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Problem Description

Estimation of the annular pressure at critical locations in the well is crucial for high-precision
pressure control. Certain parameters which are important in order to determine the pressure
profile of the well (in particular the friction factor, bulk modulus and density in the annulus), are
encumbered with high uncertainty and are besides, continuously, but slowly changing. The
objective of the thesis is to design an adaptive observer for estimation of the bottomhole pressure
and certain important parameters/slowly varying variables, during drilling.

Topics that should be addressed are:
1) Literature review of existing estimation schemes for drilling

2) Design an adaptive observer that estimates the bottomhole pressure and adapts to uncertain
parameters during common drilling scenarios.

3) Analyze performance of the parameter estimation. Determine which parameters are reasonable
to estimate.

4) Analyze the adaptive observer with respect to the following cases: pipe connection, drill string
movements, changes in choke valve opening and mud pump flow.

5) Analyze performance/robustness with respect to unmodeled dynamics.
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Abstract

To satisfy the increasing petroleum consumption on a world wide basis there is a need
to find new resources. As mature fields are drained, reservoir pressure falls, which again
leads to tight pressure margins. To reduce down time due to hole stability problems (e.g.
kicks) there is a demand for accurate control of the pressure profile in the well. As the
pressure profile is not known and depends on unknown factors such as friction loss there
is a need to estimate the pressure.

In this thesis an observer that adapts to unknown factors, such as friction and density
changes, and estimates the bottomhole pressure is presented. Furthermore, a parame-
ter estimator for the bulk modulus in the annulus is developed as an extension to the
observer to facilitate for future control design. Both designs are based on a third order
model and provide rigid proofs of stability and convergence of the estimated pressure
and parameters. The pressure estimate from the observer is shown to converge to the
true pressure under reasonable conditions. For parameter estimates to converge to their
true values conditions on excitation are presented.

The observer and parameter estimator are tested in simulations and also on log data
from a well drilled at the Grane field in the North Sea. Simulation results show that the
observer performs very well during typical drilling procedures affecting choke valve
opening, pump flows and drill string movements. The observer shows promising behav-
ior when tested on log data from the Grane field.
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Chapter 1

Background

1.1 Motivation and Introduction to Drilling

To meet the increasing demand for oil and gas on a world wide basis, see figure 1.1,
there is a need to find new reserves and to extract these. The remaining resources are
harder to extract as the easier resources have already been developed (Hydro 2007).
Challenges related to drilling complex wells with narrow pressure margins, e.g., drilling
into depleted reservoirs, demand accurate pressure control. At the same time more wells
need to be drilled as the remaining reservoirs are smaller. Therefore there is a demand
for drilling technologies that provide precise pressure control, while still being cost and
time efficient (Hydro 2007).

As an introduction to drilling consider the drill rig set-up illustrated in figure 1.2.
The figure illustrates a jacket platform performing offshore drilling. At the top of the
derrick the drill string is attached to the topdrive which is a motor that turns the drill
string. The drill string can move up and down inside the derrick as the topdrive is
attached to a hook that can be lowered or raised. As the drilling progresses the top of
the drill string sinks towards the drill floor. After approximately 27m a new stand of drill
pipe is connected to the top and drilling resumes. This procedure is referred to as a pipe
connection. For a typical rate of penetration of 1547 a pipe connection is performed
roughly every two hours.

During drilling, down hole cuttings need to be transported out of the bore hole. This
is done by using a mud circulation system. On board the rig, tanks filled with drilling
mud feed the main mud pump which pumps the drilling fluid through the topdrive and
into the drill string. The mud then flows down through the bit and up through the
annulus carrying the cuttings along before the flow exits through a choke. After exiting
the fluid is recycled and returned to the mud tanks. The example illustrated in figure 1.2
has a rotating control device which seals off the annulus from the outside while a choke
controls the flow of mud out from the annulus. Conventional drilling techniques do not

1
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Figure 1.1: Total final consumption of oil worldwide, by sector. (Key World Energy
Statistics 2007)

have a sealed off annulus. This is cheaper and less complex but does not allow for the
pressure control rendered possible by the seal and choke.

The main reason for pressure control is to prevent uncontrolled reservoir influx
which in the worst case scenario can lead to a surface blowout with large financial
losses, environmental damages and possible loss of lives. Controlling the pressure is
also important to prevent the bore hole from collapsing or fracturing and to reduce skin
damage. Skin damage is caused by drill mud entering and clogging porous sections in
the reservoir which lowers production at a later stage.

The pressure in the annulus is mainly affected by the hydrostatic weight and the
pressure due to friction losses (Brill & Mukherjee 1999). In addition, if the annulus is
closed off, the pressure at the top of the annulus will significantly affect the pressure in
the well.

There are several operational procedures that affect the pressure in the annulus. Pipe
connection affects the pressure as the main pump must be disconnected to attach a new
section of drill pipe, this leads to zero flow and loss of pressure due to friction. Moving
the drill string all the way out/in of the well (tripping) increases/decreases the volume in
the annulus. Tripping out pipe can lead to reduced fluid column height which will lead
to a reduced pressure in the annulus. On the other hand tripping in can create a surge
in the pressure. Similarly effects can be experienced due to heave when drilling from a
floater.

Drilling into depleted sections of the reservoir can lead to a partial or complete loss
of mud which is both critical to hole stability and directly linked to financial losses
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through the cost of mud. On the other hand drilling into high pressure zones will in-
crease the pressure which can bring with it kicks (reservoir fluid influx) which if not
handled correctly can lead to the above mentioned blowout scenario.

Topdrive

-

Rotating Control Device

,',From T T — T T T — T T T T T T T
,'I Main &Y l E
] B ma
Drill Rig—— | |
Sea Level
Seabed
Ry Annulus
T T Casing
Dril} Bit . l -
o o Drill String

Figure 1.2: Example of Drilling System
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1.2 Pressure Control

As described in the previous section there is a demand for accurate control of the annulus
pressure. As a response to these demands a fairly new (for offshore drilling) technology
for pressure control has emerged (Hannegan 2006). It is named Managed Pressure
Drilling (MPD) and is defined by the IADC Underbalanced Operations Committee as:
"Managed Pressure Drilling is an adaptive drilling process used to precisely control the
annular pressure profile throughout the well bore. The objectives are to ascertain the
down hole pressure environment limits and to manage the annular hydraulic pressure
profile accordingly” (Hannegan, Todd, Pritchard & Jonasson 2004).

An important part of MPD is to determine the annular pressure profile. The pressure
profile can be hard to obtain as it is a complex function of geometry, fluid velocity, fric-
tion, density, etc. Therefore the bottom hole pressure (BHP) is often used as the variable
to control (Nygaard & Navdal 2006), (Nygaard, Johannessen, Gravdal & Iversen 2007),
(Nygaard, Vefring, Fjelde, Na&vdal, Lorentzen & Mylvaganam 2004). The bottomhole
pressure (BHP) can be measured but the measurement is usually based on mud-pulse
telemetry. It is therefore hampered with slow sampling and no signal when the circu-
lation is low, e.g., during pipe connection procedures. Wired drill pipe is an emerging
technology that will make the BHP more accessible in future, but at the moment it is not
fully developed (Fischer 2003), (Hydro 2007). As mentioned there are several factors
such as pressure drop due to friction, pressure variations due to movement of the drill
string and reservoir influx affecting the BHP. Friction and influx are cumbered with high
degree of uncertainty as there is no direct way of measuring them. Because of this the
BHP has to be estimated and uncertainties should be taken into account when doing so.

1.3 Pressure Estimation in Wells

This section gives a brief overview of existing estimation/observer designs for MPD
found in the literature. The (possibly) multiphase flow dynamics of a well can be de-
scribed accurately by a set of partial differential equations (PDE’s), see e.g. (Lage
2000), (Nygaard 2006). The models found in (Lage 2000) and (Nygaard 2006) are based
on mass balance equations and a simplified momentum balance known as the drift-flux
formulation. These models can be discretized and implemented (for simulation) as a
large set of ordinary differential equations (ODEs). Such flow simulators can be used to
predict the pressure gradient in the well if all parameters are known and inputs (such as
pump flows and choke flows) are measured and fed into the simulator. This is basically
an open-loop estimation scheme as the estimation error is not used to adjust the future
estimate. In (Fossil & Sangesland 2004) a new MPD concept which uses a modified
version of OLGA 2000 to provide an estimate of the pressure profile in the annulus
is presented. OLGA 2000 is a powerful multiphase flow simulator developed for the
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petroleum industry (SPT Group 2007). The behavior of complex estimation schemes
like these in conjunction with a control system is hard to analyze in a rigid manner.
Verification by simulation or trials seem to be the preferred method to guarantee proper
functionality.

The complexity is increased by the fact that many of the parameters in such models
are uncertain/unknown and possibly slowly changing, which implies that they would
need to be tuned as operating conditions change. This tuning can be done by an ex-
perienced operator or by using automatic tuning methods such as parameter estimation
algorithms. In (Gravdal, Lorentzen, Fjelde & Vefring 2005) an unscented Kalman filter
was used to update the friction estimate in both the drill string and the annulus. The
scheme uses a measurement of the BHP to update the parameters every 30 seconds.
Although no formal proofs are shown the estimation scheme shows promising behavior
with better estimates of the BHP than without the unscented Kalman filter, and fairly
accurate estimation of the friction factors.

Attempts at using low order models for control and estimation of the BHP can be
found in (Nygaard, Imsland & Johannessen 2007) and (Nygaard, Johannessen, Gravdal
& Iversen 2007). In (Nygaard, Imsland & Johannessen 2007) nonlinear model predic-
tive control (NMPC) was used together with an unscented Kalman filter to control the
BHP. A third order nonlinear model was used as the basis for the control and estimation
design. The Kalman filter was used to estimate the states, and the friction and choke co-
efficients. The estimated parameters showed unwanted and unexplained spikes and os-
cillations during and after a pipe connection procedure. The BHP was kept fairly stable.
In (Nygaard, Johannessen, Gravdal & Iversen 2007) it is shown that pressure variations
in the BHP during surge and swab can be suppressed by controlling the choke and main
pump. The control is based on a fourth order model and assumes that all parameters and
the BHP is known, hence there is no estimation scheme involved.

1.4 Scope and Emphasis

The main goal for this thesis is to develop an adaptive observer, based on a low order
model, that:

1. Estimates the bottomhole pressure during common drilling scenarios.
2. Adapts to key unknown parameters to give robustness to the estimate.
3. Provides rigid proofs and conditions for stability and convergence.

4. Facilitates for future control design.

The performance and robustness of the observer should be verified and analyzed
through simulations. Due to time constraints the following assumptions will be made in
the observer design:
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e Only fluid phase
e No reservoir influx

Depending on the drilling conditions the first assumption can be justified if the amount
of gas in the drilling mud is low. The second assumption should be removed as part of
future work.

1.5 Thesis Outline

The thesis is divided into four main parts.

1. In Chapter 2 the low order model used as a basis for the observer design is derived.
Inputs, disturbances and measurements are described.

2. In Chapter 3 observers based on a linearized version of the nonlinear model de-
rived in Chapter 2 are presented. Important limitations in design based on the
linearized model are pointed out. The chapter thus serves as an introduction to
Chapter 4.

3. The main result of this thesis is presented in Chapter 4 where an adaptive observer
based on the nonlinear model presented in Chapter 2 is derived.

4. In Chapter 5 simulations are presented to illustrate the performance of the ob-
server derived in Chapter 4. In Chapter 6 conclusions are drawn, main contribu-
tions are highlighted and future work commented.



Chapter 2

Modeling

To facilitate the design of an observer a dynamic model for the system will be derived in
this chapter. As stated in Section 1.4 only fluid phase flow will be considered. The third
order model consists of nonlinear ODE’s with a nonlinear measurement equation for the
pressure at the bit. The model is originally developed in the internal document (Kaasa
2007), therefore the derivation will be shown here. A similar model for two phase flow
in a well can be found in (Nygaard & Navdal 2006).

For modeling purposes we divide the well into two separate compartments. Figure
2.1 shows the two control volumes considered, one control volume for the drill string
and one for the annulus. The volumes are connected through the drill bit. There is a
mud pump that pumps drilling mud into the drill string. Under normal conditions the
mud flows from the pump through the drill string, the drill bit, and then up through the
annulus and out through the choke. After the choke the mud is recycled and returned to
the mud reservoir. The purpose of the drilling mud circulation is to clean out cuttings
and to help maintain a correct pressure profile in the well bore. The pressure in the well
bore at constant flow consist of three main components. The largest component is the
hydrostatic weight of the mud, the second largest is the choke pressure and finally there
1s a pressure component due to friction (Brill & Mukherjee 1999). Equation (2.1) shows
these main components for the steady state pressure at the bit (pp;;,, ), @ more detailed
derivation will follow later in this chapter.

Pbhitys — paghbit + Pe + FalQalQa (21)

Pa 18 the density of the mud in the annulus, g is gravity, /;, is the depth, p. is the
choke pressure, F, is the friction factor and ¢, is the volume flow in the annulus. From
the equation we can see that changing the density p,, choke pressure p. or flow ¢,
will effect pp;s,. Changing p, takes time as it is necessary to circulate out old mud
before changes become effective. Changing p. gives a much faster response as it can
be controlled by using the choke opening. When the choke is fully closed p. can be

7
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increased by using the back-pressure pump. ¢, can be changed by changing the flow
through the mud pump.

it

Pump G P. Choke
Pq o . | %y DTQ Donake  _ Fo

Backpressure
ump

q&ud.' g

Iy, @,

Drillstring = “t~ Annulus

hil,,) (i)

Cirill Bit

Figure 2.1: Division of system into two control volumes

2.1 Pressure dynamics

The model for the system in Figure 2.1 will be developed using mass and momentum
balance relations. First, using the mass balance, expressions for the pressure dynamics
will be found. The method used can be found in (Merrit 1967). Consider the control
volume shown in Figure 2.2 with mass

m=pV,

where p is the average density in the volume V' defined by

1 L
=7 / p(¥)A(x)dx, 2.2)
0
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where L is the length of the volume in the x-direction and A(x) is the cross-sectional
area. For a circular pipe, A(x) = %d; (x)? where d; (x) is the inner diameter. Conservation

,,,,,,,, 0

,,,,,,,,, V.L

Figure 2.2: General Control Volume

of mass (m) gives

E min_E Moy = M

dGY)

dr

_yd ;Y 23)
dr dr

As we want to find an expression for the dynamics of the pressure we make the custom-
ary assumption (Egeland & Gravdahl 2002)

o _ 4 (2.4)
b B
where the assumption 1 has been made.
Assumption 1. Isothermal conditions in the fluid.
The bulk modulus g is given as (Merrit 1967)
g=—v, 2| . 2.5)

aV To



10 CHAPTER 2. MODELING

Substituting (2.4) into (2.3) and using p = p and p = p, where p is the average
pressure in the control volume gives

odp _dV
Zmin - Zmout = V%d_l; + ,OE (2.6)
V. . 1
= gh+V= E(Z Min = Mour)- 2.7)

We further assume that:

Assumption 2. Y m;, = > qinpand > Mour = Y Qourp
This gives

%ﬁ + V= Zqin - ZQOW— (2.8)

Making the assumption:

Assumption 3. The change w.r.t. time in average pressure is the same as the change in
pressure anywhere in the control volume, p = p.

