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Appendix D

Dataset

Source Count | Percentage
Windows phone | 10415 0,40%
iPad 27660 1,06%
Other 32918 1,26%
Instagram 149282 5,71%
Trendsmap 1264 0,05%
World Cities 2727 0,10%

Web Client 402035 15,38%
Foursquare 268424 10,27%

iPhone 816986 31,26%
Path 31110 1,19%

Android 839799 32,13%
Tweetbot 23302 0,89%

BlackBerry 7739 0,30%

Table D.1: Table showing the different sources for Dataset 1

Source Count | Percentage
Windows phone | 94257 0,40%
iPad 245514 1,05%
Other 600781 2,58%
Instagram 1195528 5,13%
Trendsmap 9224 0,04%
World Cities 13512 0,06%

Web Client 4126813 17,71%
Foursquare 1153926 4,95%

iPhone 8037834 34,49%
Path 345079 1,48%

Android 7196245 30,88%
Tweetbot 208792 0,90%

BlackBerry 76907 0,33%

Table D.2: Table showing the different sources for Dataset 2
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Language | Count | Percentage | Language | Count | Percentage
am 33 0,00% It 1134 0,04%
ar 345391 13,22% ml 621 0,02%
bg 6052 0,23% mr 1022 0,04%
bn 1329 0,05% my 30 0,00%
bs 1084 0,04% ne 10565 0,40%
ckb 41 0,00% nl 3473 0,13%
da 1955 0,07% no 1293 0,05%
de 3014 0,12% or 245 0,01%
el 44 0,00% pa 126 0,00%
en 583797 22,34% pl 2834 0,11%
es 9112 0,35% ps 83 0,00%
et 15751 0,60% pt 4085 0,16%
fa 4086 0,16% ro 1688 0,06%
fi 1815 0,07% ru 275492 10,54%
fr 6632 0,25% sd 152 0,01%
gu 386 0,01% si 412 0,02%
hi 37193 1,42% sk 2775 0,11%
hr 461 0,02% sl 6020 0,23%
hu 963 0,04% Sr 864 0,03%
hy 172 0,01% sV 1539 0,06%
in 498687 19,09% ta 4743 0,18%
is 467 0,02% te 600 0,02%
it 3234 0,12% th 400070 15,31%
iw 69 0,00% tl 64362 2,46%
ja 9647 0,37% tr 44762 1,71%
ka 122 0,00% uk 18305 0,70%
ko 2556 0,10% und 204564 7,83%
km 73 0,00% ur 9465 0,36%
kn 114 0,00% vi 6605 0,25%
lo 69 0,00% zh-cn 9425 0,36%
v 1247 0,05 %

Table D.3: Table showing different languages used in tweets in Dataset 1




Language | Count | Percentage | Language | Count | Percentage
am 67 0,00% 1t 12106 0,05%
ar 615880 2,64% ml 666 0,00%
bg 17789 0,08% mr 1036 0,00%
bn 1609 0,01% my 32 0,00%
bs 24283 0,10% ne 11127 0,05%
ckb 86 0,00% nl 118218 0,51%
da 21741 0,09% no 19792 0,08%
de 113228 0,49% or 251 0,00%
el 21538 0,09% pa 138 0,00%
en 8323481 35,72% pl 83236 0,36%
es 3082357 13,23% ps 93 0,00%
et 53675 0,23% pt 2480193 10,64%
fa 8167 0,04% ro 18517 0,08%
fi 29266 0,13% ru 626846 2,69%
fr 570052 2,45% sd 159 0,00%
gu 400 0,00% si 484 0,00%
hi 46272 0,20% sk 18546 0,08%
hr 12703 0,05% sl 28561 0,12%
hu 12763 0,05% ST 2977 0,01%
hy 189 0,00% sV 53716 0,23%
in 1161208 4,98% ta 5061 0,02%
is 6810 0,03% te 601 0,00%
it 225304 0,97% th 429410 1,84%
iw 16683 0,07% tl 709352 3,04%
ja 1445817 6,20% tr 1033540 4,43%
ka 132 0,00% uk 39657 0,17%
ko 49445 0,21% und 1668149 7,16%
km 145 0,00% ur 10688 0,05%
kn 116 0,00% vi 13524 0,06%
lo 153 0,00% zh-cn 30585 0,13%
v 25981 0,11%

Table D.4: Table showing different languages used in tweets in Dataset 2

Feature Runl | Run2 | Run3 | Average Accuracy
All Features | 76,57% | 76,57% | 76,60% 76,59%
Language 59,03% | 59,04% | 59,03% 59,03%
Time Zone | 41,02% | 41,01% | 41,02% 41,02%
Source 26,82% | 26,83% | 26,83% 26,03%
App Language | 58,83% | 58,03% | 58,03% 58,03%
Baseline 21,40% | 21.40% | 21.41% 21.40%

Table D.5: Table showing the results of testing on Dataset 2
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