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Figure A.3: HCBP model results.
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Figure A.4: HCBP model reuslts.
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Figure A.5: HCBP model restult. Histograms of some of the parameters after removing the burn-
in period.
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Figure A.6: HCBP model results.
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Figure A.7: HCBP model reuslts.

Figure A.8: HCBU-P model restult. Histograms of some of the parameters after removing the
burn-in period.



70 APPENDIX A. RESULTS

0 5 10 15 20 25 30 35 40
ĉ
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Figure A.9: CAPTION. HCBUP model results.



Appendix B

Acronyms

BADE Bias Against Disconfirmatory Evidence

BR Bayes’ Rule

DTD Draws to Decision

IBA Ideal Bayesian Agent

JTC Jumping to Conclusion

LA Liberal Acceptance

MCMC Markov chain Monte Carlo

M-H Metropolis-Hastings

MLE Maximum Likelihood Estimation

SZ Schizophrenia

HCB Hierarchial Costed Bayesian

HCBU Hierarchial Costed Bayesian, Unaware

HCBP Hierarchial Costed Bayesian with Probability estimates

HCBUP Hierarchial Costed Bayesian, Unaware with Probability estimates
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