Using assumption 3 and (2.8) gives

%p +V =) Gin— Y qour (2.9)

which describes the pressure dynamics anywhere in the control volume. Applying (2.9)
to the control volume in the drill string, see Figure 2.1, we have one flow in from the
main pump (¢ pump) and one flow out through the bit (g;,). The pressure dynamics for
the pump pressure (p ) is therefore given by
Va . .
—Pp = Gpump — qbit — Va, (2.10)
B
where Vy is the drill string volume and 4 is the bulk modulus of the drilling mud. As
the drill string volume is constant between each pipe connection V; = 0 and (2.10)
reduces to

Va .
2 Pp = 4pump — 4bit- (2.11)

Ba
The same procedure for the control volume in the annulus gives the choke pressure
dynamics, see Figure 2.1,

V,

ﬂ_apc = 4bit + qback — Gchoke + qres — Va» (212)
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where V,(¢) is time varying as the volume is dependent on drill string movements and
drilling progress. ¢pack 1S the flow from the back pressure pump, gcpoke 1S the flow
through the choke and g,.s is reservoir influx. The flow through the choke can be
modeled by the classic orifice equation (Manring 2005)

2
dchoke = Kch I(-)_(pc - pO)’ (213)
a

where the flow constant K, = A.Cy, with A4, being the valve opening at fully open
valve and C; being the discharge coefficient of the choke valve. z. € [0 1] is the
normalized choke opening and p, is the pressure at vena contracta which will be ap-
proximated with the pressure further downstream of the choke. Note that the orifice
equation is based on assumptions of steady, incompressible, high-Reynholds-number
flow (Manring 2005). The assumptions of steady and incompressible flow are not valid
for our system. For simplicity these assumptions will be neglected when using (2.13).

2.2 Flow dynamics

Equations (2.11) and (2.12) describe the dynamics of the pump and choke pressure.
They both depend on ¢p;;. Using the momentum balance the ¢p;; dynamics will be
derived. One important simplification will be used in this derivation:

Assumption 4. p is constant in the flow dynamics, compressible flow effects due to
pressure variations will be neglected, this implies that the flow will be considered rigid
(¢ is constant along the flow path).

Using results found in (White 1999, p. 224) the momentum balance for a differential
volume is

av
Y F= pgdxdydz, (2.14)

where ) F is the sum of forces acting on the differential volume, p is the mass density
in the differential volume, and V is the velocity vector. For one-dimensional flow in the
x-direction with cross-sectional area A(x), (2.14) reduces to

d
Y F. = pd—”l‘A(x)dx, (2.15)

where u is the velocity in the x-direction, see Figure 2.3. The forces acting on the
differential volume in the x-direction are

ZFx = Lsurf + Fgrav- (216)
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444@‘@ __
5|

Figure 2.3: Differential Control Volume

Fsurr 1s due to stresses on the sides of the control volume consisting of the hydrostatic
pressure gradient plus the viscous stresses (friction). Hence Fy,,r = —g—iA(x)dx —

aa%dx, where F'r is the friction force acting on the flow. Fj,4, is the gravity force in

the x-direction and can be expressed as Fg,qp = pg%A(x)dx, where % is the depth

gradient, see Figure 2.3. For a more detailed derivation of this result see (White 1999,
ch. 4). Using (2.15), (2.16) and the above mentioned expressions we get

F
23 4 (v)dx = _op A(x)dx — 7 v + pg%A(x)dx (2.17)
dr ax 0x 0x
du 1 3Ff
—dx =—-dp— ———=d oh. 2.18
:>,odtdx ap A0 o X+ pg (2.18)

Inserting ¢ = A(x)u, integrating (2.18) along the flow path (x-direction), using as-
sumption 4 and replacing p with p defined in (2.2) gives

[ = p() / h(1)
0 dg /‘ /‘ 1 0Ff / _
——dx— = — p— | ————dx + pgoh
[) A(X) dr P(0) 0 A(X) 0x 1(0)

l
=0 - p) = [ =T+ gD —hO)). 219)
o A(x) dx
Figure 2.1 explaines the notation. The pressure loss due to friction is given by the
term fol ﬁ%dx. The expressions for the friction gradient, aa%, can be quite com-
plex depending on amongst other the Reynolds number, density and geometry (White
1999, chp. 6). As the mud flow in the well is dynamic (volume flow changes, geome-
try changes, density changes) so will the friction gradient be. This complexity can be
avoided by stating the pressure loss due to friction directly. Using formulations found
in (Manring 2005), the loss can be divided into minor and major losses. Note that major
and minor do not have anything to do with the size of the loss. Major losses are losses
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that occur over straight sections of pipe while minor losses are losses due to bends in
the flow path or obstructions such as valves. Figure 2.4 illustrates an example of how
the system can be divided into major and minor loss sections. Section S illustrates the
main length of the drill string which would be a major loss. Section S, illustrates the bit
(dynamics similar to a valve) which would be a minor loss. While S5 and S, illustrate
the annulus with a varying diameter, representing major losses.

Figure 2.4: Sections of major and minor losses

A general expression for a major pressure loss is (where u > 0 has been assumed)
(Manring 2005)

11

APmaj = fﬁpuz, (2.20)

If the flow can flow both ways (no assumption on u) (2.20) can be written as

11

Apmaj = fEBPWW, (2.21)

where f is called the friction factor which is dependent on the Reynolds number, surface
roughness and diameter. u is velocity, / is length and D diameter. The pressure loss
from minor losses can be described in a similar manner as

1
Apmin = Kzzplulu, (2.22)



14 CHAPTER 2. MODELING

where K; has to be determined experimentally and will according to dimensional analy-
sis (Manring 2005) vary with the Reynolds number and the geometry. The total pressure
loss due to friction in the drill string is thus simply the sum of all major and minor losses
in the drill string. Using (2.21) and (2.22) this can be stated as

1 1
Apra=) Jiz i uilus + > Kipiluilus. (2.23)
i i

Changing from velocity to volume flow using u; = 4- gives

1 l,' 1 Pi
Apfa = ZI: fiEPiEMzMi + Xl: KI[EA_I?|Qi|qi' (2.24)
Using assumption 4 which implies p; = p = p V i, where p is the average density
defined by (2.2), and ¢; = ¢q V i gives
li Kl- 1 _
A = —— — | = . 2.25
Prd [Xi:f’A?Di +Xi: A?} SPlalg (2.25)
Defining
l; K; | 1_
Fg = ——— — | =p, 2.26
”’ [,Zf’A%Df,ZAf}z" 220
gives
Apra = Falqlg. (2.27)

Similarly for the annulus we get

I; K |1
Apfa = {Z fiA.Z—lD,- +> ?} Shlala (2.28)
i i i

i
= F,lqlq. (2.29)

Note that both F; and F, will change with operating conditions as the factors in (2.26)
and (2.28) will vary. In the observer design later on this is an important reason for
designing an observer that adapts to changes in friction.

Inserting (2.27) for the friction term in (2.19) the flow dynamics for the drill string
(where the bit is considered a part of the drill string) are

Lan
Ld dgq )

g = Pr = prie— E hbir. 2.30
/o A, o0& = Pe— peie — Faldalga & paghyie (2.30)
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where Ly is the total length of the drill string, g4 is the volume flow in the drill string,
Dp is the pump pressure, pp;; is the pressure just after the bit and Ay, = h(lpi;). See
Figure 2.1 for further description. Defining

Lgn =
M, = / Pd_4x (2.31)
0 Aq(x)
Lan 1
P /0 Agq(x)
simplifies (2.30) to
Maga = pp — Poir — Falqalqa + paghpiz- (2.33)

Deriving the dynamics for the volume flow in the annulus in a similar manner gives

Maq.a = Pbit — Pc — FalQa|Qa - lsaghbit, (234)
where
lw 1
M, =p dx. 2.35
a pafo A,(x) X ( )

From Figure 2.1 and assumption 4 it can be seen that gp;; = ¢4, where gp;; is the
volume flow through the bit. It can also be seen that g, = ¢pir + Gres Where gyes 18
reservoir influx/out flux. Using these relations and adding (2.33) and (2.34) together
gives

Maga + MaGa = pp — Poir — Falqalga + pagheir + prit — Pe — Falqalqa — paghpis
= pp — Pe — Falqalga — Falqalga + (pa — pa)ghbis
= Mqpir = Pp— Pc— Falgpit|qpic — Falqpic + qres|(qpic + qres) + (Pa — pa)ghvir,

(2.36)
where M = M; + M,. Note that ¢, = pir + {res = {pi¢ by the assumption:

Assumption 5. ¢, is constant.

2.3 Model summary

A simplified model for control and observer design has been presented. The pressure
dynamics are given by (2.11) and (2.12), while the volume flow dynamics are given by
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(2.36). Summarizing the equations we have

Va .

——Pp = Y9pump — 4bit (2.37)

Ba

Va . :

IB_pc = 4bit + Gback — Ychoke + res — Va (2.38)
a

M qpir = Pp — Dc— Falgpitlavic — Falqpic + Gres|(qpic + Gres) + (Pa — pa)&hbis-
(2.39)

As mentioned in the beginning of Chapter 2 the pressure profile in the well is of main
concern. To limit the scope of this thesis only the pressure at the bit will be considered.
Note that the bit is usually the place where the pressure margins are smallest. The
pressure at the bit can be found from (2.33) giving

DPbit = Pp — Maqa — Falqalqa + paghvi:
= pp — Maqpir — Falqvitlqpir + paghei:. (2.40)

It can also be found from (2.34) which gives
Dbit = Pe + Muga + FalQalQa + /(_)aghbit- (2.41)
Inserting (2.39) for g, and ¢, = qpir + Gres gives

Pbit = Pc T+ Maq'bit + FalQbit + Qresl(Qbit + Qres) + ﬁaghbit

M, M, M, M,
= ﬁapp + ﬁpc + (vFa - ﬁaFdﬂqbit + Qres|(qbit + Qres)
My _ M, _
+ (ﬁpa + ﬁapd)ghbit, (2.42)

where the steady state solution to (2.41) is (2.1) introduced in the beginning of this
chapter. The derivation from (2.41) to (2.42) can be found in the appendix A.1.

2.3.1 Reservoir Influx/Out flux

The reservoir influx/out flux ¢,.s can be both positive (reservoir fluids entering the well)
or negative (mud loss). It is an unknown disturbance that enters in equations (2.38)—
(2.42). The main complexity due to the reservoir flux is caused by the friction term
in the annulus, F,|qpir + Gres|(qpir + qres). The friction term is very complex as it
has both an absolute term and a multiplicative term involving an unknown disturbance.
Therefore, to limit the scope of this thesis the reservoir influx will assumed to be zero.

Assumption 6. ¢,.; =0
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2.3.2 Constant Parameters and Time Varying Signals

The model presented in (2.37)— (2.42) has both constant parameters and time varying
signals. V,(¢) and V,(¢) are the volume and the change in volume of the annulus. They
will change with drill string movement and drilling (which increases the volume). Drill
string movements can be caused by surge or swab (moving the drill string down or up),
heave (if drilling from a floater) or tripping (moving the drill string all the way out/in
of/to the well). /p;,(¢) also varies with drill string movements and drilling. M (¢) =
M,(t) + M,4(t), further defined in (2.32) and (2.35), varies with the length of the well.
To limit the scope of this thesis only M = M(t) = constant will be considered
here. Note that M only affects transient behavior, see equations (2.39) and (2.41). The
density in the annulus p,, the bulk modulus S, and the friction factor F = F, + Fy
all vary slowly due to the amount of cuttings and the length of the well. The following
parameters are constant: Vy, B4, pa, g.

2.3.3 Drill Bit Check Valve

To prevent flow from the annulus back into the drill string there is a check valve in
the bit (Altermann, Bingham, Grayson, Linenberger, Mueller, Odelius & Taylor 2007).
This implies that gp;; > 0. This physical constraint limits the validity of the model
summarized in Section 2.3 as §p;; is not described by (2.39) for gp;; = 0. At gp;; = 0,
gpi: can be described by

M qpi; = max {O, Pp— Pc+ (pa — ﬁa)ghbit} for gpir = 0, (2.43)
where assumption 6 has been used. This gives the complete model

M = { Pp = pe = (Fa + Fo)|gvic|qpic + (pa = pa)&hbic dbie >0 40y
max {0, pp — pe + (Pa — Pa)&hpis} gpir = 0

where the max function is defined as:

a a>b

max {a,b} = { b a<b (2.45)

The added complexity in the ¢p;; dynamics will not only affect gp;; but more impor-
tantly it will affect pp;;, see equation (2.41), as ¢p;; enters the measurement equation.
Furthermore it is not possible to use equation (2.40) for the pressure at the bit when the
check valve is active as the pressure in the drill string does not affect pp;;. The com-
plexity in (2.44) will directly affect the main results in this thesis derived in Chapter
4.
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2.4 Measurements

2.4.1 Pressures

Standard measurements include measurement of top-side pressures, p, and p.. The
down hole pressure pp;; is measured and transmitted to the surface through mud-pulse-
telemetry (MPT). MPT requires a minimum flow velocity to function hence this mea-
surement is not available at pipe connections. MPT also has low sampling rate (Kaasa
2007) and it is unreliable as the pressure sensor operates in a harsh environment. Due
to these impediments the pp;; measurement will not be used for estimation.

2.4.2 Flows

For pump volume flows ¢ pump and gpacx there might be flow meters, if not, one can
estimate the volume flow by using the known pump speeds (w,), the number of pistons
(IVp) and volume per stroke per piston (V) according to

Gpump = NpVp2nw,
= K,w,, (2.46)

where pump leakage has been neglected. The volume flow through the choke, g poke 18
sometimes measured with a flow meter. If not it can be estimated using the relationship
given in equation (2.13).

2.4.3 Geometry

Drill string geometry is well known as both length and drill pipe dimensions are mea-
sured/known. Annulus geometry is well known as bore hole diameter and casing geom-
etry is well known. The depth of the bit /;, is measured. Hence /hpi;(2), V,(2), v, ()
and V; are known signals. /15, (¢), V4 (¢) and V,(¢) will be treated as known disturbances
while V; will be treated as a constant. To summarize, the measurement assumption is:

Assumption 7.

e p,and p. are measured

e ppir is measured at low sampling rate and is unreliable

4 pump> Qback and gepoke are measured

hpis (1), Va(t) and V,(¢) are measured

V4 is known



Chapter 3

Linear Observer Design

In this chapter an adaptive observer based on a linearized version of the model summa-
rized in Section 2.3 will be derived. The observer will try to estimate the BHP (ppi;),
and adapt to an unknown friction parameter in the annulus. Due to the serious limita-
tions in using a linear model, the designs proposed in this chapter should be seen as an
introduction to the main result of this thesis, presented in Chapter 4, not as a design that
should be used. Before the adaptive observer is derived, the state space model defined
in (2.37) — (2.39) and the measurement equation (2.42) will be linearized and a multiple
input multiple output (MIMO) linear observer will be designed. Only the case where
qpbir > 0 will be considered. The goals for this chapter are:

e Find a linear model that is suitable for linear observer design.
e Design a linear observer.

e Design an adaptive observer that adapts to an unknown friction parameter.

