they may be on a “do not care” situation. The “do not care” situation indicates that the factor may either be present or absent
and it does not play a role on a specific configuration. Necessary and sufficient conditions may be present (or absent) as core, indicating a strong causal relationship with the
outcome, and peripheral elements, indicating a weaker relationship [23].
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Calibration follows, all factors are transformed into fuzzy-sets with a range of values
from 0-1 [12]. This may be done directly or indirectly, based on the data and underlying
theory [12]. In the direct way, three qualitative thresholds (or breakpoints) are chosen,
while in the indirect, the factors are calibrated following qualitative assessments. The
thresholds set the full membership, full non-membership and intermediate membership,
representing the degree that a case is part of a set [12]. We employ the direct method
and the thresholds are chosen based on the survey scale; full membership threshold is
set at 6; full non-membership threshold is set at 2; and, intermediate membership at 4.
Next, fsQCA produces a truth table of 2k rows (k is the number of predictors and
each row represents every possible combination), which is sorted based on frequency
(i.e., the number of observations for each combination) and consistency (i.e., “the degree to which cases correspond to the set-theoretic relationships expressed in a solution”) [12, 23]. To obtain a minimum number of observations for the assessment of the
relationships a frequency threshold is set. We set at 3, and all combinations with smaller
frequency are removed from further analysis [12, 23]. Also, the threshold for consistency is set at over the recommended threshold of 0.85 [28]. The combinations above
the consistency threshold are those that fully explain the outcome, which means that
for those combinations the outcome variable is set at 1, and for the rest is set at 0.
FsQCA offers three sets of solutions (i.e., complex, parsimonious, intermediate) that
need to be interpreted by the researcher. The complex solution presents all combinations of conditions when logical operations are applied, and are simplified into parsimonious and intermediate solutions, as they are simpler to interpret.

4

Findings

4.1

Measurements

The constructs are assessed for reliability based on the Cronbach alpha and Composite
Reliability indicators, that show acceptable indices of internal consistency as all constructs exceed the cut-off threshold of .70. For validity, the average variance extracted
(AVE) needs to be larger than .50, correlations among variables should be lower than
.80 points, and the square root of each factor’s AVE should be higher than its correlations with the other factors [29]. The AVE ranges between 0.57 and 0.84, all correlations are lower than 0.80, and square root AVEs are larger than corresponding correlations. Since our data are not normally distributed, we employ Kendall’s tau test to measure correlation, which is generally preferred over Spearman's rho, as it is a better estimate of the corresponding population parameter, and its standard error is known [30].
The findings are presented in Table 1. Multicollinearity [31] is examined along with
the potential common method bias by utilizing the common latent factor technique and
the CFA marker variable technique, which are better from other control procedures
(e.g., Harman's single factor test) [32]. Variance inflation factor (VIF) for all factors is
lower than the recommended value (<3), thus multicollinearity is not an issue. Common
method bias is not a problem, as variance from the common latent factor technique and
the CFA marker variable technique, is 0.08 and 0.21, respectively.
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Table 1. Descriptive statistics and correlations of latent variables
Construct
1.Entertainment
2. Information
3.Social Psychological
4.Convenience
5.Positive
Emotions
6.Negative
Emotions
7.Satisfaction

Mean
(S.D.)
4.10
(1.49)
4.64
(1.57)
3.11
(1.22)
4.75
(0.91)
3.51
(1.38)
2.16
(1.64)
4.44
(1.64)

CR

AVE

1

2

3

4

5

6

.82

.53

.73

.92

.74

.27

.86

.87

.64

.34

.18

.80

.91

.70

.39

.33

.45

.84

.93

.61

.44

.33

.48

.40

.78

.93

.57

-.02

.04

.14

-.01

.19

.76

.94

.78

.39

.38

.43

.61

.53

-.14

7

.89

Note: Diagonal elements (in bold) are the square root of the average variance extracted (AVE). Off-diagonal elements are the correlations among constructs (all correlations higher than 0.1 are significant, p<
0.01;). For discriminant validity, diagonal elements should be larger than off-diagonal elements. CR; Composite Reliability.