3.1 Linearization of State Space Model

The model defined by equations (2.37) — (2.39) and (2.42) is, using assumption 6
(Qres = O)

Va .
2 Pp = 4pump — 4bit (3.1
Ba
Va. .
,B_pc = bit t+ Gback — qchoke — Va (32)
a
M Gpis = pp — pe — (Fa + Fo)lqbit|qpic + (Pa — pa)&hbis (3.3)
M, My My M, My _ M, _
it = —— —Pe+ (= Fa— it|qgbi —Pa + — hbis-
Poit = Pp+ 0P +(M % d)lqbthbt+(Mp+Mpd)g bit

(3.4)

19
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Defining the state (x), input (1), and known time varying disturbance (v) vectors to
be

pP Va
x=| pe u:[ Dpump ] v=1| v, |. (3.5)
4back — Ychoke
qbit hpis
Inserting these definitions into (3.1) — (3.4) gives
Va .
— X1 = U] — X3 (36)
Ba
U1,
IB—Xz = X3+ Uy — Uy (37)
Mx3 = x1 —x2 — (Fa + Fa)|x3|x3 + (g — pa) g3 (3.8)
M, My My M, M, _ M, _
Dbir = Maxl toynet (VFa — MaFd)|x3|x3 + (vpa + ﬁa,od)gtg.
(3.9)
Defining
d
Silx,u) = 'B—(Ul — X3) (3.10)
Vi
Sfalx,u,v) = %(M + Uy — vy) (3.11)
1
1 _ -
Sa(x,v) = M(xl — X2 — (Fg + Fo)|x3]x3 + (0a — pa)gv3) (3.12)
M, M, My M, My _ M, _
h(x,v) = ]waxl + YA + (ﬁFa - ﬁaFd)|x3|X3 + (ﬁpa + ﬁapd)gvs,
(3.13)
results in a more compact formulation
X = f(x,u,v) (3.14)
pbit - h(x’ v)’ (3'15)

where f is a vector consisting of f1, f> and f3.

The compact model stated in (3.14) and (3.15) can be linearized around a solution
(x°(#),u®(r)) where v(¢) will be treated as a known time varying signal. Using the
approach found in (Egeland & Gravdahl 2002) we get

20(2) = f(x°0), u’(1), v(2)). (3.16)
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Defining the perturbations in x, u and pp;; as

x(t) = x°(t) + Ax (1) (3.17)
u(t) = u®(t) + Au(r) (3.18)
Prie(t) = h(x°(1), v(t)) + Apaic (3.19)
= p°(t) + Appir, (3.20)

and using a Taylor series expansion around (x°(z), u°(z)) gives

x = f(x°0),u’@), () + % ()Ax + % ()Au (3.21)
x0(r uO(t
poin = B 00) + o Ax. 3.22)
X x0()

Inserting (3.16) into (3.21) and comparing the result with the derivative w.r.t. time of
(3.17) gives

) d
AX = —f Ax + —f Au. (3.23)
90X | (x0(),u00)) I | (x0(0),u00))
Inserting (3.22) into (3.19) gives
oh
Appis = — Ax. (3.24)
0x x0()
Define the matrices 4 , B and C as
0
A0 100 0(0) = L (3.25)
X | (x0(1),u0(1))
0 0 af
B(x"(2),u"(1),v(®)) = — (3.26)
I | (x0(1),u0 0))
oh
C(x°) = — . (3.27)
0x x0(¢)
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Using (3.10) — (3.12) and (3.13) A4, B and C can be expressed as

B
0 0 —52
AXC@),v@) =] 0 0 b (3.28)
1 1 —2(FatFa)x3)]
M M M
by
B(x*(1).u’(®).v(1) = Bu@®) = | 0 £ (3.29)
0 0
M, T
,
C(x°(1)) = M , (3.30)
2 (M Fy— MaFy ) 19|
where the relationship
3| x|x 2 x>0
— X
0x —aai x<0
) 2x x=0
Tl —2x x<0
= 2|x], (3.31)

has been used.

A linearized model for the system described by (3.1) — (3.4) has been developed.
The model is valid for small perturbations (Ax, Au) around the solution (x°(¢), u°(¢)).
The equations defining the model are (3.17)—(3.19), (3.23) and (3.24), summarized com-
pactly in Table 3.1. Note that the solution (x°(z), u°(¢)) selected is usually chosen to be
steady state solution thereby satisfying xo = f(x°(),u°(),v(r)) = 0.
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Table 3.1: Linearized model

X = f(x,u,v)

Nonlinear system | pp;; = h(x,v)
T
x=[pp P qvir |

Linearized system | Ax = A(x°(),v(t))Ax + B(v(t))Au(r)
Appir = C(x°(t)) Ax

x(t) = x°(t) + Ax(?)
Perturbations u(t) = u@t) + Au(r)
Poir(t) = h(x°(t), v(t)) + Apeir

Design Choices Solution (x°(¢), u°(¢)) that satisfies, xo = f(x°(), u°(t), v(1))

3.2 Reduced Order Linear Observer

As stated in Section 2.4.1 the pressures p. and p, are both measured reliably, while the
measurement of pp;, is encumbered with slow sampling, and during pipe connections,
it is not available. In this section a reduced order observer will be designed for the linear
time varying (LTV) system found in the previous section, see Table 3.1. We will assume
that (x°(¢), u°(z)) has been chosen and that M and M,, see (3.28)-(3.30), are constant.
The observer will estimate the unmeasured state Ax;. Using the estimated Ax; and the
measured states Ax; and AXx; an estimate of the output App;, will be constructed. The
system considered is

A% = A(t)Ax + B(t)Au(t) (3.32)
Appiz = C(t)Ax, (3.33)
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where Ax; and AXx, are measured and, see (3.28)—(3.30),

0 0 a1z
A= 0 0  an() (3.34)
| a3 —as; ass(?)
[ bll 0 C1 d
B(f) = 0 bzz(l) C(t) = Co X (335)
0 0 C3(l)

where b,,(t), a3(t) are bounded since the volume in the annulus v; > ¢ > 0. And
as3(1), ¢3(¢) are bounded by assuming |xJ(7)| bounded.

3.2.1 Observer for Ax;

For the observer design we will assume that Ax and Au are bounded. Using an ap-
proach similar to one found in (Narendra & Annaswamy 1989) we divide the states
(3.32) into measured and unmeasured states,

Axy = ai3Ax; + b1 Auy
AXy = az3(t) Axz + by (1) Au,

AXx; = a3 Axy —asz1Axy 4+ az3(t)Axz;  Unmeasured. (3.37)

} Measured (3.36)

Note that (3.36) implies that the system is observable, since Ax; and AXx, are mea-
sured, hence it should be possible to design an observer for Ax;. For a definition of
observability for LTV systems see e.g. (Skelton, Iwasaki & Grigoriadis 1998). Define
the observer to be

A;C\:; = %- — ll AXI — leX2 (338)
é = Fé +g1AX1 +g2AX2 + h]Aul + l’leuz. (339)

The estimation error is defined as

e = Ax; — AX;. (3.40)
Differentiating (3.40) w.r.t. time the dynamics of the estimation error are

& = Axs — AX;.
Differentiating (3.38) w.r.t. time and inserting for Afc}.

¢ =Axs —E+ L A% + LAX,
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Using (3.36),(3.37) and (3.39) with § = AX3 + [; Axy + [, Ax; gives

€ = a31 Ax; — a3z Axy + azzAxs — F(AX3 + [1Axy + L AX,) — g1 Ax
— £2Ax2 + li(a13Ax3 + byt Auy) + L(as Axs + by Auz) — hiAuy — haAus
= (ass + layz + haz) Axs — FAX; + (a3 — Fly — g1)Ax,
+ (a3 — Fly — g2)Axy + (=hy + Lib1) Auy + (=hy + [by2) Aus. (3.41)

From (3.40) we have AX; = Ax; — e, inserting this gives

¢ = (az3 + liars + hazz)Axs — F(Axs —e) + (as1 — Fly — g1)Ax,
+ (—az1 — Fly — g2)Axy + (=hy + Lib11) Auy + (=hy + [by2) Auy
= Fe + (as3 + liai3 + hays — F)Ax3 + (as; — Fly — g1)Ax,
+ (—as1 — Fly, — g2)Axy + (—hy + L1b11)Auy + (=ha + [byy)Auy. (3.42)

To zero out the terms multiplying Axs, Ax,, Axy, Au; and Au, we choose

F(t) = ass(t) + Lays + hass(t) (3.43)
g1(t) = as; — F(1)]; (3.44)
g2(t) = —az — F() (3.45)

hy = 11b14 (3.46)
ha (1) = 1bs(2), (3.47)

where the dependence on ¢ has been included. This gives
¢ = F()e = e(t) = e(0) explo FOHIT, (3.48)

which implies that e(f) = Ax3 — AX3 converges to zero exponentially if fot F(r)dt <
0 V ¢ . Conditions on the gains /; and /, such that fol F(t)dt < 0V t will now be
found. Using (3.43) we have

t t
/ F(o)dt = / t33(1) + hiars + hars(2)dr.
0 0

2(Fy+F,)|x3(t)
A v

Since az;(t) = — <0V ¢ weget

t

t
[ as3(t) + hays + haxs(t)dt < / lyays + hass(r)dt
0 0
<0 for lia;zs + Lax(t) <0 V ¢t (3.49)

Using the fact that a3 < 0 and a,3(¢) > 0 V ¢ and therefore choosing /; > 0 and
[, < 0 satisfies (3.49). To summarize, the estimate AX3(z) defined by equations (3.38)
and (3.39) converges exponentially to the true state Ax;(¢) for any initial conditions
provided the gains are chosen to satisfy (3.43) — (3.47) and (3.49). The convergence
rate can be made arbitrarily fast by proper choice of /; and /,.
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3.2.2 Convergence of A p;;,

The observer designed in the previous section exponentially tracks the unmeasured state,
but what happens to the estimation error in App;;? Constructing the estimate of App;;
as

ADpir = c1Axy + c2Axy + ¢c3(1) AX3, (3.50)

gives the estimation error, see (3.33),
A ppit = Appic — AP (3.51)
= C3(Z)A)E3. (352)

As c3(¢) is bounded and X3 converges exponentially to zero, A pp;; converges exponen-
tially to zero and the convergence rate can be made arbitrarily fast by proper choice of
ll and 12.

3.2.3 Example, Observer

To illustrate some of the functionality of the designed observer a simulation was carried
out. The observer was based on a linear model around the steady state solution to the
nonlinear system (3.1) — (3.3) with

[
dpump = —Ychoke = 1000_ (353)
min
dback = Va=20 (3.54)
hpir = 2000 m, (3.55)
which gives
/
ud = u) = x¥ = 1000—. (3.56)
min

Using (3.2) and the orifice equation (2.13) with x, = p. gives

0
0= X3 + Gback — Ychoke

2
= Xg — K.z, ﬁ_(xg - pO)
a

_ 2
0 __ Pa 1 0 _
= X2 = ? (m)%) + p()) = 86.6 Ze 7é 0. (357)

For x? we use (3.3) to find the last element x? to be

X7 (0) = x3(0) + (Fa + F)lx3(0)|x3(0) — (pa — pa)ghsir = 126. (3.58)
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Table 3.2: Parameter values for simulation of linear observer

Parameter | Value Description

Va 28.2743 Volume drill string (m?)

Ba 14000 Bulk modulus drill string (bar)
V, 96.1327 Volume annulus (m13)

Ba 14000 Bulk modulus annulus (bar)

K, 0.0046 Choke valve constant

z? 0.04 Normalized choke valve opening
Do 1 Pressure outside system (bar)
Pa 0.0119 Density annulus (107> x %)
0d 0.0125 Density drill string (107> x %)
Fy 165000 Friction factor drill string

F, 20800 Friction factor annulus

M, 1.6009 x 103 | (1075 x X&

M, 5.7296 x 103 | (1075 x %)

The parameters used are shown in Table 3.2.

In the simulation the nonlinear model (3.1) — (3.4) was considered the true system
and the observer was used to estimate x3(¢) and pp;,(?) using equations (3.17), (3.19)
and (3.50) in the following manner

Gpir(t) = X3 + AX3(1) (3.59)

Phie () = h(x°, v(1)) + APbir (3.60)

= h(x%, v(t)) + c1Ax1 + c2Ax, + ¢3(t) AX. (3.61)

The gains in the observer were chosen tobe /; = 5x 1072 and /, = —5 x 1073, The

initial condition £(0) = 0. The simulation consisted of three parts. After an initial
period to allow the system to reach steady state the choke valve was opened at t =
2 min giving an increased flow —u, = gcnoke through the valve, see Figure 3.1(d).
This results in a small perturbation away from (x°, #°). From figures 3.1(a) and 3.1(b)
it can be seen that gp;, follows ¢p;; with a very small deviation. As a consequence the
estimated BHP py;; follows pp;; well, see Figure 3.1(c). Note that the gains /; and /,
can be increased to give a smaller deviation but at the same time this will amplify noise.
In the second part of the simulation (z = 8 min), the choke valve is tightened back to
its original setting which gives a similar response as before. The third part (# = 14min)
consist of a reduction of the main pump flow to 500#, see Figure 3.1(d). Due to the

reduction the steady state gp;;,, = 500# # x3 which uncovers a major weakness of
the observer. It only gives a good estimate as long as the solution stays around xg.
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Figure 3.1: Simulation results linear observer
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3.3 Adaptive Observer

As mentioned in Chapter 2 the friction parameter in the annulus F,, see equation (2.28),
is slowly changing and unknown. Therefore the observer should simultaneously esti-
mate ¢p;; and F,. In this section an adaptive observer based on the LTV model in Table
3.1 will be designed. The main purpose of this design is to serve as an introduction to
the adaptive observer design in Chapter 4 and to highlight some of the short comings of
an approach based on a linear model. Considering the same system as in the previous
section

Ax = A(t)Ax + B(t)Au(r) (3.62)
Appir = C(1)Ax, (3.63)

where Ax; and AXx, are measured and

0 0 ais
A =] 0 0 axn@) (3.64)
| a3 —asr ass(?)
[ b11 0 C1 T
B(t) = 0 ba(?) c@) = C2 , (3.65)
| 0 0 C3(l)
with as3(¢) = f—f,a33(t) = _Z(Fd+]\1;“)|x9(t)| and c3(7) = 2(%Fa—%Fd)|xg’(t)|,from

the definition of A, B and C in (3.28)—(3.30). We will only consider the case where
xg’(t) = xg is a positive constant. As as33 is dependent on F, we will simply denote

—OM

0 = aj; and estimate 6. An estimate of F, can then be found as I?a = 5@ — Fa
3

where 6 is an estimate of 8. Using a similar approach as in Section 3.2.1, we divide the
states (3.23) into measured and unmeasured states according to

Axy = ai3Ax; + b1 Auy
Ay = s (1) Axs + bya(t) Atts Measured (3.66)
A).C3 = 6131AX1 — a31Ax2 + 9AX3 Unmeasured. (367)

As in the previous section we will assume that Ax and Au are bounded.

3.3.1 Error dynamics

Motivated by the approach found in (Tan, Kanellakopoulos & Jiang 1998), define the
change of coordinates

E = AX3 + llel, (368)
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where /; is an injection gain. Note that it is possible to include feedback from Ax,. This
might give better noise attenuating but has been omitted for simplicity. Differentiating
(3.68) w.r.t. time, the dynamics for & are

£ = Axs + | A%
= Cl31AX1 —6131AX2 + QAX_?, + l](a13AX3 + bllAul)
= 6131AX1 —a31Ax2 + (9 + 116113)AX3 + llbllAI/ll. (369)

Let the estimate of Axs be denoted AX; and the estimate of 6 be denoted as 6. An
observer for Axj is

~

Axs; =& —11Ax, (3.70)
é‘\: as1Ax; —asz  Ax, + (§+ l1a13)AXs + [1b11 Auy. (3.71)
The estimation error is, using (3.68) and (3.70),

ARy = Ax; — AT, = E—E = £. (3.72)

Using (3.69) and (3.71) the estimation error dynamics are can be found to be

E=(-%¢
= (0 + haiz)Axs — (0 + Liai3) AR
= 9AX3 — 5Af3 + lla13A)~c3 (373)

As OAX;—OAS; = OAx3—OAR; +0AT;—OAS; = OAF;+60AX; the error dynamics
can be written as
g = 0A)~C3 + éASC} + 116113A)€3
= (9 + lla13)A>~c3 + éASC}
= (0 4 ha3)E + 0AR;, (3.74)

where (3.72) has been used.

3.3.2 Lyapunov analysis

For the error system described by the £-dynamics in (3.74), and 6 dynamics to be de-
cided consider the Lyapunov function candidate

1 -
—f? (3.75)

VED) = 38+
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Where y > 0. Differentiating w.r.t. time and using (3.74) gives

—EE+ Ys4
y
— E((0 + hay)E + 0A%) + iéé
= (0 4 Lia13)E* + O(ARHE + % 0) (3.76)

which suggest choosing the parameter estimation error dynamics as

6 = —yATSE. (3.77)

This gives the adaptive law 0 = -0 = )/ASC\3§ since 0 is assumed slowly varying
which gives 8 = 0. Note that the adaptive law can not be used for implementation as &
1s an unknown signal. This issue will be resolved in Section 3.3.3. Continuing with the
Lyapunov analysis by inserting (3.77) into (3.77) we get

V = (0 + Lay;3)E>. (3.78)

Noticing that S =6 = 0Oisan equilibrium for the system (3.74), (3.77) and that the
system is locally Lipschitz in (£, 8) uniformly in t if Agp;, is bounded. See (Khalil
2002) for details on Lipschitz conditions. Choosing /; to satisfy (60 + /1a;3) < 0, we
can conclude, using LaSalle-Yoshizawa theorem, see appendix A.4, that all solutions to
(3.74), (3.77) are globally uniformly bounded and satisfy

lim (0 + l1a13)E* = 0 (3.79)
t—>00
Which for /; chosen to satisfy (6 + [1a13)<0 implies, limt_,o.:,gg = limy_ o0 AX3 = 0.
As 0 < 0and a3 < 0 this is satisfied for any /; > 0.

3.3.3 Adaptive Law

In assigning the parameter estimation error dynamics (3.77), § is used. As 5 is unknown
it can not be used for implementation. To solve this issue we define

o =0 + n(AX3), (3.80)

where 7 is a function of known signals. Using 6 = 0 the o-dynamics can be written as

on
dAX3

& = AXs, (3.81)
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where Afc} can be found by differentiating (3.70) w.r.t. time which gives
ARy =& — I, AXy. (3.82)
Inserting this into (3.81) gives

an

T A%

él—hAxo. (3.83)

Inserting (3.66) for Ax; gives

) an =
6 = — (& — i (@13Axs + b1y Auy))
3AX3
0 PN 0
= —116113A3638AZC\3 +(§_11511Au1)w1;\3, (3.84)

where both Au; and & are known signals. An estimate 6 of 6 can be constructed as

BY . on ~ an
=—/ A —1L1b11 A 3.85
o 1413 x38A3c\3 + (& —libn ul)aAk} (3.85)
0 =5 — n(AX). (3.86)
Using (3.80) and (3.86) the estimation error can be expressed as
6=0-0 (3.87)
=o-n—(0—n) (3.88)
=0—-0 (3.89)
=6 (3.90)
Using (3.84), (3.85) and (3.72) the dynamics of the estimation error is
0=6-0
an
=—/ AX
1d13A8X3 IARS
an -
=/ . 391
1413 3 A%é ( )
Comparing (3.91) with (3.77) suggest
dn ~
-1 = —yAX;. 3.92
113 AT, YAX3 (3.92)
There are several solutions 1(AX3) to this PDE, one simple solution is
~. _ YAX]
n(AX;) = = (3.93)
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3.3.4 Convergence of A p;;,

The adaptive observer presented in the previous section guarantees that lim,_, o, AX3 =
0. Defining the estimate of Apy;; as, see (3.33),

Appir = C(t)Ax
= Clel + CzAXz +/C\3ASC\3, (394)

where ¢; = 2(Md F, — %Fd)xg from the definition of the C matrix in (3.30), and
F, = oM

@0 F, from the definition of 6. Expressing ¢3 as a function of 0 gives

Gy =—0My— 2Fx°. (3.95)
Using (3.63) and (3.94) the estimation error, A pp;;, can be expressed as

ADpir = Appir — Aﬁbit
= C3 AX3 —aAfy,
= (—OMy — 2Fx%) Axs — (—0My — 2F4x?) AR,
= —My(0Ax3 — OARs) — 2F1xIAXs. (3.96)
As OAx; — /Q\ASC\:; = OAX; + OAT; we get
Appis = —Mg(0AF; + OAR;) — 2Fyx0 AR
= OAR; — (M40 + 2F;x2) AR5, (3.97)

From the previous Lyapunov analysis lim;— AX; = 0. Hence lim;, o A ppir = 0 if
lim; o0 0Ax3 = 0. Looking at the error dynamics foré in (3.74) we have

lim £ = lim (6 + Lais)€ + lim 6 A,
—>00

lim S = lim 9Ax3 (3.98)
t—>00 t—>o00
Hence if lim,_wog = 0 then we have lim; o, A ppiy = O. lim,_wog = 0 can be

proved using Barbdlat’s lemma, see appendix A.5, and demanding uniform continuity

of é . The uniform continuity condition will be satisfied if Ax and Au are bounded.
The derivation for these results will not be shown here as they involve some tedious
calculations. However similar derivations are shown later for the main result in this
thesis, namely the adaptive observer based on the nonlinear model, derived in Chapter
4.
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Before summarizing the adaptive observer a quick note on initial conditions. There
are two initial conditions to be chosen. In (3.71) £(0) must be chosen, and in (3.85)
0(0) must be chosen. These should be chosen as

£(0) = AR3(0) + /1 Ax; (0) (3.99)
5(0) = 0(0) + n(AX3(0)), (3.100)

where Ax;(0) is known since it is measured. The user can now simply specify the
initial guess for 6(0) and AX;(0) and then use relations (3.99) and (3.100) to find £(0)
and o' (0). Table 3.3 summarizes the observer.

Table 3.3: Summary of adaptive observer based on linear model

Plant Ax = A(t)Ax + B(t)Au(t)
Appir = C(1)Ax
Ax; and AXx, are measured, Ax; unmeasured.

APhir = e1Ax1 + A% — (O My + 2F4x0) AR
456} =&—11Ax;

Observer /S\: as1Axy —asz; Axy + (5+ l1a13)AX3 + [1by1 Auy
E(0) = A%3(0) + 1 Ax1(0)

=0 —1(AX3) )
= —11013A5€\332—%3 + (¢ - llbllAul)az_r;Igs
Adaptive law a(0) = 6(0) + n(AX3(0))
~ A%Z
U(Ax3) = 2)/]1a133

an _ yAX3
3A5€\3 - 11a13

Observer gain /; > 0
Design variables | Adaption gain: y > 0
Initial conditions: AX3(0) and 6(0)
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3.3.5 Example, Adaptive Observer

To illustrate how the adaptive observer works a simulation was performed. In the sim-
ulation (3.62) and (3.63) with constant parameters was considered the true plant. The
same operating point (x°, u°) and the same parameter values as in Section 3.2.3 were
used, resulting in the following A, B and C matrices:

0 0 —495.1487
A= 0 0 145.6320
| 0.0001 —0.0001  —0.8449
[ 4951487 0 02184 7
B = 0 145.6320 C = 0.7816
i 0 0 —659.2337
The state estimation gain /; = 5 x 1073 and the adaptation gain was chosen to be

y = 10*. Initial conditions were, /9\(0) = 1.560 and /E\(O) = 0. The simulation was
carried out with the same input as in Section 3.2.3, see Figure 3.2(e). As before, the
simulation has three parts. In part one, starting from the step in u, atf = 2 min we can
see that the step leads to an increase in state estimation error for a short period of time,
see Figure 3.2(b). This triggers the adaptation and leads to a decrease in parameter
estimation error, Figure 3.2(c). Note that the Lyapunov function V' is monotonically
decreasing, Figure 3.2(f), as proved in Section 3.3.2. The second step, att = 8 min
shows similar responses. At¢ = 14 min a step is applied the main pump flow. This
results in a large state estimation error and & — 0. This shows that a change in the main
pump flow has better effect on parameter estimation than a transient change in the choke
flow. Figure 3.2(d) shows that A py;, tracks App;, well, only with small deviations when
Agpi; moves away from zero.

3.3.6 Issues With Design Based On Linearized Model

From Section 3.3.5 we have seen that the adaptive observer based on a linear approach

works well under the assumption the the true (nonlinear) plant can be approximated well

. ) . —2(F4+F,)|x? . .. )
with a linear model with a constant 6 = (+)|x3l This assumption is far from valid

under realistic conditions as xg will vary with e.g., changes in pump flows which will
occur frequently (e.g., during pipe connections). One could of course use the adaptive
observer presented and hope for the best, but no proof of convergence can be stated.
Furthermore a design based on the linear model is quite complex as the trajectory that
the model is based on is changing and unknown, see equation (3.21). Due to these issues
the preceding chapter should only be used as an introduction to adaptive observers and
a motivation to why a design based on a nonlinear model i pursued.
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Chapter 4

Adaptive Observer Based On
Nonlinear Model

The main goal of this chapter is to design an observer that estimates the bottomhole
pressure, ppi;. This goal will be achieved by first designing an adaptive observer that
estimates ¢p;; and certain unknown parameters, which is done in sections 4.2.1-4.2.4.
Using the LaSalle-Yoshizawa theorem the error dynamics of the observer is shown to be
uniformly bounded and the state estimation error is shown to converge to zero. Then in
Section 4.2.5 an estimate of pj;; based on a measurement equation is shown to converge
to ppi; under certain reasonable conditions. The observer and its properties are summa-
rized in Section 4.2.6. In Section 4.3 a parameter estimator for the bulk modulus B, is
derived to facilitate for future control design. Due to the model complexity at gp;; = 0,
commented on in Section 2.3.3, the results are only valid for gp;; > 0. In Section 4.4 a
pragmatic approach to the case where ¢p;; = 0 is presented.

4.1 Model

The model that will be used for the observer design was derived in Chapter 2. Assump-
tion 6, ¢r.s = 0, will still be used. As commented in Section 2.3.3 there is a check
valve in the drill bit which implies gp;; = 0. The check valve introduced a complicated
expression for ¢p;; at gp;; = 0, see (2.44). This is further complicated by the fact that
the switching condition is dependent on an unknown state, ¢p;;. Therefore we will make
the following assumption for the observer design presented in this chapter.

Assumption 8. ¢p;; > 0

This will limit the proved performance of the observer during pipe connections.
However a pragmatic solution to the case where ¢p;; = 0 will be presented later in this
chapter.

37
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Under assumptions 6 and 8 the model used for observer and parameter estimator
design is:

Dp = —a1qpir + biup 4.1)

Gvir = az(pp — pe) — O11qbirlqpir + O2v3 4.2)
. 0

De = v_3 (asqpir + u + v2) (4.3)
i

Where p, and p. are measured, u, is the known speed of the main pump and u =
bautp—qchoke 18 the known combined flow through the back pressure pump and the choke

valve. The constants are @; = %, by = Iﬂ,—‘;Kp, a = 273 = ﬁ ,b, = K, ar}d they
are all known. Note that a3 appears due to numerical conditioning, see appendix A.2.
There are three known time-varying terms, vy () = V,(t) > ¢ > 0, v,(t) = —V,(?),

v3(t) = hpis(t). And three unknown constant/slowly varying parameters, F,, p, and
Ba that are lumped into:

F, F,
91:%>0:>F0:M91—Fd (4.4)
50— 5, ) Y
0, = W = pa = pa — —0> 4.5)
8
0 =B, >0 (4.6)

The pressure at the bit pp;, is given by the measurement equation, (2.41), using assump-
tions 6 and 8:

DPbit = Pe + Maqpir + Falqpitlqpir + Pag 3 4.7)
= pe + Ma(ar(pp — pe) — 0119bit|qpic + 02v3)
+ (M6, — Fa)|qpit|qpic + (pag — M 02)v3 (4.8)

In the choice of the unknown parameter 6, certain assumptions have been made.
The reason for choosing 6, as an unknown is because p, is encumbered with uncer-
tainty. From (2.35) one can see that M, is linearly dependent on p,. This implies that
M = M, + M, will also depend on p,. In our choice of unknows this dependency
has been neglected. The motivation for neglecting the dependency comes from reducing
complexity of the observer. Neglecting the dependency can be justified by two obser-
vations. First M, does not affect the system in steady state and second the sensitivity
of M w.r.t. changes in p, is small as My is typically larger than M,. Figure 4.1 plots
My +Malpa) g Z—Z for a typical well, defined later in Table 5.1, where M, = M,(pa).

Ma+Mayom
The figure shows that variations of 20% in p, gives variations less than 5% in M .
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Figure 4.1: Sensitivity of M to changes in p,

4.2 Adaptive Observer for p;;,

The goal for this section is to design an observer that estimates pp;, and adapts to un-
known 6; and 6,. The estimated states and estimated parameters will be denoted with a
hat. We will assume that all signals in (4.1) and (4.2) are bounded.

Assumption 9. All signals in (4.1) - (4.2) are bounded < p,, pc, qpir, Up. V3 € Loo

Considering that the system is stable and vs is the vertical depth of the well this
assumption is mild.

4.2.1 Error Dynamics

Using a similar procedure as in Section 3.3.1, motivated by (Tan et al. 1998), define the
following change of coordinates
&1 = qpir + llpp,

where /; is a feedback gain. One might ask the question why injection from the p.
measurement is not used, the reason for this is the unknown 63 appearing in (4.3) which
complicates the analysis. If 83 was known p. could be included as an extension to the
design presented here. The dynamics for & is

£ = quir + L Py
= ax(pp — pe) — O1lqbitlqpic + 0203 + [1(—a1qpic + brup)
= —lLia19pir — O11qbit|gpir + 0203 + az(pp — pe) + Libiuyp.

An observer for gp;; is

/5\1 = —la1qpir — /Q\llz]\bitrq\bit + Bhus + a>(pp — pe) + Libiuy, (4.9)
Gbir = & — 11 pp. (4.10)
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The state estimation error is

gl =& _gl = qbir “4.11)
which is driven by the differential equation
gl = él —§&
= —lhaiGpir — (01|qbi|qbic — O1|qbic|qir) + 0203 (4.12)

Noticing that

O11qpie|qpic — O11qQbit|qpic = O11qbiclqoic — O1|qbic|qbic + 01|qbic|qbic — O1|qbir|qbir
= 01(|qbit|qpir — |qbit|qbie) + 01|qbit|qbir

which implies that (4.12) can be written as

5;:1 = —Laigpir — O1(Iqbit|qbic — |qbit|qpir) + él | @bit|qpic) + ézva

= —l1aGbic — 01(\9biclqic — Gbit|Gbic) — 01(Gbic|Gbir + Bavs. (4.13)
Let the parameter errors be denoted as 6 = |: Ql :| and the regressor as
2
¢ @hir. v3) = [ _"”’;; b ] . (4.14)

Using this and §1 = §pir from (4.11) gives

&1 = —haiéy — 01(|qviclgsie — |Goic1Goie) + 07 ¢, (4.15)

4.2.2 Lyapunov Analysis

&1

For the error system 5 with é 1 dynamics described by (4.15) and 0 dynamics to
be found, consider the candidate Lyapunov function
- I~ 1 - -
Ui (€1,0) = ng + zeTr—le, (4.16)

where I' = I'” > 0 is the adaptation gain matrix. The time derivative of U, is, using
(4.15),

Uy = &i[—har&y — 01(1qsic|apic — |Gbic[Gbic) + 67 ¢) + 6TT 10
= —11a1E2 — 0, (I9bicqbic — |GoicGoic)E1 + OF (p&, + T710).
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Choosing the 6 dynamics to be
§ = —Tof, 4.17)
gives
Ul = —11611512 — 01(1qbit|gpis — |/q\bit|/q\bit)§l- (4.18)

Defining

fq(Qbit’/q\bit) = (|9pitlqpis — |/q\bit|/q\bit)§1

= (I9bit|qbit — |qbit|qbie) (Gbis — @bit), (4.19)
and noticing that
Gbit — Qpir = él =0= fq(Qbit,Z]\bit) =0
qbir _/q\bit =§ #0=> fq(Qbit,/q\bit) >0

implies that f;(gpir, qbis) is positive semidefinite w.r.t. § . Using this and 6; > 0 gives
Ul < —llalgf. (420)

Since a; > 0 choosing /; > 0 gives U(é, é) < 0. Noticing that él — 0 = 0is an
equilibrium point for the system defined by (4.15) and (4.17). And that the system is
locally Lipschitz in (&€, 6), uniformly in t under assumption 9. For details see appendix
A.3. Using these properties we can conclude, by using LaSalle-Yoshizawa theorem (see
appendix A.4) that all solutions to (4.15) and (4.17) are uniformly bounded. Further-
more

lim —/ya;E2 =0
t—>00
= lim El =0,
—>00
which implies that gp;; — qpi; ast — o0 V ¢pi; > 0. There is no guarantee that the
parameter estimates converge to their true values. The results derived hold V (&, 60) €

R3 but only for gp;; > 0V t'. The limitation in ¢;; is a consequence of the complex
model dynamics at gp;; = 0.