4.2

Findings from fsQCA

The findings from the fsQCA on the configurations for high satisfaction when using
social media are presented in Table 2. Each combination in the solution is able to explain the same outcome at a specific amount. In detail, the presence of a condition is
presented by black circles (●), and its absence by crossed-out circles (⊗) [23]. Blank
spaces indicate a “do not care” situation, which means that the condition may either be
present or absent. Consistency values are presented in Table 2 for every and the overall
solution, with all values being higher than the recommended threshold (>0.75). Consistency shows the degree that a relationship has been approximated, and coverage evaluates the empirical relevance of a consistent subset [28]. The overall consistency is
similar to the correlation and the overall solution coverage indicates the extent to which
high satisfaction may be determined from the existing configurations, and is comparable to the R-square value reported in traditional regression analyses. The overall solution coverage of .80 indicates that a substantial amount of the outcome is explained by
the eight solutions. FsQCA estimates also the empirical relevance for every solution,
by calculating raw and unique coverage. The raw coverage describes the amount of the
outcome that is explained by a certain alternative solution, while the unique coverage
describes the amount of the outcome that is exclusively explained by a certain alternative solution. The solutions presented in Table 2 explain a great number of users’ satisfaction with social media, ranging from 25% to 59% cases associated with the outcome.
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Table 2. Combinations that lead to high satisfaction when using social media
Solution
Configuration
Motivation
Entertainment
Information
Social Psychological
Convenience
Emotions
Positive
Negative
Consistency
Raw Coverage
Unique Coverage

1

2

3








U





4

5






U

U





U

U

U

.92
.59
.05

0.89
0.56
0.03

.93
.36
.02

.91
.41
.03

6

U



7

8









U

U

U

U








.93
.29
.01

.86
.29
.01

.95
.28
.02

.95
.25
.01

Overall Solution Consistency
0.86
Overall Solution Coverage
0.80
Note: Black circles () indicate the presence of a condition, and circles with “x” (U) indicate
its absence. Large circles indicate core conditions, and small ones represent peripheral conditions. Blank spaces indicate “don’t care.”

Solutions 1-5 present combinations that lead to high satisfaction when using social
media, when emotions are not high or not important. In detail, high information and
convenience motivations will satisfy the users when (i) combined with high entertainment (Solution 1) or (ii) low social-psychological motivations (Solution 2), regardless
of emotions, or (iii) when both positive and negative emotions are low (Solution 3).
Next, the combination of high entertainment and convenience will lead to high satisfaction when social-psychological motivations are low, as well as emotions (Solutions
4 and 5). On the other hand, when one or both emotions are high, satisfaction may be
achieved by (i) high convenience with low social-psychological motivations and positive emotions (Solution 6), (ii) high entertainment, convenience and social-psychological motivations (Solution 7), or last by (iii) high entertainment, information, with low
social-psychological motivations (Solution 8).