Ygpir > 0 can be slightly relaxed as the model (4.2) for §p;; is sometimes valid at gp;, = 0, more on
this in Section 4.4
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4.2.3 Adaptive Law

In (4.17) é is unknown which implies that the adaptive law, 6 = —6 can not be imple-
mented, as-is. This problem will be dealt with now. Define

0 =0 4 n(Gbir. v3), (4.21)

where 7 is a function of known/measured signals that is to be designed to assign o
desired dynamics. Differentiating o with respect to time (remembering that § = 0)

37) BN 4 377 .
o = . —0 s
8/q\bitqb” dv; ’

where f]\bi, can be found by differentiating (4.10) w.r.t. time giving

Tpie =& — 11y (4.22)
This gives
an
I p —
=3 b”@ 1Pp) + 903 U3
an an ~ aJn .
= all
18 bztpp * a/q\bits * dvs bs
317
= —/ ; b 423
13 blt( aiqgpir + biup) + p bltg‘i‘ 3v3 (4.23)

where gis known from (4.9). From here assumption 10 is made.
Assumption 10. v; is a known signal.

Using the assumption implies that only ¢p;; in (4.23) is unknown. To deal with this
an estimate o is used

a n =~ 877 .
=1 i+ b el 4.24
18%”( a1qpir + brup) + 3 b”~§+ 8v3v3 (4.24)
0 =0 —n(qpir, v3). (4.25)

The estimation error, using (4.21) and (4.25), can be expressed as

0=0-10
=o0-n—(0—n)
=0—-0
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The dynamics of the estimation error is, using (4.23), (4.24) and § 1 = Gbit>

=356
on ~
— lLa aA" £ (4.26)
qbit

Comparing (4.26) to (4.17), suggest

an(/q\bll" U3) —

— I'e. 4.27)
0qbis

—ha;

There are several solutions 7(gpi;, v3) to this partial differential equation. Simplicity
will be the motivating factor when selecting one. Remembering that the regressor is

¢ (@pis, v3) = [ —|bic|qbis

) ] and integrating w.r.t gp;; gives
3

|qA;n't|3
~ _ 3l1a
n(qu 1)3) =T _v;a;it ’

la

The partial derivatives of 1(gpi;, v3) are

an |qbliz£|1¢1bit
o~ = F 1 ‘U;
0qpir “Ta

4.2.4 Initial Conditions

There are two initial conditions that needs to be set. One is /5\1 (0) in (4.9) and the other
is 0(0) in (4.24). The initial conditions should be constructed by using the relationships

~

£(0) = Gpis(0) + 11 p, (0) (4.28)
5(0) = 0(0) + 1(@ric (0), v3(0)), (4.29)

where p,(0) and v3(0) are known since they are measured. The user can now come up
with estimates of g;,(0) and 6(0) and then use relations (4.28) and (4.29) to find £(0)
and 5 (0).
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4.2.5 Convergence of p;;,

The goal of Section 4.2 was to design an observer so that the estimated BHP pj,;, tracks
Pbir- In section 4.2.1 — 4.2.4 an observer for the unmeasured state gp;; was designed. In
this section convergence properties of pp;; will be proved. The measurement equation
for ppis stated in (4.8) is

Pbit = Pe + Ma(ar(pp — pe) — 011qbitlqpic + 02v3)
+ (M6 — Fa)|qpitlgpic + (pag — M 02)vs,

where p., v; are measured and M,, M, a,, F; and p; are known. An estimate of pp;;
is

Poit = pe + Ma(@x(pp = pe) = 01[@bislGoir + 62v3)
+ (MO, — F2)l@sidl@sic + (pag — M6)vs.
The error in the estimate is
Dbit = DPbit — Dbit
= Mo (—(011qi¢19bis — 01 |@bis Goic) + O>v3) + M (O11qi¢|gbis — 01 |Tbir Gic)
— Fa(qsiclasic — 1@ic|Goic) — M 0503

Using M = M, + M, this can be rewritten as

Pric = Ma(011qpicgsic — 01 1Gbic|Gvic) — Fa(qpicldsic — [Gbic|Gbic) — Mabavs
(4.30)
= My (01(qsis qbir — |Tbie|Tbic) + 011Tie|Goic — O2v3) — Fallqsiclqpir — |Tbie|qbic)
= Ma(01(1qbic|qbic — | @bic|Gbic) — 07 &) — Fa(qnie|qoic — |qbic|qbir)- (4.31)

From the error equation (4.31) and remembering that (gpir—qpiz) — 0 from the previous
Lyapunov analysis it can be seen that if 6T¢ — 0 then ppi; — 0. Conditions for
6T ¢ — 0 will now be derived.

The error system |: %1 i| has the following dynamics, from (4.15) and (4.17)

& = —hai& — 00(19biclgbic — [Tbic|Goic) + 07 ¢ (4.32)
6 = —T¢é;. (4.33)

From the L}fapunov analysis it is known that § 1 = (gpir — qpiz) — 0 which implies by
(4.33) that 6 — 0. Hence, as ¢ is bounded, the adaptation will slow down and stop as
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the state estimation error goes to zero. Furthermore if it can be proved that é 1 — 0 then
from (4.32)

6T¢ — 0.
Using Barbilat’s lemma, see appendix A.S5, § 1 — 0 will be proved. Let

o(t) = & (1)
= —Liai& — 01(qbie|qbic — [Gbic|Gbic) + 0T @. (4.34)

Using lim;_, o0 .§~ 1(¢) = 0 we then have

tim [0 = lim @0 - &)
= —£(0).

Hence lim;_, [, Ot @(t)dt exists and is finite. Assume that ¢(#) is uniformly continuous.
Then, by Barbalat’s Lemma

lim ¢(f) = 0.
t—>00

Hence, under the assumption that ¢(7) is uniformly continuous lim;_, o ¢@(#) = lim;_, § 1=
0.

According to (Ioannou & Sun 1996) ¢(t) € L implies uniform continuity of ¢(?).
From (4.34) one can find

o(t) =& (1)
= — Liar&; — 01Q21qpic|dsic — 2\qpid|qpi) + 0T + 07 .

Inserting (4.32), (4.2), (4.22), (4.33) and the derivative w.r.t. time of the regressor de-
fined in (4.14) gives

¢(t) = — hay(~liai&; — 01(1gbic\gbic — GbiclGbic) + 07 ¢)

— 6 |:2qbit(a2(pp — pe) — 011qbitlqpic + 02v3) — 2/q\bit(§1 - llp'p)]

+ oT |: _|ngt|Qbit ] _ ¢TF¢§1.

3
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Finally, inserting (4.9), (4.1) and remembering that /q\ = wh$ . — L1 pp gives

¢(t) = — Liay(~lar&r — 01(|qbic|qvic — [ToiclGsie) + 67 ¢)
— 01 [2gpir(a2(pp — pe) — O1lqbiclqpic + 0203)]
+ 0 2Ghic | (~harGoic = 01[bit |ois + Bavs
+ax(pp — pe) + hibyuy) — L (—aiqpic + biu,p)]

LT [ —bit [(—116117]\171'; -

0

/Q\llzl\bitl/q\bit + 521)3 +ax(pp — pe) + llblup)] i|
U3

LT [ Gpitli(—aiqpic + biup) ]

- [ ~|@bic|qbir 3 ]F |:

—I@m @m <
S I3

Hence, under the conditions on the signals in ¢(¢) found in Table 4.1, ¢(t) € L.

Table 4.1: Conditions on signals for uniform continuity

Condition

Comment

Pp(0),qpir (1), pe(t), up(t) € Log
Dir(1).0 € Loo
v3(1), 03(2) € Loo

Should be provided by the controller, se assumption 9
Satisfied by the observer if the states are bounded
Condition on vj is satisfied by assumption 9

For the condition on v3; see below

V3 € Lo & fzb,-t € Ly, Where hp;; is the vertical depth of the bit, see Figure
2.1. From physical considerations one can assume that the vertical speed of the bit is
bounded, therefore the condition is not unrealistic.

The proof for pp;; — 0 is summarized below:

e ¢(t) € Loo = ¢() uniformly continuous

e ¢(?) uniformly continuous and Barbilat’s lemma = lim;_, o §1 =0

o = limL0 079 =0

o = lim; o Ppir =0

What can be said about parameter estimatation error from the previous analysis? We
have lim;_, o, 87 ¢ = 0 which only implies that

~(@bie () Gbir ()01 (1) + v3(1)B(t) — 0. (4.35)
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It might be possible to come up with conditions on the signals in (4.35) to achieve per-
sistent excitation (PE) and 6(¢) — 0. Due to time constraints a mathematical analysis
of this has not been pursued in this thesis. However (4.35) is used later on to decide
when to turn on/off the adaption to get good parameter estimates.

4.2.6 Summary Adaptive Observer

The adaptive observer summarized in table Table 4.2, has the following properties:
e All solutions to (4.15), (4.17) are uniformly bounded.
o lim; o0 Gpir =0
o lim/ 006 =0

Furthermore, if the signal conditions in Table 4.1 are satisfied, then the observer has
the following additional properties:

o lim;0o 07 =0
o lim; o ppir =0

The properties are valid for gp;; > 0. This limitation is a result of the switched dynamics
at gpir = 0.
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Table 4.2: Summary of adaptive observer based on nonlinear model

Pp = —a1qpir + biuy

Gvir = a2(pp — Pe) — O11qbirlqpir + 0203

Plant De = z—f (a3qpir + u + vy)

Pbit = pe + Ma(az(pp — pe) — 011qbie|qpis + 0203)
+(M Oy — Fa)|qpitlqpic + (pag — M 62)v3

pp and p. are measured

Pbit = pe + Ma(ax(pp — pe) — 0, GbicGbic + Bv3)
+(M 0y — Fa)lqbic|qbic + (pag — M 62)vs
Observer qvir = &1 —Lipp
§1 = —lia\qpir — é\qu\bitrq\bit + 521)3 +ax(pp — pe) + libyuy
£1(0) = gpis(0) + [1 pp(0)

523—77@”-;,1)3) )
o= _llg;g%(_al/q\bit + biuy) + agﬁ& + 5)72133
0(0) = 6(0) + 1n(gpir(0), v3(0))

|qpi:]*
Adaptive law N(@pis,v3) =T |: 3hai }

_ V3dqbit

[ aj
5 |Tbirqbis
L/ B— T lay
0gpir _l&
141

Observer gain /; > 0
Design variables | Adaption gain: I' = I'T > 0
Initial conditions: gp;;(0) and 6(0)
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4.3 0; parameter estimator

As the bulk modulus 8, = 65 is encumbered with high uncertainty it will be estimated

too. B, does not enter in the analysis for the observer derived in Section 4.2, but it will

prove useful for later control design. It might also prove useful for detecting gas influx

from the reservoir (i.e. g,.s > 0) as gas in the annulus will change the bulk modulus.
Define the error variable

g2 = Pc — f)\C’
where p, is the solution to

N az03qpis n 03 (u + v2)

4

+ L, (4.36)

U1 U1

with p.(0) = p.(0). ﬁc is similar to p. in (4.3), with estimates of the unknown state
and the unknown parameter and in addition an injection term /,&; for stabilization. Note
that &, is a known signal as p, is measured.

4.3.1 Error Dynamics

The dynamics of the error 52 is governed by

£ = pe— P (4.37)
Inserting (4.3) and (4.36) gives
< Cl3 ~ é3 ~
& = v—(93%it — O3qpis) + v—(” +v2) — 124 (4.38)
1 1

as . . 0 .
= U—3(93an + 03qpis) + v—3(u + vy) — 1§
1 1

a ~ o) R ~
= v—303§1 + v—3(a3qb,-t +u 4 vy) — L,
1 1

where ¢pi; = § 1 from (4.11) has been used. Defining the regressor

R A3qp; u—+v
3 Giir, u, V1, 02) = 3q””j v (4.39)
1

gives

L a - o .
£ = v—393§1 + 0303 — 1:5,. (4.40)
1
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4.3.2 Lyapunov Analysis
Consider the Lyapunov function candidate

U(E1.&.01.0,.05) = Ui(€1. 01, 0) + Us(E2. 05), (4.41)
where Uj is taken as (4.16) and U, is

.~ 1~ 1 -
Uy (&2, 0) = 55% + 2—%95- (4.42)

Differentiating U, w.r.t. time and inserting (4.40) yields

. a ~ ~ ~ ~ 1 ~ =2
U, = (—39351 + 0303 — 16:)6, + — 0305
U1 V3

~ 1 =
= —L&; + —0s),
V3
suggests choosing the adaptive law as
53 = —53 = —J/3¢3§2, (4.43)

where all signals and parameters are known. Hence 63 can be implemented as-is. This
gives

as0; -

= —1252 + _5152

Using completion of squares 5 152 < 5(5 T+ &2) gives

. 021 ~. -~
< LE+ “3—3—(5% +E2)

6. 0
— (=, + ‘”—3)52 + (123—13&, (4.44)

where an unwanted §12 appears at the end. This term will be dealt with by using the
previous Lyapunov analysis for U;. Differentiating (4.41) w.r.t. time gives

U - Ul + Uz.
Inserting U 1 from (4.20) and Uz from (4.44) gives
U=U +U,

<_] 52 a393 0393
= —hai15

= (—ha; + )51 + (=12 + )52- (4.45)
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For compact notation define: X = [£; &, 6; 03 05]. Noticing that x = 0 is an equilibrium
for the system described by (4.32), (4.33), (4.40) and (4.43). And that the system is Lip-
schitz in x, uniformly in ¢ under assumption 9. We can conclude by LaSalle-Yoshizawa
theorem that for /; and /, chosen such that (—/;a; + %) < 0and (-1, + %) <0

all solutions to (4.32), (4.33), (4.40) and (4.43) are uniformly bounded (note that v; is
bounded from below). And that

a3
2U1

azts
2U1

= lim & = lim & = 0,
—>00 —>00

Jim (=hay + 226 + (—h + S 2 =0

which implies that §3;; — ¢pi; and p. — p. ast — oo.

4.3.3 Parameter Convergence

Using a similar approach as in Section 4.2.5 conditions for lim;_ s é3¢>3 = 0 will be
found. From (4.40) and the previous Lyapunov analysis we have

t—>o0

x o fay, = = -
lim & = thm (v—393§1 + O3¢5 — lzgz)
—00 1
Jim £ = Tim Bs¢hs. (4.46)

Hence, if we can find conditions for lim;_, o 52 = 0 we can state that lim;_, 53 ¢; = 0.

This can be done by using Barbalat’s lemma and assuming uniform continuity of 52. As
this leads to some tedious calculations an extension of Barbalat’s lemma will be used
instead. Using the following lemma found in (Lefeber 2000), slightly changed from the
original in (Micaelli & Samson 1993).

Lemma 1. (Micaelli and Samson, 1993) Let | : Ry — R be any differentiable func-
tion. If f(t) converges to zero ast — oo and its derivative satisfies:

f@6) = fot) +n@) =0

where fq is a uniformly continuous function and 1(t) tends to zero ast — oo, then f (1)
and fo(t) tend to zero ast — 0.

Define:

fity=6
= %:9351 + é3¢3 — lzgz
= fo(t) +n() (4.47)
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Where fo(t) = é3¢3 and n(t) = %9351 — 1252. From the previous Lyapunov analysis
the following is known:

¢ [()=§—0
e n(t) =0

Hence, by Lemma 1 if fo(#) is uniformly continuous both fo(#) and f (z) will tend to
zero ast — 0. If fo(t) € Lo then fo(2) is uniformly continuous, (Ioannou & Sun

1996).

fot) = O3¢5 + O35 (4.48)
= —y3p3E20p3 + Orh3, (4.49)
where (4.43) has been inserted in the last equation. And
a3/q.\bit +u 4+ v,
U1

§s = + 25, (4.50)
U1

where —0; = v, has been used. Table 4.3 summarize the conditions needed to ensure

that fo(¢) is uniformly continous which implies that lim;_, §2 = lim; o 53(]53 =0.
Table 4.3: Conditions on signals for 65 estimator

Condition Comment

§2, 6, € L~ | Proved in Lyapunov analysis

3 € Loo True by assumption 9 and the Lyapunov analysis
¢3 € Loo True by assumption 9, ¢3 € L and in addition
I:l, 1')2 € Eoo

The condition that #, ¥, € L is quite strict. Remembering that u = byup — Gcnoke,
one can assume that # is bounded by assuming some sort of dynamic behavior in both

the back pressure pump and the choke valve. E.g., t.qGchoke = —Yqchoke + Uc Where
uc 18 a bounded control input. This is reasonable to do in practice but will increase the
complexity of a future control problem. The assumption that v, = —V,(¢) is bounded

could be justified by the fact that inertia and elastic deformation will limit acceleration
in the volume. ~

The result that lim, 03¢3 = 0 under the signal conditions in Table 4.3 tells us
that 65 only converges to zero if the regressor ¢; is sufficiently exciting. Practically
this means that 8, can not be estimated as long as the system is in steady state. This is
obvious in view of (4.3) as 8, only has an effect on transient behavior. Hence to get a
good estimate of B, the p. dynamics must be excited.
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4.3.4 Summary Parameter Estimator

Figure 4.2 shows the interconnection of the parameter estimator for 63 and the observer.
The parameter estimator is summarized in Table 4.4 and the observer is summarized in
Table 4.2.

Observer .
DPuit
—
Measurements ; 01, 05 .

3 LN b

< . , I
o Qvit P,

0 03

— »

Parameter Estimator
Figure 4.2: Interconnection of observer and parameter estimator
In addition to the properties of the adaptive observer summarized in Section 4.2.6,
the interconnection has the following properties:
e All solutions to (4.40) and (4.43) are uniformly bounded.

e lim; ﬁc =0

e lim b3 =0

Furthermore if the conditions in Table 4.3 are satisfied the estimator has the following
additional property:

e lim/ o é'3¢3 =0

All results are valid for gp;; > 0. The limitation is a result of the switched dynamics at
qpbir = 0.
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Table 4.4: Summary of parameter estimator

Plant Pe = ?,—f (a3qpir + u + v2)
pc measured

52 = pc: ﬁc R

= 03Gpis 03 <
Observer = a3 31% + %(t;Jlrvz) + L
Dc(0) = pc(0)

Parameter Estimator | 03 = y3¢3 gz

by = a3qpir+u+vo
3 v,

Observer gain /; and /, chosen to satisfy:
Design variables (—ha, + %) < 0and (—/, + %) <0
Adaption gain: y3 > 0

Initial condition: 65(0)

4.4 Pragmatic Approach to ¢g,;; = 0

As the proved performance of the adaptive observer and parameter estimator is limited
to gpir > 0 two pragmatic approaches on how to deal with the case where ¢p;; = 0
will be presented. The approaches are based on practical intuition and thus do not pro-
vide proofs of performance. However, simulation results in chapter 5 shows promising
performance of the approach suggested in section 4.4.2 and should therefore serve as a
stepping stone for future work.

4.4.1 Observer as Before

As the observer dynamics are stable for all gp;, one approach is to assume that the
errors when using the observer at ¢p;; = 0 are so small that they may be neglected.
Using (2.44) it is possible to analyze what affects the modeling error. Restating (2.44)
using the notation introduced in the beginning of this chapter gives

. a(pp — pe) — O11qbit|gpir + 62V qpir > 0
ir = ) 4.51
Tbit { max {0, a>(pp, — pe) + 6203} qpir = 0 4.51)

As the observer is based on the top equation we will analyze what affects the modeling
error if we assume that the top equation is valid for ¢g;; = 0 too. Looking at what



4.4. PRAGMATIC APPROACH TO Qpir =0 55

happens when gp;; = 0 = 01|qpis|qpi: = 0 which gives the modeling error, e, at
Qbit = 0’

emo = max(0,ax(pp — pe) + 02v3) — (@2(pp — pe) + 602v3)

_ { 0 (a2(pp — pe) + 6hv3) = 0 (4.52)
—(az2(pp — pe) + 02v3) (a2(pp — pe) + Ghv3) <0 ° '

As a; = ﬁ and 6, = % The condition (a2(pp, — pc) + B2hpir) < 0 can be

rewritten as

(pp — pe + (Ppa — pa)gV3) = Dbity, — Pbhites < 0, (4.53)

where ppir,, = pp + pagus is the static pressure on the drill string side of the bit
and ppis,, = pc + Pagv3 1s the static pressure on the annulus side of the drill string.
This implies that the modeling error is large when the differential pressure over the bit
Apbit = Pbity, — Pbity, << 0 which is logical as that is when the check valve has the
most influence. If the condition (4.53) never occurred, or when it did it was small, one
could argue that the modeling error could be neglected. Unfortunately this is not the
case. As an example, consider a pipe connection procedure (zero flow, p, = 0) with
Pa = pa- The condition (4.53) can then be written as —p, < 0. As p. usually is ramped
up during pipe connections to counter loss of friction pressure p. can be in the order of
10’s of bars. This will lead to a very large modeling error.

As explained in Section 2.3.3 this modeling error affects ¢p;; but most important it
will enter directly into the estimate of pp;;, see equation (4.7). As a consequence a more
sophisticated approach is needed.

4.4.2 Modified Observer

Motivated by the previous modeling error analysis the observer will be implemented as
before for gp;; > 0,but for the condition

gpir = 0 and (a2(pp — pc) + 6hv3) <0 (4.54)

the following modifications will be made

& = Lbyu, (4.55)
Phic = Pe + (pag — M)vs, (4.56)

where (4.55) is motivated by differentiating (4.10) w.r.t. time and setting ?}b,- ; = 0and
¢pi: = 0 and (4.56) is motivated by equation (4.7) with ¢p;; = 0 and ¢p;; = 0. As the
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condition (4.54) depends on the unmeasured state ¢p;; and the unknown parameter 6, it
will be implemented as

Goie = 0and (a2(pp — pe) + G2v3) < 0. (4.57)

Furthermore in view of equation (4.2) the adaptation for 8; at low flows should be turned
off since it becomes unobservable. It is also interesting to note that according to (4.35)

for gp;; = 0 and v; > 0 we have éz~ — 0 at steady state (él = 0). This implies that we
could get a very good estimate for 8, during pipe connections. Therefore 6, adaptation
will be turned off permanently as soon as gp;; = 0 during the connection procedure.

The suggested approach raises issues of smoothness, which might affect parameter
estimates. Also it is a pragmatic approach and does not provide any proofs. Therefore
it should be seen as a starting point for future work and analysis.



Chapter 5

Simulations and Results

To analyze the performance of the adaptive observer presented in Chapter 4 several
simulations were performed. First, to verify that the observer performs as proved, sim-
ulations were run to compare the observer estimates with output from the design model
defined in (4.1)-(4.3) and (4.8). The results verify that the observer does indeed perform
as proved. From the simulations interesting trends in which of the unknown parame-
ters one can expect to estimate can be seen. Then, to see how the observer performs
in more realistic scenarios, simulations with drill string movements (swab and surge)
and pipe connection procedures were performed. The observer has no difficulties with
surge and swab scenarios. For the pipe connection scenario both of the pragmatic ap-
proaches in Section 4.4 are simulated. The results show that the modified observer
proposed in section 4.4.2 gives a much better estimates than simply ignoring the mod-
eling error at zero flow. To test the robustness of the observer to unmodeled dynamics
the observer was also tested on a data set from a pipe connection scenario simulated
with WeMod. WeMod is a simulator designed by the International Research Institute
of Stavanger (IRIS) for simulating drilling operations, (Nygaard & Gravdal 2007). It is
based on a distributed parameter model for describing the well dynamics. For gp;; > 0
both of the approaches presented in section 4.4 show good estimates of pp;;, but at
low flow the modified observer proposed in section 4.4.2 shows the best performance.
Finally the modified observer was tested on a dataset collected from the Grane field.
Due to unmodeled events at Grane the observer is only tested without adaptation and
with adaptation of the friction parameter 6;. In both cases the observer shows promis-
ing behavior (especially during steady state) but more work is needed to model certain
manually controlled valves.

57
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5.1 Simulations Verifying Proved Properties

In this section the model defined in (4.1)—(4.3) and (4.8) with g poke defined in (2.13)
is considered the true system. The model is numerically conditioned according to ap-
pendix A.2. Simulations were carried out using Matlab™and Simulink™. The observer
was implemented with a fixed step solver.

The parameters used in the model where found by fitting the low order model to
a dataset from a WeMod simulation, see (Imsland 2007) and (Nygaard 2007). The
parameters were adjusted for numerical conditioning and are presented in Table 5.1.
Note that V,(t), hpis(¢) and /p;,(¢) are allowed to change with time. All other parameters
are constant, see figure 2.1 for explanation of notation.

Table 5.1: Parameter values for simulation

Parameter | Value Description

Va 28.2743 | Volume drill string (m1°)

Ba 14000 Bulk modulus drill string (bar)
Ba 14000 Bulk modulus annulus (bar)

K. 0.0046 | Choke valve constant

Do 1 Pressure outside system (bar)
Pa 0.0125 | Density annulus (107> x %)
P 0.0125 | Density drill string (1075 x X&)
Fy 0.1650 | Friction factor drill string

F, 0.0208 | Friction factor annulus

M, 1.6009 | (1078 x X&

My 57296 | (107% x k)

Lgn 3600 Total length drill string

|24 96.1327 | Volume (m3) annulus at # = 0
hgi ; 2000 Vertical depth (m) of bitat = 0
. 3600 Length of well at = 0

5.1.1 Simulation 1, step input one unknown

In the first simulation the observer estimates are compared to the low order model to
see how well the observer performes with only one unknown parameter, 6;. The de-
sign variables are defined in Table 5.2. The input, shown in Figure 5.1(d), consists of a
constant main pump flow g, = 1000#, zero back pressure pump flow and a low-pass
filtered step in the choke opening z. from 0.07 to 0.12 at # = 60s. From figures 5.1(a),
5.1(b) and 5.1(c) one can see that the state estimation error Jbis, the output estimation er-

ror pp;; and the parameter estimation error 6 all converge to zero within approximately
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10s. All estimation errors remain at zero throughout the step in the choke opening. The
results are in accordance with the proved properties of the observer. gp;; was proved to
converge to zero in the Lyapunov analysis in Section 4.2.2 while pp;; — 0 was proved
in Section 4.2.5. The fact that converges to 6; in this case is easily explained by
equation (4.35) which tells us that if 6, is known and gp;; 7 0 then 6; — 0.

Table 5.2: Design variables simulation 1

Variable Description

=1 State estimation gain
y1 =107 Adaptation gain
qpir(0) = 400, | Initial condition
0,(0) = 26, Initial condition
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(d) Flows ¢, g5 and choke opening z.

Figure 5.1: Simulation results simulation 1
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5.1.2 Simulation 2, Step Input Two Unknowns

In the second simulation both 8 and 6, are unknown. The design variables are presented
in Table 5.3. As p, = pg in Table 5.1, 6, = 0. The initial condition is /9\2(0) = —0.0083
which corresponds to :5\0 = 1.5p,. The same input as in the previous simulation was
used, see Figure 5.1(d).

From figures 5.2(a) and 5.2(b) one can see that the state and output estimation errors
converge to zero. This is as expected from the previous Lyapunov analysis. There
are strong transient effects during the first five seconds in both ¢p;; and pp;, due to
the adaptation. Figure 5.2(c) shows this for pp;;. Note that the transient effect can be
made less aggressive (but it will take longer to pass) by tuning down the adaptation
gains. Figures 5.3(a) and 5.3(b) show that the parameter errors do not converge to zero.
According to (4.35) this can happen as only 6T¢ — 0 is guaranteed, Figure 5.3(c)
shows that #7¢p — 0. As the parameter estimation errors do not converge to zero
the Lyapunov function U; defined in (4.16) will not converge to zero either. This is
shown in Figure 5.3(d). As U, is non-increasing it is possible that during a transient one
parameter estimation error becomes larger while the other one decreases. This effect
can be seen around ¢/ = 60s in figures 5.3(a) and 5.3(b).

Table 5.3: Design variables simulation 2

Variable Description

=1 State estimation gain
yi =107 Adaptation gain,
Yo = 1078 Adaptation gain, 0,
bir (0) = 400-L | Initial condition
0:1(0) = 26, Initial condition
0,(0) = —0.0083 | Initial condition
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5.1.3 Simulation 3, 6; Estimator

To see how the 65 estimator performs a third simulation was carried out. The design
variables are summarized in Table 5.4, the gains were chosen to satisfy the conditions
summarized in Table 4.4. As no information about #; can be obtained at steady state
(pc = 0), see equation (4.3), it is hard to estimate. It was necessary to choose the
adaption gain y3 quite large to get 83 — 0. The size of the gain is also related to the
fact that the 63 parameter is several orders of magnitude larger than the other unknown
parameters. As the 63 estimator is decoupled from the observer, see Figure 4.2, only
plots of signals relevant to /9\3 will be shown.

To excite the system the same step in the choke as in the two previous simulations
was used, with additional steps in main pump flow and backpressure pump flow, see
Figure 5.4(c). From Figure 5.4(b) it can be seen that p, tracks p. very well. This makes
the adaptation hard as it is p. that drives the adaptation, see equation (4.43). The /, gain,
which controls the rate of convergence for p., was chosen just large enough to satisfy
the condition imposed by the Lyapunov design to give the adaptation more time. From
Figure 5.4(a) it can be seen that 6; comes close to zero towards the end but diverges
slightly at # = 380s. Looking at only one part of the Lyapunov function, namely U,
defined in (4.42) might lead to the conclusion that this contradicts the Lyapunov based
proof. Butasitis U = U;+U,, defined in (4.41), that is nondecreasing, U, can increase
if U; decreases. Although not shown here, this is what happens. This illustrates that the
estimate is sensitive to changes as long as U > 0. For the same simulation only with 6,
known the results are significantly better. Figure 5.4(d) shows this. For comparison the
end of the simulation with unknown 0,, 05 ~ —140 which is about 1% of 6; while at
the end of the second simulation 63 ~ 7 which is twenty times less.