5

Discussion

This study suggests that in social media, users’ motivation and emotions combine and
create configurations that explain their overall satisfaction with social media. We draw
on complexity theory and configuration theory and propose a conceptual model to identify the aforementioned configurations. In detail, the model includes four users’ motivations, that is entertainment, information, social psychological, convenience, and their
positive and negative emotions. The findings lead to multiple recipes explaining high
satisfaction with social media, with two main outcomes. First, we identify the importance of motivations when using social media over emotions, and second the ability
of emotions to lead to satisfied users when motivations are less important for them.
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The findings show that convenience is the most important factor, since it is present
(i.e., high) in 6 out of 8 solutions, always as a core factor. People tend to choose solutions that make their life easier, especially with the advancement in mobile devices,
thus using social media because it is simple and easy will increase their satisfaction.
Also, convenience is critical as it is linked with the other motivations, because it can
make it easier or simpler to access information, seek entertainment, and communicate
with others more efficiently. This is also verified by our findings, on which entertainment and information are present in 5 out of 8 solutions, except for social-psychological
motivation which is mainly absent (i.e., low). The latter is explained by the relatively
low level of responses of the users, as shown in the Appendix. However, this indicates
that users do not actively seek to fulfil such needs when using social media, raising the
question if the way people use social media has changed over the past 15 years.
As social media are both utilitarian and high experiential systems thus and much
attention should be given to internal factors, our findings indicate that emotions and
social-psychological factors are less important than entertainment, information, and
convenience. Nonetheless, we identify specific patterns of users for whom these factors
are important and influence greatly their satisfaction. This verifies the fact that people
have different motivations when using social media and extends previous findings by
highlight how motivations and emotions combine to lead to high satisfaction [1, 2].
This research has both theoretical and practical implications towards satisfaction
with social media. First, it complements extant research in the area [1, 2] by offering
an alternative view on how motivations and emotions combine with each other to predict high satisfaction. Second, we provide empirical support on how different levels of
motivations and emotions may explain satisfaction of the users’, a relation that has not
been examined deeply in the past [1]. Finally, we extend the literature on social media
by examining emotions as a multidimensional concept studying together positive and
negative emotions, as they are likely to overlap and one may diminish the other [5].
Although emotions were found to be important in certain occasions in leading to satisfaction, we are not able to fully verify previous findings in the area of online services,
that emotions to be critical in formulating users’ attitude, satisfaction and behavior [1,
4, 5], increasing the need for further studies into the area.
Following the results of this study, practitioners can gain insight on how their highly
satisfied customers are motivated and how they feel. This can help them improve or
revise their online strategies and business models, by optimizing the services they offer
as they can choose the optimal mix of motivations and emotions to target their customers accordingly. Since new social media appear quite frequently, practitioners may exploit the identified paths to understand the rationale of users’ decisions, and by extension focus on specific functionality or create more effective communication strategies,
to satisfy users and increase adoption and use. For example, a new social media that
has only built a mobile application should focus on convenience and either entertainment or information, depending on the services and functionality it supports.
This paper contributes to methodology, as it differs from previous studies in the area,
employing regression-based analyses to examine users’ motivations, satisfaction and
behaviour. Here, a configuration analysis is performed with the use of fsQCA, to examine the asymmetric relationships among the factors. This methodology has recently
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received increased attention in online services and social media [9, 27, 33], and if applied together with complexity theory and configuration theory, can contribute to the
creation of new hypotheses, models, and theories [11, 22]. Thus, we propose a conceptual model to identify highly satisfied users of social media based on their motivations
and emotions, and the findings show complex causal patterns among the variables and
highlight asymmetric relationships that may lead to the same outcome (i.e., high satisfaction). Thus, future studies, should examine direct and indirect effects of motivations
and emotions on users’ satisfaction, and complement or extend our findings by contrasting findings from both fsQCA and regression-based analyses.
As with all empirical studies, there are some limitations. First, the sampling method
may limit the generalization of the findings since snowball sampling was used to recruit
respondents. Further, the findings are based on self-reported data. Future studies may
combine self-reported data with real data from using social media, and extend them
with semi-structured interviews, observations, which may provide deeper insight on
user satisfaction. Also, here we only examine value motivations and emotions as antecedents of satisfaction. Researchers may include more variables that have been found
to influence users’ satisfaction as well as examine their effect on behaviour.
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Appendix
Scale items with mean, standard deviation and standardized loading
Construct and scale items
Entertainment
I use social media to forget about work or other things
I use social media to relax
I use social media to feel excited.
I use social media to pass the time
Information
I use social media to learn about unknown things
I use social media to do research
I use social media to learn about useful things
I use social media to get new ideas
Social Psychological
I use social media to seek identity
I use social media to keep relationship with members
I use social media to seek a sense of belonging
I use social media to get involved with members
Convenience.
I use social media anytime, anywhere
I use social media conveniently
I use social media easily
I use social media and get what I want for less effort
Satisfaction
I am satisfied with the experience of using social media
I am pleased with the experience of using social media
My decision to use social media was a wise one
My feeling with using social media was good
Emotions
Mean SD
Loading
Positive
Pleasure
4.13
1.64 0.88
Contentment
Joy
3.90
1.61 0.86
Admiration
Pride
2.49
1.57 0.73
Love
Amusement
4.63
1.55 0.77
Relief
Interest
4.44
1.46 0.66
Negative
Anger
2.42
1.58 0.78
Disappointment
Hate
1.80
1.32 0.77
Shame
Contempt
2.31
1.63 0.76
Regret
Disgust
2.27
1.65 0.86
Guilt
Fear
1.95
1.44 0.67
Sadness
Compassion

Mean

S.D.

Loading

3.01
4.82
3.37
5.18

1.77
1.64
1.56
1.62

0.61
0.83
0.75
0.70

4.94
4.00
4.69
4.93

1.57
1.92
1.68
1.57

0.88
0.78
0.92
0.86

2.39
4.26
2.36
3.40

1.47
1.84
1.52
1.75

0.74
0.82
0.78
0.86

4.01
5.01
5.41
4.57

1.97
1.58
1.51
1.74

0.80
0.90
0.87
0.79

4.66
4.54
4.05
4.50

1.38
1.35
1.50
1.39

0.90
0.91
0.83
0.90

Mean

SD

Loading

3.69
2.99
2.69
2.59

1.70
1.66
1.64
1.58

0.87
0.79
0.75
0.71

2.87
2.08
1.87
1.71
2.30
2.71

1.89
1.56
1.35
1.27
1.63
1.67

0.81
0.80
0.68
0.62
0.80
0.69