Table 5.4: Design variables simulation 3

Variable Description

L =1 ¢bir €stimation gain
/[, =0.1 Pc estimation gain
y1 = 1073 Adaptation gain, 0,
ya =107 Adaptation gain, 0,
ys = 108 Adaptation gain, 05
i (0) = 400# Initial condition
51(0) = 20, Initial condition
0,(0) = —0.0083 | Initial condition
65(0) = 0.96; Initial condition
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5.2 Simulation Results Operational Scenarios

To see how the observer works during more realistic scenarios two simulation cases
were performed. The first case was a surge and swab case which includes movement
in the drill string. The second one was a pipe connection procedure where the main
difficulty lies in gp;; = 0 during the actual procedure. The model parameters used are
defined in Table 5.1.

5.2.1 Surge and Swab

Simulations were carried out to see how the observer performs in the presence of drill
string movements. Specifically surge (moving the drill string into the well) and swab(moving
the drill string out from the well) scenarios where simulated. Drill string movements af-
fect ppi; through changes in volume in the annulus. The design variables were the same
as in the previous simulation, defined in Table 5.4. The main and back pressure pump
flows were kept constant at 1000# and 200# respectively, and the choke opening
was z, = 0.070. The drill string was first moved out (swab) starting at ¢ ~ 200. The
speed was chosen to be 18-% which is high. Approximately 27m of pipe was moved,
which corresponds to the length of one drill pipe. At ¢ = 400s the reverse procedure
(surge) takes place. Figure 5.5(c) shows the changes in volume in the annulus and ver-
tical depth. Figure 5.5(a) shows that pp;, tracks pp;, well after some initial transients.
The same can be seen for gp;, in 5.5(b). The operation does not affect (/9\1 or @ much,
see figures 5.6(a) and 5.6(b). However, it is very interesting to see that 5\3 improves sig-
nificantly during the operation compared to the previous simulation. Compare Figure
5.6(c) with 5.4(a) and 5.4(d). In view of equation (4.3) it seems reasonable that changes
in the volume V, = v; and v, = —v; gives good excitation for estimating 65.
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5.2.2 Pipe Connection

Pipe connection is a common scenario during drilling. For every drilled 27m a new drill
pipe needs to be connected to the drill string. For the new drill pipe to be connected, the
main pump must be shut down resulting in zero flow, ¢ ump = 0. Furthermore excess
fluid in the drill string is bled off through a valve and returned to the mud tanks to reduce
the main pump pressure to zero barg before the pump is disconnected. The procedure
takes about 10 minutes to complete. As mentioned earlier zero flow is a problem since
the observer is based on a model that is only valid for gp;; > 0.

Simulation results for the two approaches presented in Section 4.4 will be presented
here. To achieve a realistic condition where the check valve is active, a proportional-
integral (PI) controller will be used to increase p. to compensate for friction loss. In
addition the p, pressure will be bled off which corresponds to reality. The PI controller
is

ze = Kpe + Kje (5.1)
¢ =pc— Deres- (5.2)

where p,,, is 6 bar step that compensates for loss of friction pressure in the annulus.
The increase in drill string volume V,; as a new pipe is connected is ignored both in
the true system and in the observer to reduce complexity.

Pipe Connection 1

The first pipe connection simulation was carried out using the observer as it was derived,
ignoring the modeling error due to the check valve. The design variables used are
defined in Table 5.5. Figure 5.7(d) shows the inputs to the system during the pipe
connection. The main pump flow (g ) is reduced to zero while the back pressure pump
flow (¢p) is increased to 400#. The choke valve is tightened by the PI controller
increasing p. by 6 bar to compensate for the pressure loss caused by zero circulation.
Note the negative g, which is the simulated bleed off to reduce p, to one bar.

From Figure 5.7(a) it can be seen that after initial transients pp;, tracks pp;, as long
as gpir > 0. From ¢ ~ 790s to t ~ 900s when ¢p;; = 0 there is a small (4 bar) error
until the bleed off starts. During the bleed off the error grows to around 30 bar. Note
that throughout the simulation gp;, tracks ¢p;, quite well, see Figure 5.7(b). There are
small damped oscillations as gp;; — 0, see Figure 5.7(c). The 4 bar error in the pp;,
estimate from ¢ &~ 790s to t ~ 900s is mainly caused by the error in the 6, estimate,
see Figure 5.8(c). This can be seen as the modeling error in ignoring the check valve is
small at this stage since p), is close to p., see Figure 5.8(a) and equation (4.52). And
as gpir ~ qpir = 0 hence ppi; ~ —Md§2v3, see equation (4.30). The large error in the
Ppir estimate from ¢ = 900s is due to the modeling error commented on in Section 4.4.
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Figures 5.8(b) - 5.8(d) show that none of the estimated parameters converge to the true
values.

Table 5.5: Design variables pipe connection

Variable Description

[ =1 (bir €stimation gain
L =1 Pc estimation gain
y1 =103 Adaptation gain, 0,
v, = 1076 Adaptation gain, 0,
v = 108 Adaptation gain, 05
it (0) = 400-L | Initial condition
0,(0) = 26, Initial condition
6,(0) = —0.0083 | Initial condition
53(0) = 0.96; Initial condition
K, =0.0025 Proportional gain
K; = 0.0005 Integral gain
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Pipe Connection 2

To illustrate that the modified observer presented in Section 4.4.2 outperforms simply
ignoring the modeling error a second pipe connection simulation was performed. The
same input as in the previous simulation was used only this simulation consists of two
pipe connections. Figure 5.9(c) shows the inputs to the system. As commented on
in Section 4.4.2 the 6, adaption is stopped permanently as ¢ ~ 0 and the 6; and 6,
adaptations were turned off at low flows (less than 200#). Figure 5.9(a) shows that
Dpir tracks pp;, well until the end of the first pipe connection. The figure shows that
Dbiz diverges from py;; around ¢t = 1400s, the reason for this is that the 6; adaptation is
turned on again. From Figure 5.10(c) it can be seen that the 6, adaptation is stopped at
the right time. This again leads to a very good estimate of 6; after the pipe connection,
see Figure 5.10(b). As both the 6; and 6, estimates are very good after the first pipe
connection pp;, tracks pp;; very well during the second pipe connection. Furthermore
/9\3 does not show the strong transient behavior it showed during the first pipe connection,
see Figure 5.10(d). Note that gp;; tracks ¢p;, very well throughout the simulation, see
Figure 5.9(b). The simulation shows that the performance of the modified observer is
much better than the performance of the observer ignoring the modeling error.



74 CHAPTER 5. SIMULATIONS AND RESULTS

280
g2 — Dt
70 - = ~Dbit
0 1000 2000 3000 4000
S
(@) ppir and Ppiy
1000
L
=
5 500 —
= o L ] de
0 1000 2000 3000 4000
S
() gpir and Gpis
1000 l
9y min
5005 - qulm
of bt e[ - -60002
0 1000 2000 3000 4000

S

(c) Flows ¢, qp and choke opening z,

Figure 5.9: Simulation results pipe connection 2



5.2. SIMULATION RESULTS OPERATIONAL SCENARIOS

75
100 f
5 I R
0 . L
0 1000 2000 3000 4000
S
(@) ppand pc
0.06
— e e —m— ‘ ‘ —Ql
1 | | | ---6
0.02 ' . .
0 1000 2000 3000 4000
S
(b) 6; and 6,
0.01
0 —QQ
I _92
—-0.01 ' . .
0 1000 2000 3000 4000
S
© 02and§2
x 10
1.4 — —— —0)
1_2# ll"' _______ | - _93
| ‘
1 T
0 1000 2000 3000 4000

S
(d) 65 and 0,

Figure 5.10: Simulation results pipe connection 2



76 CHAPTER 5. SIMULATIONS AND RESULTS

5.3 WeMod Simulations, Pipe Connection

To see how robust the observer is w.r.t unmodeled dynamics the observer was tested on a
data set from a pipe connection simulation in WeMod, (Nygaard & Gravdal 2007). First
the third order model was fitted to the data generated by WeMod. Table 5.6 summarizes
the parameters found.

Table 5.6: Parameter values for WeMod simulation

Parameter | Value Description

Va 26.7131 | Volume drill string (m°)

Ba 13050 Bulk modulus drill string (bar)
Ba 7317 Bulk modulus annulus (bar)
K, 0.0045 | Choke valve constant

Po 0 Pressure outside system (barg)
Oa 0.0125 | Density annulus (107> x %
pd 0.0125 | Density drill string (107° x &
Fy 40.1700 | Friction factor drill string

F, 0.0158 | Friction factor annulus

M, 1.6215 | (1078 x kg,

My 6.0644 | (1078 x m—ﬁ)

Lgn 3600 Total length drill string

|2 99.9088 | Volume (m3) annulus at ¢ = 0
hgi ; 2014 Vertical depth (m) of bitatt = 0
1. 3600 Length of well at £ = 0

The pipe connection was simulated by reducing the pump flow to zero and increas-
ing the back pressure pump flow. The choke opening was kept constant at 0.04. To
release excessive pressure in the drill string after gp;; = 0 the pressure was reduced to
approximately 2barg by having a negative g,. Both the approaches presented in Sec-
tion 4.4 where simulated. First simply using the observer as it was derived ignoring
the modeling error and then the observer considering the modeling error in a pragmatic
manner.

5.3.1 WeMod Simulation 1

The design variables for the first WeMod simulation is presented in Table 5.7. Three
solutions are compared. The results from the WeMod simulation, results from simulat-
ing the low order model including the check valve dynamics and the results from the
observer. Figure 5.11(a) shows that after initial transients pp;, is estimated well by pp;,
between the pipe connections. During zero flow there is a steady state error which is
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caused by neglecting the check valve. When it comes to the parameter estimation, @\1
and 6, show promising behavior in figures 5.12(a) and 5.12(b) as they gradually con-
verge to their true values. 63 comes close to its true value during transients but drifts off

during zero flow.

Table 5.7: Design variables WeMod simulation 1

Description

Variable

Iy =1

=1
yi=107°

y, =107°

ys = 107
oir(0) = 50,
01(0) = 26,

6,(0) = —0.0080
05(0) = 0.96,

(pi: €stimation gain
P estimation gain
Adaptation gain, /9\1
Adaptation gain, /9\2
Adaptation gain, 53
Initial condition
Initial condition
Initial condition
Initial condition
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Figure 5.11: WeMod simulation 1, results
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5.3.2 WeMod Simulation 2

Using the same design parameters as in Table 5.7 the same simulation was performed
using the modified observer presented in Section 4.4.2. Figure 5.13(a) shows much
better tracking of pp;; during zero flow than in the previous case, see Figure 5.11(a).
Furthermore /9\2 is stopped at zero flow giving a very good estimate, see Figure 5.14(b).
This again leads to much better estimates of #; and 03, see figures 5.14(a) and 5.14(c).
In Figure 5.14(a) it can be seen that the 6, estimate diverges during the pipe connection.
Figures 5.15(a) and 5.15(b) show enlarged plots of ¢p;; and pp;; during the last pipe
connection. The pp;, estimate is very accurate except for about 20 — 30 seconds just
as the pipe connection starts. The deviation can be seen in gp;; too and should be seen
in connection with the deviation in the 6, estimate. Closer analysis of this behavior is
a topic for future work. Note that one solution to the problem is of course to turn off
the 6; estimate after the first pipe connection. Figure 5.15(b) also shows interesting
behavior in gp;; as the flow gets close to zero. It is believed that this behavior does not
affect pp;; much as the pressure contribution due to friction, 0y |gpis|qsis» 1S very small
at this stage. Therefore the accuracy provided in pp;, should suffice.



5.3. WEMOD SIMULATIONS, PIPE CONNECTION 81

340

320 - .
D 300 —— Dbit
S 280 —— Dbitaim
260 -~ ~ Dpit
240 ' -
0 2000 4000 6000

S
(@) ppir and Ppiy

1000
£
g 500 —qbit
GL_) | - qb@tszm
= of - = = Qbit
0 2000 4000 6000

S

() qpir and Gpi;

Figure 5.13: WeMod simulation 2, results



CHAPTER 5. SIMULATIONS AND RESULTS

82
0.04 lu 0,
k”—-“—__L : — - ___01
0.02} L | __
0 2000 4000 6000
S
(a) 61 and/0\1
1 X 107°
‘,---4
or— —
I - = -6,
_1 | i i
0 2000 4000 6000
S
(b) 6, and 9,
8000F -\ e
| = — | " —_——
6000} - =" — Y%
. - -~
4000- : :
0 2000 4000 6000
S

(¢) 63 and /9\3

Figure 5.14: WeMod simulation 2, results



5.3. WEMOD SIMULATIONS, PIPE CONNECTION

: —gbit H
—— DPbitaim
1 1 1 1 1 1 \‘/ 1 T " Pit T
0 3600 3700 3800 3900 4000 4100 4200 4300 4400 4500
S

(a) ppis and pp;, enlarged, last pipe connection

— Qbit
—— Qbiteim

-~ ~Qbit

i i i i i i i i \

3600 3700 3800 3900 4000 4100 4200 4300 4400 4500
S

(b) gpis and gp;, enlarged, last pipe connection

Figure 5.15: WeMod simulation 2, results, enlarged

83



84 CHAPTER 5. SIMULATIONS AND RESULTS

5.4 Pipe Connection, Grane Data

To see how well the observer performs in realistic scenarios, the observer was tested on
log data from the Grane field provided by StatoilHydro. The data consists of two pipe
connections. The input is shown in Figure 5.17(b) and the pressures are shown in Figure
5.17(a).

There where several unknown parameters B,, K., ps, Fy, Fy and M, that had to
be fitted. No influx was assumed and the effect of cuttings in the drill mud in the
annulus was neglected. Therefore the assumption 8, = B4 and p, = pg was made.
All pressures were measured in barg and the pressure downstream the choke p, was
assumed to be zero barg. Furthermore the orifice equation (2.13) was modified to:

qchoke = cgc(Zc)\/ Pc — Do (53)

Where the , /ﬁ% has been lumped into K. and the choke characteristic g.(z.) was fitted
to data and is shown in Figure 5.16.

0.8+

0.61

9,(z.)

0.4r

0.27

05 0 05 1 15

Figure 5.16: Choke characteristic

The remaining unknown parameters where found through the following relation-
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ships, using (2.39), (2.40), (2.41) and (5.3):

— ppss B pcss + (,Od - /Oa)ghbit

F > (5.4)
bit,,
Py _ hins
Fd = pbltss + pzpss IOdg bit (55)
Dpitys
i - C - Ma h i
Fa = Dbitss pzss Pa&Mbit (56)
qbit”
Kc = qbitss (5.7)

gC(ZCss)\/ pcss

Where *g; denotes steady state value. Note that there is no back pressure pump on
Grane. The model fit is shown in Figure 5.17(a) and the parameters for the well are
summarized in Table 5.8. Some issues arose during the model fitting procedure. First
there is an important unmodeled event that occurs before disconnecting the main pump.
As the pressure p, can be quite large at gp;; = 0 the remaining pressure is bled off
through a valve releasing excessive fluid back into the drill fluid tank. From Figure
5.17(a) we can see that p, does not go to zero as it should. This modeling error
should be dealt with as part of the future work and is ignored here. Furthermore a more
accurate choke characteristic g.(z.) is needed to get a good simulation of p.. Due
to these modeling errors the performance of the observer will be degraded, especially
during pipe connections. For all the tests the modified observer presented in Section
4.4.2 was used.
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Table 5.8: Parameter values Grane data

Parameter | Value Description

Va 51.1825 | Volume drill string (1°)

Ba 14000 Bulk modulus drill string (bar)
Ba 14000 Bulk modulus annulus (bar)

Pa 0.0120 Density annulus (107> x ’%

0d 0.0120 Density drill string (107 x %)
K, 0.0226 Choke valve constant

Po 0 Pressure outside system (barg)
Fy 0.1448 Friction factor drill string

F, 0.0184 Friction factor annulus

M, 1.7828 | (1078 x X&)

My 4.9782 (1078 x %)

Lan 4583 Total length drill string

284 145.1197 | Volume (m3) annulus at ¢ = 0
hg it 1825 Vertical depth (/m) of bitatz = 0
.. 4681 Length of well at 1 = 0

5.4.1 No Adaptation

First the observer was tested on the Grane data without adaption. The design variables
for the observer are summarized in Table 5.9. From Figure 5.18(a) we can see that both
Dbir and pp;,, are close to pp;, during steady state. As the pp;; measurement is lost
during pipe connection it is hard to evaluate how the observer performs. Considering
the modeling error mentioned in the previous section it is reasonable to assume that
the observer with feedback provides a better estimate during the pipe connection than
the simulation/open-loop. The highly oscillatory behavior of pp;; ., during the pipe
connection strengthens this argument as pp;; probably does not change much. Figure
5.18(b) is shown to illustrate that gp;; shows a smooth and reasonable behavior.



88

(@)

=

©
O

liter/min

CHAPTER 5. SIMULATIONS AND RESULTS

260

— Dbit
—— Dbitsim
250+
ll ) : / \ 'y
245+ I\ AN 1 M
‘|\ | . A \ I
\Y. l/ \ Y |(qu
240( y | ; |
235}
: | .
3|%00 1350 1400 1450
min
(@) ppits Pbity;,, and Dbit
2500
2000f n =
1500}
1000}
500t
O L .
— dbit
500 | | ~ ~ ~(qbit
71300 1350 1400 1450

min
(d) gpis,;,, and Gpi;
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Table 5.9: Design variables Grane simulation, no adaptation

Variable Description
l; =0.1 ¢bir €stimation gain
Lh=0 Pc estimation gain

Y1 = ¥2 = y3 = 0 | Adaptation gains
Gpir(0) = 2020 | Initial condition

min

/9\1(0) = 6, Initial condition
6,(0) =0 Initial condition
03(0) = 65 Initial condition

5.4.2 Adaptation of 6,

A second simulation was carried out to evaluate the performance of the observer in the
presence of an unknown friction parameter. The initial condition g;;(0) was chosen
unwisely. Table 5.10 summarizes the design variables. As the system considered is
stable, a copy of the system constitutes an observer. Therefore simply simulating the
low order model can actually give good results if all parameters are known. To illustrate
that this approach does not work well in the pressence of parameter uncertainties both
the low order model and the adaptive observer use an inital 6;(0) = %, which
corresponds to a 50% error in the initial estimate for F,. The adaptive observer estimates
6; which gives a much better estimate of pp;,, than the estimate pp;;,,, provided by
simply simulating the low order model with a wrong 6;. From Figure 5.19(a) it can
be seen that the open loop simulation pp;;;,, gives a steady state deviation due to the

error in the friction estimate. Figure 5.19(c) shows that /9\1 comes very close to 6, during
steady state which gives a much better estimate of pp;; than pp;;,;, . Note that the 6;
adaptation is turned off for gp;; < lSOOﬁ to prevent drifting. From Figure 5.19(c) it
can be seen that the 8 estimate drifts when the pipe connection procedure starts, this is
similar to what was seen in the WeMod simulations, see Figure 5.14(a). The reason for
the drift might be unmodeled dynamics and should be analyzed further as part of future
work on this subject.
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Table 5.10: Design variables Grane simulation, adaptation

Variable Description

/i =0.1 ¢bir estimation gain
l[hb=0 Pc estimation gain
yi = 1077 Adaptation gain, 0,
V2 =y3=0 Adaptation gains
bir (0) = 1000-L- | Initial condition
0,(0) = LatlsFa | [pigial condition
0,(0) = 0 Initial condition
05(0) = 65 Initial condition
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Chapter 6

Conclusion, Contributions and Future
work

6.1 Conclusion

1.

An adaptive observer that fulfills the main goals stated in Section 1.4 has been
developed in Chapter 4. The observer adapts to key unknown parameters and
estimates the bottomhole pressure.

. The observer design is based on rigid mathematical analysis and provides con-

ditions for stability and convergence of the estimated bottomhole pressure and
unknown parameters.

Simulation studies in Chapter 5 verifies the proved properties of the observer and
show that the observer handles common scenarios during drilling such as, changes
in choke valve opening, mud pump flow and drill string movements, very well.

. Due to model complexity rigid proofs were not derived for zero flow conditions.

As a starting point for future work a pragmatic solution during zero flow was
proposed in Section 4.4. The proposed method shows promising behavior during
during simulations.

6.2 Contributions

The main contributions to the drilling industry presented in this thesis is the adaptive
observer developed in Chapter 4.

e The observer estimates the bottomhole pressure during drilling and adapts to un-

known friction, density and bulk modulus.
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6.3

CHAPTER 6. CONCLUSION, CONTRIBUTIONS AND FUTURE WORK

The extensions compared to existing results is that the design is based on a low
order model and founded in rigid mathematical analysis which provide conditions
for stability and convergence. As the design is based on a low order model it is
simpler to implement and use compared to estimator designs based on distributed
parameter models.

Furthermore the results hold over a wide range of drilling operations. This has
been demonstrated through simulation of common drilling scenarios.

The results facilitate for future control design.

Future Work

Suggested future work is:

Derive conditions for stability and convergence for the observer at zero flow based
on the proposed approach in Section 4.4.

Incorporate manually operated valves into the existing model.
Remove the assumption of zero reservoir influx stated in Section 1.4.

Analyze behavior of existing observer scheme with gas in the annulus. If needed
extend the observer to two-phase flow, i.e. remove the fluid phase only assumption
in Section 1.4.

Include the pp;; measurement to achieve better performance.

Try to get more log data of the bottomhole pressure measurement during typical
drilling scenarios to test the observer.
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Appendix A
Appendix

A.1 Derivation of p,;,

Derivation of pp;; in equation (2.42) is based on (2.39) and (2.41):
Mqpir = pp — Pe — Falqvitlqvic — Falqbir + Gres|(qbit + qres) + (Pa — pa)8hbir
(A.1)
DPbit = Pe + Maqpir + Falqpit + Gres|(qpir + qres) + paghpir

Inserting the top equation into the bottom gives:

M qpir = Pp — Dc— Fd|q17it|Qbit - FalQbit + qresl(Qbit + Gres) + (Pa — /(_)a)ghbit

M, - -
Pbit = Dc T _a(pp — Pc— Fd|Qbit|Qbit - Fa|Qbit + Qres|(Qbit + Gres) + (Pa — pa)ghbit)

M
+ Fa|Qbit + qres|(Qbit + Gres) + ﬁaghbit

a

M, M,
Pp + (1 - ﬁa)Pc + (1 - ﬁa)FaMbit + Qres|(qbit + qres)

M
M, M, _ M, _
- ﬁaFdlqm't + Qresl(qbit + Gres) + (1 — ﬁa)paghbit + ﬁapdghbit
Ma Md Md Ma
= M DPp + ﬁpc + (ﬁFa - ﬁFd)lqm't + Qresl(qbit + Qres)
My _ M, _
5, + = hpi A2
+(M,0+M/0d)gbt (A.2)

A.2 Numerical Conditioning

The states in (2.37)- (2.39) have units of pressures and volume flow. The SI unit for
pressure is pascals (Pa) and for volume flow it is mT3, (White 1999). Standard operating
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conditions will for the pressures be in the order of 0 — 400bar = (0 — 40) x 10% Pa and
for the volume flow in the order of 0 — 6000# =0- 0.1%3. This will lead to a large
spread in parameter values and signal sizes, which will make the model numerically ill-
conditioned. Therefore the states should be normalized. An intuitive choice of units for
flow and pressure is é and bar. This conversion and the resulting signals and parameters
will now be found. The signals and parameters after the conversion will be denoted with

a bar.
G = 1000q,  py = 5)*5
First (2.37) can be used to find [5 P
10°V, . _ Gpump _ Gbir

B, 77~ 1000 ~ 1000
Using the unit bar for B, gives:

E L qlmmp Qbit

5,77~ 1000 ~ 1000

Similar for (2.38), using assumption 6:

10° Va - C?bit + q_back - q_chake y
Dec = —Va
Ba 1000
Va - ('?bit + Qback - QChake y
— Pec = - Va
Ba 1000
And for (2.39):
M . _ _ qbit|qbir] — =
——pit = 10°(pp — Pe) — (Fa + Fo)——— — Pa)8hi
000 2bit (Pp = Pe) = (Fa + Fa) = o + (pa — pa)ghtvis
Denoting p, = 1’%, gives:
Ma + M, - _ Ibit|qbi - -
o8 Jbit = Pp— Pe— (Fa + Fa)% + (Pd — Pa)ghbi
Denoting M = % and F = Fy+ F, = Fi’;ﬁfa gives:

MGpis = pp — pe — Fapit|Gvic| + (pa — pa)ghvis

For the measurement equation (2.41) a similar approach gives:

S= 105 = bt Gbitlqicl |~
10 DPbit = 10 De + Malooo + Fa 106 + /Oaghbit
_ i} Ibit Gbit|Gpitl . Pa

= pe + MaGvir + FaQpit|qpic| + paghpic

(A.3)

(A.4)

(A.5)

(A.6)

(A.7)
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To summarize, the converted equations are:
V. 7 7
—_dﬁp _ qdpump . qbit (A.8)
Ba 1000 1000
E];c _ qbit + (jback - (?choke _ Va (A9)
Ba 1000
M Gpic = Pp — Pe — Fipie|dsic| + (Pa — pa)ghsis (A.10)
Poit = Pe + MaGbic + Fapie|Gic| + paghbic (A.11)
Where the Table A.1 summarizes the conversions
Table A.1: Converted units
Old Signal/parameter | Old Unit | Conversion Factor | New Signal/parameter | New Unit
pp,pc, pbit Pa # ppaﬁc, pbit Bar
m3 3 =~ liter
Ba, Ba Pa # Ba, Ba Bar
Md’ Ma % # ]_Wd’ Ma —10];%114
Fd’ Fa - 10% Fd’ Fa -
5. 5 ke 1 >, 5 _kg
Pd> Pa 3 105 Pd> Pa 10°m3

A.3 Lipschitz Properties and Equilibrium Points

In this section equilibrium points and Lipschitz properties for the error system described
by (4.15) and (4.17) are analyzed. First the following assumptions are made.

Assumption 11. ¢p;,(¢) is continuous and 0 < gp;;(t) < ¢ < 00

Assumption 12. v3(¢) is continuous and 0 < v3(¢) < ¢ < 00

& = —hai& — 01(19bid\qpic — GbiclGoic) + 07 ¢
é = —F¢§1

- 0,
-]

:| and the regressor as ¢ (qpis, V3) = |:

—Qbit|qbir
U3 '

(A.12)
(A.13)
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Rewriting (A.12)-(A.13) by using the relationship Gbi; = Gsic — doic = bir — &1
& = —haE — 6, [|Qbir(l)|%n(f) — Iqbie (1) — &1 1(qbic () — 51)] (A.14)
— |81 (1) = &1l (gpis (1) = §1)61 + v3(1)62
61 = y1lasis (0) — El(qpic (1) — ED)E, (A.15)
By = —yav3()E, (A.16)

Where ¢, (¢) and v3(¢) are the external time-varying signals.

A.3.1 Equilibrium Points
The equilibrium points of (A.14) - (A.16) are given by setting the left hand side to zero:
0= —llaléfq -0, [|Qbit(l)|%it(t) — |qpir (1) — éfq|(%it(f) - gleq):| (A.17)
—lqpie (1) = &7 (qbir (1) — )07 + 0367

0 = y1lgsie(r) — 1(qsir (1) — §1)E} (A.18)

0 = —y2v3(1)E7 (A.19)
Equation (A.19) and assumption 12 gives:

£ = () (A.20)

Inserting this into (A.17) gives:
0 = =61 [Igsie ()|qbis (1) — qbic (D1 gie (O] = 1g5ie ()| (g1 (0))0F + v3(1)657
= ~Igsie(Dlqpie (O + v3 (105
610 (1) b (1) 67
v3 (1)

From (A.20) and (A.21) it is obvious that §1 = él = 52 = 0 is an equilibrium
(although not unique) for the error system (A.14) -(A.16).

= é;q = (A.21)

A.3.2 Lipschitz

In this section local Lipschitz properties for the system (A.14) -(A.16) will be proved.
Lemma 3.2 in (Khalil 2002) will be used. Denoting, see (A.14) -(A.16):

gl = f1(5,51,3§2,t) (A.22)
0, = fr(E.1) (A.23)
0, = f2E.1) (A.24)
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f+ 1s continuous. Using the relationship:

z ~ 8(gpis (=€) g

3| gpie (1) — E1l(gpie (1) —&1) _ - taél = qi(1) 2 6
P - (1) —E1)2 ~

981 ——8(%”;3 S5 g (t) < &

2qpir(1) = &) qoie(t) < &
= —2|gpi (1) — &1 (A.25)
The Jacobian for (A.22)-(A.24) can be calculated to be:

_ { —2(qie(t) —&1) quis(t) = &

d - . .

% = —lay —201|qpi: (t) — &1| + 2|qpic(t) — 1164 (A.26)
1

= —Lay + 2|qpic (t) — & 1(6; — 6y) (A.27)

B - -

% e (Ghie(0) — Bl (0) — | (A28)
1

3

o _ A29

%, v3(?) ( )

P N - -

8_]; = =2y11qbit (1) — &11&1 + Y1(qpir (1) — &1)|gpir () — &1 (A.30)
1

0

a—g = —)2U3 (A.31)

The Jacobian is continuous as both g;,(¢) and v3(¢) is continuous from assumptions 11
and 12. Hence f; is locally Lipschitz in (&1, 61, 65). As gpi:(¢) and v3(¢) are bounded
from the same assumptions, the Lipschitz property holds uniformly in 7.

A.4 LaSalle-Yoshizawa

The following theorem is used to establish stability and uniform boundedness in the
adaptive observer design. It can be found in (Krsti¢, Kanellakopoulos & Kokotovi¢
1995).

Theorem 1. (LaSalle-Yoshizawa) Let x = 0 be an equilibrium point of x = f(x,t)
and suppose f is locally Lipschitz in x uniformly int. Let V : R" xRy — R4 be a
continuously differentiable function such that

r(x]) = V(x.1) < ya(|x)) (A.32)

LW ey < —W) <0 (A33)
ot ox
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YVt > 0, Vx € R",where y, and y, are class K, functions and W is a continuous
function. Then, all solutions of X = f(x,t) are globally uniformly bounded and satisfy.

lim W(x(t)) =0 (A.34)
t—>00
In addition, if W(x) is positive definite, then the equilibrium x = 0 is globally
uniformly asymptotically stable.

For a definition of class K, functions see, (Khalil 2002).

A.5 Barbalat

The following theorem is used to establish convergence properties for parameter esti-
mates, it can be found in (Ioannou & Sun 1996).

Lemma 2. (Barbdlat) If lim,_, o, fot f(r)dt exists and is finite, and f(t) is a uniformly
continuous function, then lim;_.», f(t) = 0.

For a definition of uniformly continuous functions see (Ioannou & Sun 1996).



